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In memory of A. Ehrhard

The Gaussian isoperimetric inequality, and its related concentration phenomenon,
is one of the most important properties of Gaussian measures. These notes aim to
present, in a concise and selfcontained form, the fundamental results on Gaussian
processes and measures based on the isoperimetric tool. In particular, our expo-
sition will include, from this modern point of view, some of the by now classical
aspects such as integrability and tail behavior of Gaussian seminorms, large devi-
ations or regularity of Gaussian sample paths. We will also concentrate on some
of the more recent aspects of the theory which deal with small ball probabilities.
Actually, the Gaussian concentration inequality will be the opportunity to develop
some functional analytic ideas around the concentration of measure phenomenon.
In particular, we will see how simple semigroup tools and the geometry of abstract
Markov generator may be used to study concentration and isoperimetric inequalities.
We investigate in this context some of the deep connections between isoperimetric
inequalities and functional inequalities of Sobolev type. We also survey recent work
on concentration inequalities in product spaces. Actually, although the main theme
is Gaussian isoperimetry and analysis, many ideas and results have a much broader
range of applications. We will try to indicate some of the related fields of interest.
The Gaussian isoperimetric and concentration inequalities were developed most
vigorously in the study of the functional analytic aspects of probability theory (prob-
ability in Banach spaces and its relation to geometry and the local theory of Banach
spaces) through the contributions of A. Badrikian, C. Borell, S. Chevet, A. Ehrhard,
X. Fernique, H. J. Landau and L. A. Shepp, B. Maurey, V. D. Milman, G. Pisier,
V. N. Sudakov and B. S. Tsirel’son, M. Talagrand among others. In particular, the
new proof by V. D. Milman of Dvoretzky’s theorem on spherical sections of convex
bodies started the development of the concentration ideas and of their applications
in geometry and probability in Banach spaces. Actually, most of the tools and in-
spiration come from analysis rather than probability. From this analytical point of
view, emphasis is put on inequalities in finite dimension as well as on the fundamen-
tal Gaussian measurable structure consisting of the product measure on R™ when
each coordinate is endowed with the standard Gaussian measure. It is no surprise
therefore that most of the results, developed in the seventies and eighties, often do
not seem familiar to true probabilists, and even analysts on Wiener spaces. The aim
of this course is to try to advertise these powerful and useful ideas to the probability
community although all the results presented here are known and already appeared



elsewhere. In particular, M. Talagrand’s ideas and contributions, that strongly in-
fluenced the author’s comprehension of the subject, take an important part in this
exposition.

After a short introduction on isoperimetry, where we present the classical
isoperimetric inequality, the isoperimetric inequality on spheres and the Gaussian
isoperimetric inequality, our first task, in Chapter 2, will be to develop the concen-
tration of measure phenomenon from a functional analytic point of view based on
semigroup theory. In particular we show how the Gaussian concentration inequality
may easily be obtained from the commutation property of the Ornstein-Uhlenbeck
semigroup. In the last chapter, we further investigate the deep connections between
isoperimetric and functional inequalities (Sobolev inequalities, hypercontractivity,
heat kernel estimates...). We follow in this matter the ideas of N. Varopoulos in his
functional approach to isoperimetric inequalities and heat kernel bounds on groups
and manifolds. In Chapter 3, we will survey the remarkable recent isoperimetric
and concentration inequalities for product measures of M. Talagrand. This section
aims to demonstrate the power of abstract concentration arguments and induction
techniques in this setting. These deep ideas appear of potential use in a number
of problems in probability and applied probability. In Chapter 4, we present, from
the concentration viewpoint, the classical integrability properties and tail behaviors
of norms of Gaussian measures or random vectors as well as their large deviations.
We also show how the isoperimetric and concentration ideas allow a nontopological
approach to large deviations of Gaussian measures. The next chapter deals with the
corresponding questions for Wiener chaos as remarkably investigated by C. Borell in
the late seventies and early eighties. In Chapter 6, we provide a complete treatment
of regularity of Gaussian processes based on the results of R. M. Dudley, X. Fernique,
V. N. Sudakov and M. Talagrand. In particular, we present the recent short proof
of M. Talagrand, based on concentration, of the necessity of the majorizing measure
condition for bounded or continuous Gaussian processes. Chapter 7 is devoted to
some of the recent aspects of the study of Gaussian measures, namely small ball
probabilities. We also investigate in this chapter some correlation and conditional
inequalities for norms of Gaussian measures (which have been applied recently to
the support of a diffusion theorem and the Freidlin-Wentzell large deviation princi-
ple for stronger topologies on Wiener space). Finally, and as announced, we come
back in Chapter 8 to a semigroup approach of the Gaussian isoperimetric inequality
based on hypercontractivity. Most chapters are completed with short notes for fur-
ther reading. We also tried to appropriately complete the list of references although
we did not put emphasis on historical details and comments.

I sincerely thank the organizers of the Ecole d’Eté de St-Flour for their invita-
tion to present this course. My warmest thanks to Ph. Barbe, M. Capitaine, M. A.
Lifshits and W. Stolz for a careful reading of the early version of these notes and to
C. Borell and S. Kwapien for several helful comments and indications. Many thanks
to P. Baldi, S. Chevet, Ch. Léonard, A. Millet and J. Wellner for their comments, re-
marks and corrections during the school and to all the participants for their interest
in this course.

St-Flour, Toulouse 1994 Michel Ledoux



1. SOME ISOPERIMETRIC INEQUALITIES

In this first chapter, we present the basic isoperimetric inequalities which form the
geometric background of this study. Although we will not directly be concerned
with true isoperimetric problems and description of extremal sets later on, these
inequalities are at the basis of the concentration inequalities of the next chapter
on which most results of these notes will be based. We introduce the isoperimetric
ideas with the classical isoperimetric inequality on IR™ but the main result will
actually be the isoperimetric property on spheres and its limit version, the Gaussian
isoperimetric inequality. More on isoperimetry may be found e.g. in the book [B-Z]
as well as in the survey paper [Os] and the references therein.

The classical isoperimetric inequality in IR™ (see e.g. [B-Z], [Ha], [Os]...), which
at least in dimension 2 and for convex sets may be considered as one of the oldest
mathematical statements (cf. [Os]), asserts that among all compact sets A in IR"
with smooth boundary dA and with fixed volume, Euclidean balls are the ones with
the minimal surface measure. In other words, whenever vol, (A) = vol,, (B) where B
is a ball (and n > 1),

(1.1) vol,_1(8A) > vol,_1 (9B).

There is an equivalent, although less familiar, formulation of this result in terms
of isoperimetric neighborhoods or enlargements which in particular avoids surface
measures and boundary considerations; namely, if A,. denotes the (closed) Euclidean
neighborhood of A of order » > 0, and if B is as before a ball with the same volume
as A, then, for every r > 0,

(1.2) vol,, (A,) > vol,(By).

Note that A, is simply the Minkowski sum A + B(0,r) of A and of the (closed)
Euclidean ball B(0,r) with center the origin and radius r. The equivalence between
(1.1) and (1.2) follows from the Minkowski content formula

vol,—1(0A) = lim inf1 [Voln (A,) — V01n<A)}

r—0 7



(whenever the boundary 0A of A is regular enough). Actually, if we take the latter
as the definition of vol,,_1(0A), it is not too difficult to see that (1.1) and (1.2) are
equivalent for every Borel set A (see Chapter 8 for a related result). The simplest
proof of this isoperimetric inequality goes through the Brunn-Minkowski inequality
which states that if A and B are two compact sets in IR", then

(1.3) vol, (A + B)Y™ > vol,, (A)™ + vol,,(B)*/™.

To deduce the isoperimetric inequality (1.2) from the Brunn-Minkowski inequality
(1.3), let 79 > 0 be such that vol,,(A) = vol,,(B(0,7¢)). Then, by (1.3),

voln (A,)/™ = vol, (A + B(0,r)) "™ > vol,,(4)*/" + vol,, (B(0,r)) /"
vol, (B(0, 7)) """ + vol,, (B(0,r)) /"
= (ro + r)vol, (B(0,1)) "
= vol,, (B(0,70 + 1)) "™ = vol,, (B(0,70),)

1/n

As an illustration of the methods, let us briefly sketch the proof of the Brunn-
Minkowski inequality (1.3) following [Mi-S] (for an alternate simple proof, see [Pi3]).
By a simple approximation procedure, we may assume that each of A and B is a
union of finitely many disjoint sets, each of which is a product of intervals with
edges parallel to the coordinate axes. The proof is by induction on the total number
p of these rectangular boxes in A and B. If p = 2, that is if A and B are products
of intervals with sides of length (a;),;.,, and (b;);,,, respectively, then

1, A 1/n 1 l/n n n b; 1/n
VO ( ) —+ vo H +H
vol, (A + B) 1/” al—i—bZ , a; + b;

=1
; _gaﬁ—b

SIP—‘

where we have used the inequality between geometric and arithmetic means. Now,
assume that A and B consist of a total of p > 2 products of intervals and that (1.3)
holds for all sets A’ and B’ which are composed of a total of at most p—1 rectangular
boxes. We may and do assume that the number of rectangular boxes in A is at least
2. Parallel shifts of A and B do not change the volume of A, B or A 4+ B. Take
then a shift of A with the property that one of the coordinate hyperplanes divides
A in such a way that there is at least one rectangular box in A on each side of this
hyperplane. Therefore A is the union of A" and A” where A’ and A” are disjoint
unions of a number of rectangular boxes strictly smaller than the number in A. Now

shift B parallel to the coordinate axes in such a manner that the same hyperplane
divides B into B’ and B” with

vol, (B’) _ vol,(A’)
vol,(B) — vol,(4)




Each of B’ and B” has at most the same number of products of intervals as B has.
Now, by the induction hypothesis,

vol,, (A + B)
> vol, (A" + B") + vol, (A" + B")
> [vol, (A")™ + vol,(B")*/"]"
= A[vol, (A)Y™ + vol,(B)*/"]"
= [vol,,(A)'/™ + vol,,(B)*/"]"

[VOln(AH)l/n —|—V01n(BN)1/n]n
(1 — X)[vol, (4)Y™ + vol,,(B)*/™]"

+
+
which is the result. Note that, by concavity, (1.3) implies (is actually equivalent to
the fact) that, for every A in [0, 1],

vol, (A + (1 = X\)B) > [Avol, (A)Y" + (1 — A)vol,,(B)Y/™]" > vol, (A)*vol, (B)' .

In the probabilistic applications, it is the isoperimetric inequality on spheres,
rather than the classical isoperimetric inequality, which is of fundamental impor-
tance. The use of the isoperimetric inequality on spheres in analysis and probability
goes back to the new proof, by V. D. Milman [Mil], [Mi3], of the famous Dvoretzky
theorem on spherical sections of convex bodies [Dv]. Since then, it has been used
extensively in the local theory of Banach spaces (see [F-L-M], [Mi-S], [Pi3]...) and in
probability theory via its Gaussian version (see below). The purpose of this course
is actually to present a complete account on the Gaussian isoperimetric inequality
and its probabilistic applications. For the applications to Banach space theory, we
refer to [Mi-S], [Pil], [Pi3].

Very much as (1.1), the isoperimetric inequality on spheres expresses that
among all subsets with fixed volume on a sphere, geodesic balls (caps) achieve
the minimal surface measure. This inequality has been established independently
by E. Schmidt [Sch] and P. Lévy [Lé] in the late forties (but apparently for sets
with smooth boundaries). Schmidt’s proof is based on the classical isoperimetric
rearrangement or symmetrization techniques due to J. Steiner (see [F-L-M] for a
complete proof along these lines, perhaps the first in this generality). A nice two-
point symmetrization technique may also be used (see [Be2]). Lévy’s argument,
which applies to more general types of surfaces, uses the modern tools of minimal
hypersurfaces and integral currents. His proof has been generalized to Riemannian
manifolds with positive Ricci curvature by M. Gromov [Gro], [Mi-S], [G-H-L]. Let
M be a compact connected Riemannian manifold of dimension N (> 2), and let
d be its Riemannian metric and p its normalized Riemannian measure. Denote by
R(M) the infimum of the Ricci tensor Ric (+,-) of M over all unit tangent vectors.
Recall that if S) is the sphere of radius p > 0 in RN, R(SY) = (N —=1)/p® (see
[G-H-L]). We denote below by ¢ the normalized rotation invariant measure on S}
If A is a subset of M, we let as before A, = {z € M;d(x,A) <r}, r>0.

Theorem 1.1. Assume that R(M) = R > 0 and let S)Y be the manifold of constant
curvature equal to R (i.e. p is such that R(S)Y) = (N —1)/p* = R). Let A be



measurable in M and let B be a geodesic ball, or cap, of S such that ji(A) > oY (B).
Then, for every r > 0,

(1.4) u(Ar) > o (B,).

Theorem 1.1 of course applies to the sphere S/])V itself. Equality in (1.4) occurs
only if M is a sphere and A a cap on this sphere. Notice furthermore that Theo-
rem 1.1 applied to sets the diameter of which tends to zero contains the classical
isoperimetric inequality in Euclidean space. We refer to [Gro|, [Mi-S] or [G-H-L] for
the proof of Theorem 1.1.

Theorem 1.1 is of particular interest in probability theory via its limit version
which gives rise to the Gaussian isoperimetric inequality, our tool of fundamental
importance in this course. The Gaussian isoperimetric inequality may indeed be
considered as the limit of the isoperimetric inequality on the spheres S[J)V when the
dimension N and the radius p both tend to infinity in the geometric (R(S[J,V ) =
(N —1)/p?) and probabilistic ratio p> = N. It has indeed been known for some

time that the measures JZ\VF on S \Nﬁ, projected on a fixed subspace IR", converge

when N goes to infinity to the canonical Gaussian measure on IR"™. To be more
precise, denote by IIn11.,, N > n, the projection from RN onto IR™. Let Yn be
the canonical Gaussian measure on IR™ with density ¢, (z) = (27)~"/? exp(—|z|?/2)
with respect to Lebesgue measure (where |z| is the Euclidean norm of z € IR"™).

Lemma 1.2. For every Borel set A in R",

hm (7\/—(1_[]\[1Jrl L(A)N S%) =Y (A).

Lemma 1.2 is commonly known as Poincaré’s lemma [MK] although it does
not seem to be due to H. Poincaré (cf. [D-F]). The convergence is better than only
weak convergence of the sequence of measures II N+17n(0']\>ﬁ) to v,. Simple analytic

or probabilistic proofs of Lemma 1.2 may be found in the literature ([Ehl], [Gal],
[Fe5], [D-F]...). The following elegant proof was kindly communicated to us by J.
Rosinski.

Proof. Let (gl-)l>1 be a sequence of independent standard normal random variables.

For every integer N > 1, set RN =gl +--+g%. Now, (VN/Rni1)-(91,...,9n+1)
is equal in distribution to aﬁ, and thus (\/_/RN+1) (91,---,9n) is equal in
distribution to HN+1,n(U%) (N > n). Since R%/N — 1 almost surely by the
strong law of large numbers, we already get the weak convergence result. Lemma
1.2 is however stronger since convergence is claimed for every Borel set. In order
to get the full conclusion, notice that RZ, R%,, — R and (g1,...,9n)/Rn are
independent. Therefore R2/R% ., is independent of (g1,...,9,)/Rn and has beta
distribution § with parameters n/2, (N +1 —n)/2. Now,

VN

\/>(HN£'-1 n(A) m‘syﬁ) = ]P{m (glvvgn) € A}

~o{(v ) s € 4)
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Therefore,

f(H&—i—ln( )ﬂSf

= B(%, M=) / /IA (VNtz)t2 1 (1 —)" 2 Lot (z)dt
Sn 1

N41— -1 u?\ el -1
:B(% 2 n Nn/Q /;m 1/ (1— N) d0'1 (x)du

by the change of variables u = v/ Nt. Letting N — oo, the last integral converges by
the dominated convergence theorem to

u/2 n—1
2”/2Fn/2 /S" 1/ Iy(uz)u dol™ " (z)du

which is precisely 7, (A) in polar coordinates. The proof of Lemma 1.2 is thus com-
plete. This proof is easily modified to actually yield uniform convergence of densities
on compacts sets ([Eh1], [Gal], [Fe5]) and in the variation metric [D-F]. O

As we have seen, caps are the extremal sets of the isoperimetric problem on
spheres. Now, a cap may be regarded as the intersection of a sphere and a half-space,
and, by Poincaré’s limit, caps will thus converge to half-spaces. There are therefore
strong indications that half-spaces will be the extremal sets of the isoperimetric
problem for Gaussian measures. A half-space H in IR" is defined as

H={zeR";(z,u) <a}

for some real number a and some unit vector u in IR". The isoperimetric inequality
for the canonical Gaussian measure =, in IR may then be stated as follows. If A is
a set in IR", A, denotes below its Euclidean neighborhood of order r > 0.

Theorem 1.3. Let A be a Borel set in R" and let H be a half-space such that
Yn(A) > v, (H). Then, for every r > 0,

n(Ar) 2 Yn(Hr).

Since 7, is both rotation invariant and a product measure, the measure of a
half-space is actually computed in dimension one. Denote by ® the distribution
function of ~1, that is

t
d
O(t) = / e /2 \/—290_77’ t € R.

Then, if H = {x € R";(z,u) < a}, vn(H) = ®(a), and Theorem 1.3 expresses
equivalently that when ,,(A) > ®(a), then

(1.5) m(Ar) > ®(a+r)
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for every r > 0. In other words, if ®~! is the inverse function of ®, for every Borel
set A in IR"™ and every r > 0,

(1.6) O (v (A4r)) > @7 (7 (A)) + 1

The Gaussian isoperimetric inequality is thus essentially dimension free, a charac-
teristic feature of the Gaussian setting.

Proof of Theorem 1.3. We prove (1.5) and use the isoperimetric inequality on spheres
(Theorem 1.1) and Lemma 1.2. We may assume that a = ®~1(v,(A4)) > —oo. Let
then b € (—o0,a). Since v,(A) > ®(b) = v1((—0o0,b]), by Lemma 1.2, for every N
(> n) large enough,

(1.7) U%(Hﬁ{kl,n(A) N S%) > J%(H&lﬂ’l(] —00,b]) N S%)

It is easy to see that H;]Erl’n(Ar) N S% D (H;,lJan(A) N S%)r where the neigh-
borhood of order r on the right hand side is understood with respect to the geodesic
distance on S’yﬁ. Since HZ_\,lJrl’l((—oo,b]) N S% is a cap on S%, by (1.7) and the
isoperimetric inequality on spheres (Theorem 1.1),

oV (T ) (A) NSV = oV (T (A) N SY5),)
> o (MY (oo, 0 N ST5) )

Now, (H;,lJrl’l((—oo,b]) n sy

\/N)r - Hz_vl+1,1((—00ab +r(N)]) N S% where (for N

large)

r(N) = \/Ncos[arccos(b/\/ﬁ) - r/\/ﬁ] —b.

Since limr(N) = r, by Lemma 1.2 again, v, (4,) > ®(b+7). Since b < a is arbitrary,
the conclusion follows. O

Theorem 1.3 is due independently to C. Borell [Bo2] and to V. N. Sudakov
and B. S. Tsirel’son [S-T| with the same proof based on the isoperimetric inequality
on spheres and Poincaré’s limit. A. Ehrhard [Eh2| (see also [Eh3], [Eh5]) gave a
different proof using an intrinsic Gaussian symmetrization procedure similar to the
Steiner symmetrization used by E. Schmidt in his proof of Theorem 1.1. In any case,
Ehrhard’s proof or the proof of isoperimetry on spheres are rather delicate, as it is
usually the case with isoperimetric inequalities and the description of their extremal
sets.

With this same Gaussian symmetrization tool, A. Ehrhard [Eh2] established
furthermore a Brunn-Minkowski type inequality for +,,, however only for convex
sets. More precisely, he showed that whenever A and B are convex sets in IR", for
every \ € [0, 1],

(1.8) O (1 (AA+ (1= N)B)) =A@ (1,(4)) + (1 = N)@ ' (7(B)).

It might be worthwhile noting that if we apply this inequality to B the Euclidean
ball with center the origin and radius r/(1 — A) and let A\ tend to one, we recover
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inequality (1.6) (for A convex). However, it is still an open problem to know whether
(1.8) holds true for every Borel sets A and B and not only convex sets*. It would
improve upon the more classical logconcavity of Gaussian measures (cf. [Bol]) that
states that, for every Borel sets A and B, and every A € [0, 1],

(1.9) V(A + (1= N)B) > 7, (A) v, (B) .

As another inequality of interest, let us note that if A is a Borel set with
n(A) = ®(a), and if h € R",

(1.10) (A +h) < ®(a+]|h).

By rotational invariance, we may assume that h = rej, r = |h|, where e; is the first
unit vector on IR", changing A into some new set A’ with v, (A4) = v,(A") = ®(a).
Then, by the translation formula for ~,,,

er2/27n(A' +h)= / e " dry, (x)

< / e "y () + ey (A N {zq > a}).
A'n{z1<a}

Since v, (A’ N {x1 > a}) = 1 ((A")° N {z1 < a}) where (A")° is the complement of
Al

er2/2’)/n(A/ +h) S/ e—rmld,yn(x) _l_e—ra,)/n((A/)c N {xl < CL})

A'n{z1<a}

< / e " dryy (z)
{z1<a}

= er2/2’yn(:c; r1<a+r)= e”’2/2®(a + 7).

The claim (1.10) follows.

Notes for further reading. In addition to the preceding open problem, the following

conjecture is still open. Is it true that for every symmetric closed convex set A in
R",

(1.11) n(AA) > 7, (\S)

for each A > 1, where S is a symmetric strip such that 7, (A) = 7,(S)? This con-
jecture has been known since an unpublished preprint by L. Shepp on the existence
of strong exponential moments of Gaussian measures (cf. Chapter 4 and [L-S]). Re-
cent work of S. Kwapien and J. Sawa [K-S] shows that the conjecture is true under
the additional assumption that A is sufficiently symmetric (A is an ellipsoid for
example). Examples of isoperimetric processes in probability theory are presented
in [Boll].

During the school, R. Latala [La] proved that (1.8) holds when only one of the two sets A
and B is convex. Thus, due to the preceding comment, the Brunn-Minkowski principle generalizes

to the Gaussian setting.
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2. THE CONCENTRATION OF MEASURE PHENOMENON

In this section, we present the concentration of measure phenomenon which was
most vigourously put forward by V. D. Milman in the local theory of Banach spaces
(cf. [Mi2], [Mi3], [Mi-S]). Isoperimetry is concerned with infinitesimal neighborhoods
and surface areas and with extremal sets. The concentration of measure phenomenon
rather concerns the behavior of “large” isoperimetric neighborhoods. Although of
basic isoperimetric inspiration, the concentration of measure phenomenon is a milder
property that may be shown, as we will see, to be satisfied in a large number of
settings, sometimes rather far from the geometrical frame of isoperimetry. It roughly
states that if a set A C X has measure at least one half, “most” of the points in
X are “close” to A. The main task is to make precise the meaning of the words
“most” and “close” in the examples of interest. Moreover, new tools may be used
to establish concentration inequalities. In particular, we will present in this chapter
simple semigroup and probabilistic proofs of both the concentration inequalities on
spheres and in Gauss space. In chapter 8, we further develop the functional approach
and try to reach with these tools the full isoperimetric statements.

As we mentioned it at the end of the preceding chapter, isoperimetric inequali-
ties and description of their extremal sets are often rather delicate, if not unknown.
However, in almost all the applications presented here, the Gaussian isoperimetric
inequality is only used in the form of the corresponding concentration inequality.
Since the latter will be established here in an elementary way, it can be freely used
in the applications.

In the setting of Theorem 1.1, if A is a set on M with sufficiently large measure,
for example if pu(A) > %, then, by the explicit expression of the measure of a cap,
we get that, for every r > 0

(2.1) p(Ar) > 1 —exp (—R ;),

that is a Gaussian bound, only depending on R, on the complement of the neigh-
borhood of order r of A, uniformly in those A’s such that y(A) > 1. More precisely,

if u(A) > %, for “most” x’s in M, there exists y in A within distance 1/v/R of z. Of
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course, the ratio 1/ V'R is in general much smaller than the diameter of the manifold
(see below the example of S¥). Equivalently, let f be a Lipschitz map on M and
let m be a median of f for p (i.e. pu(f > m) > 3 and p(f < m) > 1). If we apply
(2.1) to the set A = {f < m}, it easily follows that, for every r > 0,

Rr?
> X — .
s 2 m ) < e 2Hfuiip)

Together with the corresponding inequality for A = {f > m}, for every r > 0,

Rr?
(2.2) p(lf —=ml>r) < QGXP(—m)

Thus, f is concentrated around some mean value with a large probability depending
on some exponential of the ratio R/| inip. This property has taken the name of
concentration of measure phenomenon (cf. [G-M], [Mi-S]).

The preceding bounds are of particular interest for families of probability mea-

sures such as for example the measures o on the unit spheres S as N tends to

infinity for which (2.2) becomes (since R(S{) = N — 1),

(N — 1)7"2)
20\ flty /-

Think thus of the dimension N to be large. Of course, if || f||;;, <1, for every z,y

(1 —m| > 1) < zexp(—

in SV, |f(z) — f(y)| < 7. But the preceding concentration inequality tells us that,
already for r of the order of 1/v/N, |f(z) — m| < r on a large set (in the sense
of the measure) of z’s. It is then from the interplay, in this inequality, between
N large, r of the order of 1/4/N and the respective values of m and || f I1ip for f
the gauge of a convex body that V. D. Milman draws the information in order to
choose at random the Euclidean sections of the convex body and to prove in this
way Dvoretzky’s theorem (see [Mil], [Mi3], [Mi-S]).

Another (this time noncompact) concentration example is of course the Gaus-
sian measure v, on IR™ (the canonical Gaussian measure on IR" with density with
respect to Lebesgue measure (27)~"2exp(—|z|?/2)). If 7,(A) > L, we may take
a =0 in (1.5) and thus, for every r > 0,

(2.3) (A > B(r) > 1 — %e_’"z/Q.

Let f be a Lipschitz function on IR™ with Lipschitz (semi-) norm

[f(z) = f(y)l
[l =sup —————+
” HLp ety |x—y[
(where | - | is the Euclidean norm on IR"™) and let m be a median of f for ~,. As

efore, it follows from (2.3) that for every r > 0,

20l = ml= ) 20000/ l)) < o5 )
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Thus, for r of the order of ||f||Lip, |f —m| < r on “most” of the space. The word
“most” is described here by a Gaussian bound.

Isoperimetric and concentration inequalities involve both a measure and a met-
ric structure (to define the isoperimetric neighborhoods or enlargements). On an
abstract (Polish) metric space (X, d) equipped with a probability measure u, or a
family of probability measures, the concentration of measure phenomenon may be
described via the concentration function

a(r) = a((X, d; u);r) = Sup{l —p(A); AC X, u(A) > %}, r > 0.

It is a remarkable property that this concentration function may be controlled in a
rather large number of cases, and very often by a Gaussian decay as above. Isoperi-
metric tools are one of the most important and powerful arguments used to establish
concentration inequalities. However, since we are concerned here with enlargements
A, for (relatively) large values of r rather than infinitesimal values, the study of
the concentration phenomenon can be quite different from the study of isoperimet-
ric inequalities, both in establishing new concentration inequalities and in applying
them. Indeed, the framework of concentration inequalities is less restrictive than the
isoperimetric setting as we will see for example in the next chapter, due mainly to
the fact that we are not looking here for the extremal sets.

New tools to establish concentration inequalities were thus developed. For exam-
ple, M. Gromov and V. D. Milman [G-M] showed that if X is a compact Riemannian
manifold, for every r > 0,

a(r) < Cexp (—C\/)\_lr)
3

(with C = 3 and ¢ = log(2)) where \; is the first nontrivial eigenvalue of the
Laplacian on X (see also [A-M-S] for a similar result in an abstract setting). In case
R(X) > 0, this is however weaker than (2.1). They also developed in this paper [G-
M] several topological applications of concentration such as fixed point theorems. On
the probabilistic side, some martingale inequalities put forward by B. Maurey [Mal]
have been used in the local theory of Banach spaces in extensions of Dvoretzky’s
theorem (cf. [Ma2], [Mi-S], [Pil]). The main idea consists in writing, for a well-
behaved function f, the difference f — IE(f) as a sum of martingale differences
d; = E(f|Fi) — E(f|Fi—1) where (F;), is some (finite) filtration. The classical
arguments on sums of independent random variables then show in the same way
that if >, [|d;||%, < 1, for every r > 0,

(2.5) P{|f —E(f)| > r} <2077/

([Azu], [Mal]). As a corollary, one can deduce from this result the concentration of
Haar measure p on {0, 1}" equipped with the Hamming metric as

r

ot < con( - 22)

for some numerical constant C' > 0. This property may be established from the
corresponding isoperimetric inequality ([Har], [W-W]), but V. D. Milman et G.
Schechtman [Mi-S] deduce it from inequality (2.5) (see Chapter 3).
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Our first aim here will be to give a simple proof of the concentration inequality
(2.4). The proof is based on the Hermite or Ornstein-Uhlenbeck semigroup (#;),~
defined, for every well-behaved function f on IR", by (Mehler’s formula) a

P f(x) = / f(e*tac +(1— e’Qt)l/Qy) dyn(y), ze€R", t>0,
and more precisely on its commutation property
(26) VPtf = e_tPt(Vf).

The generator L of (P;), is given by Lf(z) = Af(x) — (x,Vf(x)), f smooth
enough on IR", and we have the integration by parts formula

[ feLown = [wr.va,

for all smooth functions f and g on IR".

Proposition 2.1. Let f be a Lipschitz function on R" with [|f[|;, < 1 and
[ fdvyn = 0. Then, for every real number \,

(2.7) /eAfdfyn <eM/2)

Before turning to the proof of this proposition, let us briefly indicate how to
deduce a concentration inequality from (2.7). Let f be any Lipschitz function on
IR™. As a consequence of (2.7), for every real number A,

[ e = ) < o3I ).

By Chebyshev’s inequality, for every A and r > 0,

Yo (f > [fdyn +71) < exp (—)\T’ + %)\ZHinip)

and, optimizing in A,

2
(2.8) ’yn(fofd'yn—i—r)Sexp(— r2 )
2|[ flLip

Applying (2.8) to both f and —f, we get a concentration inequality similar to (2.4)
(around the mean rather than the median)

7“2
(29) n((f = [ fd] = 7) < 2exp(—2” inip).
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Two parameters are thus entering those concentration inequalities, the median or
the mean of a function f with respect to =, and its Lipschitz norm. These can
be very different. For example, if f is the Euclidean norm on IR", the median or
the mean of f are of the order of \/n while || f|[;;, = 1. This is one of the main
features of these inequalities (cf. [L-T2]) and is at the basis of the Gaussian proofs
of Dvoretzky’s theorem (see [Pil], [Pi3]).

Proof of Proposition 2.1. Let f be smooth enough on IR" with mean zero and
[fllp < 1. For X fixed, set G(t) = [exp (AP f)dyn, t > 0. Since || f;, < 1,
it follows from (2.6) that |V(Psf)|> < e™2° almost everywhere for every s. Since
[ fdyn =0, G(co) = 1. Hence, for every ¢ > 0,

Gt)=1- /:OG'(S) ds=1- A/too (/L(Psf) exp(Apsf)d%) ds
=1+ AQ/too (/ \V(Psf)fexp(APsf)d%)ds

<1+ )\2/ e 2 G(s)ds
t

where we used integration by parts in the space variable. Let H(t) be the logarithm
of the right hand side of this inequality. Then the preceding inequality tells us that
—H'(t) < X\2e™?! for every t > 0. Therefore

log G(0) < H(0) = —/OOOH’(t) dt < ’\;

which is the claim of the proposition, at least for a smooth function f. The general
case follows from a standard approximation, by considering for example P f instead
of f and by letting then ¢ tend to zero. The proof is complete. O

Inequalities (2.8) and (2.9) will be our key argument in the study of integra-
bility properties and tail behavior of Gaussian random vectors, as well as in the
various applications throughout these notes. While the concentration inequalities
(2.4) of isoperimetric nature may of course be used equivalently, we would like to
emphasize here the simple proof of Proposition 2.1 from which (2.8) and (2.9) follow.
Proposition 2.1 is due to I. A. Ibragimov, V. N. Sudakov and B. S. Tsirel’son [I-S-T]
(see also B. Maurey [Pil, p. 181]). Their argument is actually of more probabilistic
nature. For every smooth enough function f on IR", write

FW(L) - Ef(W(1) = /0 (VT f (W) dW (1))

where (W(t)), is Brownian motion on IR" starting at the origin and where (7}),~,
denotes its associated semigroup (the heat semigroup), with the probabilistic nor-
malization. Note then that the above stochastic integral has the same distribu-
tion as B(7) where (3(t)),~, is a one-dimensional Brownian motion and where
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T = fol VT _f(W(t))|? dt. Therefore, for every Lipschitz function f such that
[ fllLip < 1, 7 <1 almost surely so that, for all » > 0,

P{F(W (1) ~Ef(W(1) > r} < P{max 5(0) > r)

o0 2 dx 2
/r V2T

Since W (1) has distribution 7, this is thus simply (2.8).

Proposition 2.1 and its proof may actually be extended to a larger setting to
yield for example a simple proof of the concentration (2.2) (up to some numerical
constants) on spheres or on Riemannian manifolds M with positive curvature R(M).
The proof uses the heat semigroup on M and Bochner’s formula. It is inspired by
the work of D. Bakry and M. Emery [B-E] (cf. also [D-S]) on hypercontractivity and
logarithmic Sobolev inequalities. We will come back to this observation in Chapter
8. We establish the following fact (cf. [Led4]).

Proposition 2.2. Let M be a compact Riemannian manifold of dimension N (> 2)
and with R(M) = R > 0. Let f be a Lipschitz function on M with || f||;;, <1 and

assume that [ fdu = 0. Then, for every real number A,

/e’\fd,u < N /2R

Proof. Let V be the gradient on M and A be the Laplace-Beltrami operator. By
Bochner’s formula (see e.g. [G-H-L]), for every smooth function f on M, pointwise

S A(VIP) (V1 V(A) = Ric(VF, V1) + [Hess(f)|]3

In particular,
(210) SA(VIP) — (V£ VAN = RIVAE + 1 (A

The dimensional term in this inequality will actually not be used and we will only
be concerned here with the inequality

(211) L A(VIP) — (VL.V(A) 2 RIS

Now, consider the heat semigroup P, = e*®, t > 0, and let f be smooth on M.
Let further s > 0 be fixed and set, for every t < s, F(t) = B(|V(Ps_¢f)|?). It is
an immediate consequence of (2.11) applied to Ps_f that F'(t) > 2RF(t), t < s.
Hence, the function e 2% F'(¢) is increasing on the interval [0, s] and we have thus
that, for every s > 0,

(2.12) IV (Pof)|* < e 2P, (V).
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This relation, which is actually equivalent to (2.11), expresses a commutation prop-
erty between the respective actions of the semigroup and the gradient (cf. (2.6)). It
is the only property which is used in the proof itself which is now exactly as the
proof of Proposition 2.1. Let f be smooth on M with || f||;;, < 1 and [ fdu = 0. For
A fixed, set G(t) = [exp (AP, f)du, t > 0. Since || f||;, < 1, it follows from (2.12)

that |V (Psf)|* < e 2%¢ almost everywhere for every s. Since [fdu =0, G(co) = 1.
Hence, for every t > 0,

Gt)=1- /:OG'(S) ds=1- A/too (/A(Psf) exp()\Psf)du)ds
—~ 1+A2/too (/}V(Psf)‘Qexp()\PSf)d,u>ds

<1+ /\2/ e 21 G(s)ds
t

where we used integration by parts in the space variable. The proof is completed as
in Proposition 2.1. U

The commutation formula VP, f = e ' P,(V f) of the Ornstein-Uhlenbeck semi-
group expresses equivalently a Bochner formula for the second order generator L
of infinite dimension (/N = oo) and constant curvature 1 (limit of R(S%) when N

goes to infinity) of the type (2.10) or (2.11)

SLIVIP) — (VA V(L) > (LF)

The geometry of the Ornstein-Uhlenbeck generator is thus purely infinite dimen-
sional, even on a finite dimensional state space (as the Gaussian isoperimetric in-
equality itself, cf. Chapter 1). The abstract consequences of these observations are
at the origin of the study by D. Bakry and M. Emery of hypercontractive diffu-
sions under curvature-dimension hypotheses [B-E], [Bak]. We will come back to this
question in Chapter 8 and actually show, according to [A-M-S], that (2.7) can be
deduced directly from hypercontractivity.

At this point, we realized that simple semigroup arguments may be used to
establish concentration properties, however on Lipschitz functions rather than sets.
It is not difficult however to deduce from Propositions 2.1 and 2.2 inequalities on sets
very close to the inequalities which follow from isoperimetry (but still for “large”
neighborhoods). We briefly indicate the procedure in the Gaussian setting.

Let A be a Borel set in IR™ with canonical Gaussian measure 7, (A) > 0. For
every u > 0, let

fa,u(z) = min(d(z, A), u)

where d(z,A) is the Euclidean distance from the point x to the set A. Clearly
| fAquLip < 1 so that we may apply inequality (2.8) to this family of Lipschitz

functions when u varies. Let E4,, = [ fa 4d7yy. Inequality (2.8) applied to fa., and
r=u— Ey, yields

Yn(z € R™;min(d(z, A),u) > u) < exp (—% (u— EA’U)Q)
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that is
1 2
(2.13) Yo (w2 ¢ Ay) < exp ~3 (u—FEau)

since d(x, A) > w if and only if ¢ A,. We have now to appropriately control the
expectations Ey4 ,, = f fAudyn, possibly only with v and the measure of A. A first
bound is simply E4, < uvy(A¢) which already yields,

To(@;7 ¢ Au) < exp (—% uz%(A)Q)

for every u > 0. This inequality may already be compared to (2.3). However, if we
use this estimate recursively, we get

Egu = / Y (x5 d(z, A) > t)dt < / min (y, (A), e~ (/2) g,
0 0
If we let then §(v) be the decreasing function on (0, 1] defined by
>~ 2022
(2.14) d(v) = min (1 —v,e )dt,
0

we have Fy ,, < (v, (A)) uniformly in u. Hence, from (2.13), for every u > 0,

2

et ) <o~ ) < (- st

In conclusion, we obtained from Proposition 2.1 and inequality (2.8) that, for every
r >0,

2
(2.15) Tn(A;) > 1—exp (—3 + rd(fyn(A))).

This simple argument thus yields an inequality very similar in nature to the isoperi-
metric bound (2.3), with however the extra factor 75(y,(A)). (Using the preceding
recursive argument, one may of course improve further and further this estimate.)
Due to the fact that 6(,(A)) — 0 as 7,(A4) — 1, this result can be used exactly as
the isoperimetric inequality in almost all the applications presented in these notes.
We will come back to this in Chapter 4 for example, and we will always use (2.15)
rather than isoperimetry in the applications.

We conclude this chapter with a proposition closely related to Proposition 2.1
and the proof of which is similar. It will be used in Chapter 4 in some large devia-
tion statement for the Ornstein-Uhlenbeck process. We only consider the Gaussian
setting.
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Proposition 2.3. Let f be a Lipschitz function on IR" with ||fHLip < 1. Then, for
every real number A\ and every t > 0,

[ [ expOilf (et (=972 — fla)])da @ (o) < e (1 - 7).

Proposition 2.3 will be used for the small values of the time t. When t — o0, it
is somewhat weaker than Proposition 2.1. The stochastic version of this proposition
is inspired from the forward and backward martingales of T. Lyons and W. Zheng
[L-Z] (see [Tak], [Fal).

Proof. The left hand side of the inequality of Proposition 2.3 may be rewritten as

G(t) = /e_)‘fPt(e)‘f)d”yn.

Let A be fixed and f be smooth enough. For every ¢t > 0,

Gt)=1+ /Ot G'(s)ds =1+ /Ot (/e_)‘fLPS(e’\f)d%>ds
=1 +/\2/Ote_5(/e_’\f<Vf, Ps(e*fo)>d%>

t
<1+ )\2/ e *G(s)ds
0

since |V f| < 1 almost everywhere. Let H(t) = log(1 + )\Zfot e °G(s)ds), t > 0. We
just showed that H'(t) < A\2e™! for every ¢t > 0. Hence,

t
0

H(t) = /Ot H'(s)ds < AQ/ e Sds=M(1—-e")

and the proof is complete. O
If A and B are subsets of IR", and if ¢ > 0, set

Ki(4,8) = [ Pa) v, (= / PtuA)dvn)

where I4 is the indicator function of the set A. Assume that d(A, B) > r > 0 (for
the Euclidean distance on IR"). In particular, B C (A,) so that

Ki(A, B) < K; (A, (4,)°).

Apply then Proposition 2.3 to the Lipschitz map f(z) = d(x, A). For every t > 0
and every A > 0,

K (A, (Ar)c) = /APt (I(AT)C)d'Yn < e”\T/AeAfPt (e’\f) dyn,
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since I(Ar)c < e *eM | Hence
K, (147 (Ar)c) < ef)\re/\Q(lfe_t)'

Optimizing in A yields

(2.16) Ki(A, B) < Ky (A, (A,)°) < exp (-ﬁ)

Formula (2.16) will thus be used in Chapter 4 in applications to large deviations for
the Ornstein-Uhlenbeck process.
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3. ISOPERIMETRIC AND CONCENTRATION
INEQUALITIES FOR PRODUCT MEASURES

In this chapter, we present several isoperimetric and concentration inequalities for
product measures due to M. Talagrand. On the basis of the product structure of the
canonical Gaussian measure -, and various open problems on sums of independent
vector valued random variables, M. Talagrand developed in the past years new in-
equalities in products of probability spaces by defining several different notions of
isoperimetric enlargement in this setting. These results appear as a striking illustra-
tion of the power of abstract concentration ideas which can be developed far beyond
the framework of the classical geometrical isoperimetric inequalities. One of the main
applications of his powerful techniques and results concerns tail behaviors and limit
properties of sums of independent Banach space valued random variables. It partly
motivated the writing of the book [L-T2] and we thus refer the interested reader
to this reference for this kind of applications. New applications concern geometric
probabilities, percolation, statistical mechanics... We will concentrate here on some
of the theoretical inequalities and their relations with the Gaussian isoperimetric
inequality, as well as on some recent and new aspects of the work of M. Talagrand
[Tal6]. We actually refer to [Tal6] for complete proofs and details of some of the
main results we present here. The reader that is interested first in the applications
of the Gaussian isoperimetric and concentration inequalities may skip this chapter
and come back to it after Chapter 7.

One first example studied by M. Talagrand is uniform measure on {0, 1}N. For
this example, he established a concentration inequality independent of the dimension
[Ta3]. More importantly, he developed a new powerful scheme of proof based on
induction on the number of coordinates. This technique allowed him to investigate
isoperimetric and concentration inequalities in abstract product spaces.

Let (2, %, ) be a (fixed but arbitrary) probability space and let P be the prod-
uct measure u®" on Q™. A point z in Q" has coordinates z = (z1,...,7,). (In the
results which we present, one should notice that one does not increase the generality
with arbitrary products spaces (H?ZlQi, ®?:1 /M)- Since the crucial inequalities will

not depend on n, we need simply towork on products of (Q, ) = (H?ZlQi, R, ui)
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with itself and consider the coordinate map
F=F1,. ., 00) €O = (), €Yy, Fi=(F)y,.--,(@),) €9,

that only depends on the i-th factor.)
The Hamming distance on Q" is defined by

d(z,y) = Card{1 <i <n; z; #y;}.

The concentration function a of Q2" for d satisfies, for every product probability P,

2
(3.1) a(r) < C’exp( m), r >0,

where C' > 0 is numerical. In particular, if P(A) > %, for most of the elements z in
Q™ there exists y € A within distance y/n of z. On the two point space, this may
be shown to follow from the corresponding isoperimetric inequality [Har|, [W-W].
A proof using the martingale inequality (2.4) is given in [Mi-S] (see also [MD] for
a version with a better constant). As we will see later on, one can actually give an
elementary proof of this result by induction on n. It might be important for the
sequel to briefly indicate the procedure. If A is a subset of 2" and x € 2", denote
by ) (x) the Hamming distance from z to A thus defined by

pa(z) =inf{k > 0; Iy € A, Card{1 <i <n; z; # y;} < k}.

(Although this is nothing more than d(x, A), this notation will be of better use in
the subsequent developments.) M. Talagrand’s approach [Ta3|, [Tal6] then consists
in showing that, for every A > 0 and every product probability P,

1 1 2
2 Aadp < —— "N /4,
(3.2) /e d _P(A)e

In particular, by Chebyshev’s inequality, for every integer k,

P(pYy > k) < e/

P(A)

that is the concentration (3.1). The same proof actually applies to all the Hamming

metrics
n

do(z,y) = Zail{mﬁﬁyi}» a=(ay,...,an) € RY,
i=1
with |a|? = Y " | a? instead of n in the right hand side of (3.2). One can improve
this result by studying functions of the probability of A in (3.2) such as P(A)™".

Optimizing in v > 0, it is then shown in [Tal6] that for k > (% log ﬁ)l/z

piz o2 e (3 ptg) )

Y
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which is close to the best exponent —2k?/n ([MD]).

Note that various measurability questions arise on ). These are actually com-
pletely unessential and will be ignored in what follows (start for example with a
finite probability space ).

The previous definition of ¢ allows one to investigate various and very different
ways to measure the “distance” of a point = to a set A. In particular, this need not
anymore be metric. The functional ¢} controls a point x in Q" by a single point in A.
Besides this function, M. Talagrand defines two new main controls, or enlargement
functions: one using several points in A, and one using a convex hull procedure. In
each case, a Gaussian concentration will be proved.

The convex hull control is defined with the metric ¢4 (x) = sup|, =1 da(x, A).
However, this definition somewhat hides the convexity properties of the functional
¢ which will be needed in its investigation. For a subset A C Q" and x € Q", let

Ua(z) = {s = (8i)1<i<n € {0,1}"; 3y € A such that y; = z; if 5, = O}.

(One can use instead the collection of the indicator functions Iy, .1, ¥ € A.)
Denote by V4(x) the convex hull of Ua(z) as a subset of IR". Note that 0 € V4 (x) if
and only if x € A. One may then measure the distance from x to A by the Euclidean
distance d(0,Va(z)) from 0 to Va(x). It is easily seen that d(0,Va(z)) = ¢ (). If
d(0,Va(zx)) < r, there exists z in V4 (x) with |z| < 7. Let a € RY} with |a| = 1. Then

inf (a,y) < {a,z) <|z| <r.
int (a,g) < (0,2) < |4

Since

inf ) = inf y = da 7A ’
yel\?‘\(m)<a Y) Segfé(x)<@ s) (z, A)

©% () < r. The converse, that is not needed below, follows from Hahn-Banach’s
theorem.

The functional ¢ (x) is a kind of uniform control in the Hamming metrics
da, |a] = 1. The next theorem [Ta6], [Tal6] extends the concentration (3.2) to this
uniformity.

Theorem 3.1. For every subset A of Q", and every product probability P,

1 2 1
%y dP < ——.
[ (5 637)er < 55
In particular, for every r > 0,

1 2
PG >r) < e /4,

To briefly describe the general scheme of proofs by induction on the number of
coordinates, we present the proof of Theorem 3.1. The main difficulty in this type
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of statements is to find the adapted recurrence hypothesis expressed here by the
exponential integral inequalities.

Proof. The case n = 1 is easy. To go from n to n+ 1, let A be a subset of Q"+ and
let B be its projection on Q". Let furthermore, for w € 2, A(w) be the section of A
along w. If x € Q™ and w € ), set z = (x,w). The key observation is the following:
if s € Ua(w)(x), then (s,0) € Ua(z), and if t € Up(x), then (£,1) € Ua(z). It follows
that if u € Va,y(2), v € Vp(z) and 0 < A < 1, then (Au+ (1 —A)v,1 =) € Va(2).
By definition of ¢¢ and convexity of the square function,

059 (2)2 < (1= N2+ M+ (1= No|* < (1 =22+ Muf> + (1= Nl

Hence,
Pa(2)? < (1= 12+ A% ) (@)% + (1 = N (),

Now, by Holder’s inequality and the induction hypothesis, for every w in 2,
1, . 2
eXP(;l (SOA(%W)) >dp($)
, 1 ) A 1 ) 1-A

< (o) ()

that is,
L e 2 1 _)\)2 P(A(w)\
/ exp (7 (¢al@,w)’)dP() < meﬂ N /4( ](D(B ))) |
Optimize now in A (cf. [Tal6]) to get that

/n exp(i (gpj(m,w)f)dP(x) < % (2 - %)

To conclude, integrate in w, and, by Fubini’s theorem,

[ el (o)) aP@)ine) < o (z - Pﬁ(j;(;“)) )

~—

since u(2 —u) < 1 for every real number u. Theorem 3.1 is established. O

It is easy to check that if = [0,1] and if d4 is the Euclidean distance to the
convex hull Conv(A) of A, then d4 < ¢. Let then f be a convex function on [0, 1]"
such that||f|;;, <1, and let m be a median of f for P and A = {f < m}. Since f
is convex, f < m on Conv(A). Using that ||f|[;;, <1, we see that f(z) < m +r for

every x such that d4(z) < r,r > 0. Hence, by Theorem 3.1, P(f > m+r) < 961/



27

On the other hand, let B = {f < m — r}. As above, dg(z) < r implies f(z) < m.
By definition of the median, it follows from Theorem 3.1 again that

1
1———e " /"< Pl <r)<P(f<m)<

P(B)

Hence P(f <m —r) < 2e~7°/4. Therefore

N —

(3.3) P(|f —m|>r)<de "/

for every r > 0 and every probability measure p on [0, 1]. The numerical constant
4 in the exponent may be improved to get close to the best possible value 2. This
concentration inequality (3.3) is very similar to the Gaussian concentration (2.4) or
(2.9), with however f convex. It applies to norms of vector valued sums ) . ¢;e; with
coeflicients e; in a Banach space E where the ;’s are independent real valued uni-
formly bounded random variables on some probability space (€2, .4, IP). This applies
in particular to independent symmetric Bernoulli (or Rademacher) random variables
and (3.3) allows us in particular to recover and improve the pioneer inequalities by
J.-P. Kahane [Kal], [Ka2] (cf. also Chapter 4). More precisely, if ||¢;||, < 1 for all
i’s and if S =), p;e; is almost surely convergent in E, for every r > 0,

(3.4) P(|||S]| - m| > r) < 4e77/1077

where m is a median of ||S|| and where

- (D)

EeExJlgl<1 \"7

Typically, the martingale inequality (2.5) would only yield a similar inequality but
with o replaced by the larger quantity Y, |le;||?. This result is the exact analogue of
what we will obtain on Gaussian series in the next chapter through isoperimetric and
concentration inequalities. It shows how powerful the preceding induction techniques
can be. In particular, we may integrate by parts (3.4) to see that IE exp(«|S]|?) < oo
for every « (cf. [L-T2]). Furthermore, for every p > 0,

(3.5) (E|SI)" < m+ Cpo

where C), is of the order of \/p as p — oo.

When the ¢;’s are Rademacher random variables, by the classical Khintchine
inequalities, one easily sees that o < 2v/2m’ for every m’ such that IP{||S|| > m'} <
L (see [L-T2], p. 99). Since m < m/ < (8IE||S|9)!/4 for every 0 < g < oo, we also
deduce from (3.5) the moment equivalences for ||S||: for every 0 < p,q < oo, there

exists Cp, , > 0 only depending on p and ¢ such that

(3.6) (ES|7) " < Cpq (E]S]2) .
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By the classical central limit theorem, these inequalities imply the corresponding
ones for Gaussian averages (see (4.5)). In the case of the two point space, the method
of proof by induction on the dimension is very similar to hypercontractivity tech-
niques [Bon], [Gr3], [Bel] (which, in particular, also show (3.6) [Bo6]). Some further
connections on the basis of this observation are developed in [Tall] in analogy with
the Gaussian example (Chapter 8). See also [Bo8]. It was recently shown in [L-O]
that Cy 1 = v/2 as in the real case [Sz].

We turn to the control by a finite number of points. If ¢ is an integer > 2 and
if A',..., A% are subsets of Q" let, for every x = (x1,...,2,) in Q",

el(z) =% 4a(x) =inf{k >0; Jyt € AL, ..., 3y? € A? such that
Card{1 <i<m;z; & {y;,...,yl}} <k}.

(We agree that ¢? = oo if one of the A;’s is empty.) If, for every i = 1,...,n, A' = A
for some A C Q", ¢9(z) < k means that the coordinates of x may be copied, at
the exception of k of them, by the coordinates of ¢ elements in A. Using again a
proof by induction on the number of coordinates, M. Talagrand [Tal6] established
the following result.

Theorem 3.2. Under the previous notations,

q
/ »?(x) dP

In particular, for every integer k,

Proof. One first observes that if g is a function on €2 such that é < g <1, then

(3.7) /%dﬂ (/gdu)q <1

Since logu < u — 1, it suffices to show that

1 1
/gdquQ/gdu:/(§+qg)du§q+1.

But this is obvious since % +qu < g+ 1 for % <y <l1.
Let g;, 1 =1,...,q, be functions on {2 such that 0 < g; < 1. Applying (3.7) to
g given by l = m1n(q,m1n1<z<q ) yields

(3.8) /mm q, 1%12(19— du (H/gld,u)
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since g; < g for every i =1,...,q.

We prove the theorem by induction over n. If n = 1, the result follows from
(3.8) by taking g; = I4i. Assume Theorem 3.2 has been proved for n and let us
prove it for n + 1. Consider sets Al,... A% of Q"1 For w € €, consider A*(w),
i=1,...,q, as well as the projections B* of A on Q", i =1,...,q. Note that if we
set g; = P(A%(w))/P(B?") in (3.8), we get by Fubini’s theorem that

, “ 1 Tl - LI
(3.9) /mm(q };[1 P(B)’ 1127,12(1 P(Cij))d,u < H P ® p(AY)

=1

where O = B%if i # j and C* = A%*(w). The basic observation is now the following:
for (z,w) € Q™ x Q,
90?41’.,.’Aq (.CE,(U) S 1 + SOqu,m’Bq (:13')

and, for every 1 < 5 <gq,

It follows that

Qn-‘,—l
< / min (q/ q“ptlg’1 »»»»» Bq(x)dP(:z;), min / qwqclj ﬁﬁﬁﬁﬁ c1i (x)dP(a:))d,u(w)
(9] n 1<5<q n
U | U |
< . I N
= /Q i (‘-’1;[1 P(BY)’ fggqg P(Cz‘j))d“(“’)
by the recurrence hypothesis. The conclusion follows from (3.9). O

In the applications, ¢ is usually fixed, for example equal to 2. Theorem 3.2 then
shows how to control, with a fixed subset A, arbitrary samples with an exponential
decay of the probability in the number of coordinates which are neglected. Theorem
3.2 was first proved by delicate rearrangement techniques (of isoperimetric flavor)
in [Ta5]. It allowed M. Talagrand to solve a number of open questions in probability
in Banach spaces (and may be considered at the origin of the subsequent abstract
developments, see [Ta5], [Tal6], [L-T2]). To briefly illustrate how Theorem 3.2 is
used in the applications, let us consider a sum S = X; 4+ --- 4+ X, of independent
nonnegative random variables on some probability space (£2,.4, IP). In the preceding
language, we may simply equip [0, 00)™ with the product P of the laws of the X;’s.
Let A = {31 z; < m} where m is such that, for example, P(4) > 1. Let

2
p? = ¢ 4Tz e {p? <k}, there exist y', ..., y? in Asuch that Card I < k where

I={1<i<n;z; &{y},...,yl}} Take then a partition (J;) of {1,...,n}\ T
such that x; = yf if i € J;. Then,

q q n
Z%zZnySZZ?Jqum

ig1 j=1lielJ; j=1i=1

1<j<q
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where we are using a crucial monotonicity property since the coordinates are non-

negative. It follows that
n k
Sa<am+Ys
i=1 i=1

where {z7,...,z}} is the nonincreasing rearrangement of the sample {z1,...,z,}.
Hence, according to Theorem 3.2, for every integers k,q > 1, and every t > 0,

k
(3.10) IP{S > gm +t} < 29¢~F+D 1 IP{Z X;> t}.
=1

Let F be a family of n-tuples o = (;);<;<,, & > 0. It is plain that the
preceding argument leading to (3.10) applies in the same way to

n

S = sup Z%’Xi
aEF i—1

to yield

k
P{S > gm +t} < 24~ *+D 4 IP{JZX; > t}
=1

where o = sup{a;;1 <i <n,a € F}.

Now, in probability in Banach spaces or in the study of empirical processes,
one does not usually deal with nonnegative summands. One general situation is the
following (cf. [L-T2], [Tal3] for the notations and further details). Let Xy,..., X,
be independent random variables taking values in some space & and consider say a
countable family F of (measurable) real valued functions on S. We are interested in
bounds on the tail of

> H(X)

=1

= sup
F feF

Zf(Xn

If IEf(X;) = 0 for every 1 < i < n and every f € F, standard symmetrization
techniques (cf. [L-T2]) reduce to the investigation of

Z5if(Xi)

where (&), <;<,, are independent symmetric Bernoulli random variables independent
of the X;’s. Although the isoperimetric approach applies in the same way, we may
not use directly here the crucial monotonicity property on the coordinates. We
turn over this difficulty via a symmetrization procedure with Rademacher random
variables which was developed first in the study of the law of the iterated logarithm
[L-T1]. One writes

g&f(Xi) = (

F

Zé?z‘f(Xz’)

=
F

Zé?if(Xz’)

Zéif(Xi)

)+E
F F
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where IE. is partial integration with respect to the Bernoulli variables €q,...,¢,.
Now, on IE.|| >~"_, £;f(X;)||+ the monotonicity property is satisfied, since, by Jen-
sen’s inequality and independence, for every subset I C {1,...,n},
E. (Y ef(Xi) ‘ <Ec|Y eif(X)) ] :
i€l F i=1 F

Therefore, the isoperimetric method may be used efficiently on this term. The re-

mainder term . .
D eif(X) > eif(X)
i=1 i=1

is bounded, conditionally on the X;’s, with the deviation inequality (3.4) by a Gaus-
sian tail involving

—1E.
f

F

n

2
igg;f(&)

which will again satisfy this monotonicity property. The proper details are presented
in [L-T2], p. 166-169. Combining the arguments yields the inequality, for nonnegative
integers k, ¢ and real numbers s,t > 0,

"

Zz—:if(Xi) ‘ >8qM + s + t}
i=1 F

k 2
< 2“’q_lC + IP{ZHJC(XJH; = S} T 2exp(— 12£qm2)
i=1

sasen moe(m(E o))

and where (|| f(X;)||)1<i<n denotes the nonincreasing rearrangement of the sample
(IF(X)ll£)1<i<n- (Of course, if the functions f of F are such that |f| < 1, one may
choose for example s = k.) We find again in this type of inequalities the basic
parameters of concentration inequalities of Gaussian type.

This approach to bounds on sums of independent Banach space valued random
variables (or empirical processes) is today one of the main successful tools in the
study of integrability and limit properties of these sums. The results which may be
obtained with this isoperimetric technique are rather sharp and often improve even
the scalar case. The range of applications appears to be much broader than what
can be obtained for example from the martingale inequalities (2.5). We refer to the
monograph [L-T2| for a complete exposition of these applications in the context of
probability in Banach spaces.

where

M =1

In his recent developments, M. Talagrand further analyzes the control function-
als !, p? and ¢¢ and extends their potential use and interest by a new concept
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of penalty. Indeed, in the functional ¢! for example, the coordinates of x which
differ from the coordinates of a point in A are accounted for one. One may therefore
imagine a more precise measure of this control with some adapted weight. Let, for
a nonnegative function h on Q x Q such that h(w,w) =0, and for A C Q", x € O,

oy (@) = mf{i Wi, yi); y € A}.

i=1

When h(w,w’) =1 if w # w’, we simply recover the Hamming metric ¢). The new
functional 4,0114’}1 thus puts a variable penalty h(x,y) on the coordinates of z and y
which differ.

Provided with these functionals, one may therefore take again the preceding
study and obtain, by the same method of proof based on induction on the number
of coordinates, several new and important concentration inequalities. The first re-
sult resembles Bernstein’s classical exponential bound. Denote by |[|h||, and |||,
respectively the L? and L*>-norms of h with respect to p ® p.

Theorem 3.3. For each subset A of Q" and every product probability P, and every

r >0,
P((pi’hZT) S—l exp<—min( re 5 " >)
P(A) sn|lhll2 " 20All.

To better analyze the conditions on the penalty function h, set, for B C 2 and
w € Q,

h(w, B) = inf{h(w,w’); v’ € B}.
Assume that for all B C €2,

A typical statement of [Tal6] is then that, for every 0 < A <1,

: 1 2
11 Apll P < Cn)
(3.11) /e A dP < P(A) e

where C' > 0 is a numerical constant. With respect to (3.2), we easily see how
successful (3.11) can be for an appropriate choice of the penalty function h. One
may also prove extensions where, as we already mentioned it, the probability of A is
replaced by more complicated functions of this probability (related of course to h.)
The penalty or interacting functions A which are used in such a result are of various
types. For example, on IR, one may take h(w,w’) = |w—w'| or h(w,w’) = (w—w')T.
One of the striking observations by M. Talagrand is the dissymmetric behavior of
the two variables of h, that is on the point x that we would like to control and the
point y in the fixed set A. For example, if h only depends on the first coordinate,
then it should be bounded; if it only depends on the second coordinate, only weak
integrability properties (with respect to u) are required.
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These extensions can also be performed on the functionals ¢? and ¢, the latter
being probably the most interesting for the applications. For a nonnegative penalty
function h as before, let, for A C Q" and x € Q,

{s— )i<i<n EIR+,E|y€Asuch that
s; > h(z;,y;) for every i =1,... ,n}.

Denote by V4 (x) the convex hull of Uy(z). To measure the “distance” from 0 to
Va(x), let us consider a function ¥ on IR with (0) = 0 and such that ¥ (t) < ¢? if
t <1and(t) >tif t > 1. Then, let

o5 (@ mf{z¢ ); 8 = (si)1<i<n € VA(QJ)}‘

The metric ¢ thus simply corresponds to h(w,w’) = 1 if w # ' and ¥(t) = 2.
Again by induction on the dimension, M. Talagrand [Tal6] then establishes a general
form of Theorem 3.2. He shows that, for some constant o > 0,

/exp(a goi"h’w) < exp(0(P(A)))

under various conditions connecting u, h and v to the function € of the probability
of A. The proof is of course more involved due to the level of generality.

This abstract study of isoperimetry and concentration in product spaces is mo-
tivated by the large number of applications, both in theoretical and more applied
probabilistic topics proposed today by M. Talagrand [Tal6]. Most often, the preced-
ing inequalities allow one to establish a concentration inequality once an appropriate
mean or median is known. To briefly present such an example of application, let us
deal with first passage time in percolation theory. Let G = (V, &) be a graph with
vertices V' and edges £. Let, on some probability space (2, A, IP), (X¢) . be a fam-
ily of nonnegative independent and identically distributed random variables with
the same distribution as X. X, represents the passage time through the edge e. Let
T be a family of (finite) subsets of £, and, for T' € T, set X7 = > Xc. If T is
made of contiguous edges, X1 represents the passage time through the path T'. Set
Z1 = infrer X and D = suppcs Card(T'), and let m be a median of Z7. As a
corollary of his penalty theorems, M. Talagrand [Tal6] proved the following result.

Theorem 3.4. There exists a numerical constant ¢ > 0 such that, if E(e**) < 2,
for every r > 0,

2
IP(]ZT —m| > 7“) < exp(—c min(% ,7“)).

When V is Z? and £ the edges connecting two adjacent points, and when
T = T, is the set of all selfavoiding paths connecting the origin to the point (0,n),
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H. Kesten [Ke] showed that, when 0 < X < 1 almost surely and IP(X = 0) < 2
(percolation), one may reduce, in Z7, to paths with length less than some multiple
of n. Together with this result, Theorem 3.4 indicates that

2
P(|Z7, —m| >r) < 5€Xp(—&>

for every r < n/C where C' > 0 is a constant independent of n. This result strength-
ens the previous estimate by H. Kesten [Ke] which was of the order of r/C'y/n in
the exponent and the proof of which was based on martingale inequalities.

Let us mention to conclude a further application of these methods to spin
glasses. Consider a sequence (g;),. of independent symmetric random variables
taking values £1. Each ¢; represents the spin of particule i. Consider then interac-
tions H,;, i < j, between spins. For some parameter 5 > 0 (that plays the role of
the inverse of the temperature), the so-called partition function is defined by

Zn = Zn(ﬁ) = IEE (exp(% Z Hij5i5j))7 n > 2,

1<i<j<n

where IE. is integration with respect to the €}s. In the model we study, the inter-
actions H;; are random and the H;;’s will be assumed independent and identically
distributed. We assume that, for every i < j,

E(H;;) = IE(HE’].) =0, IE(H%) =1,

and

(for normalization purposes). The typical example is of course the example of a
standard Gaussian sequence. In this case, it was shown in [A-L-R] and [C-N] that
for § < 1, the sequence

2
loan—%, n>2,

converges in distribution to a (nonstandard) centered Gaussian variable. Of equal
interest, but of rather different nature, is a concentration result of log Z,, around

Bz—” for n fixed, that M. Talagrand deduces from its penalty theorems [Tal6].

Theorem 3.5. There is a numerical constant C' > 1 such that for 0 < r < n/C and

p <1,
"

In particular,

2 1/2 )
log Z,, — %‘ ZC’(T—f— (logl—CBQ) >\/ﬁ} <4e "
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In case the interactions H;;, ¢ < j, are independent standard Gaussian, The-
orem 3.5 immediately follows from the Gaussian concentration inequalities. Let in-

deed, on R*, k = (n(n —1)/2,

f(z) = log IE. (exp(% Z mijsiaj>), T = (xij)1§i<j§n )

1<i<j<n

It is easily seen that || f[|;;, < 8+/(n —1)/2 so that, by (2.9), for every r > 0,

(3.12) 1P{[log Z, — E(log Zy,)| > r} < 2exp (—ﬁ)

Now E(log Z,,) < logIE(Z,,) = $%(n — 1) /4. Conversely, it may easily be shown (cf.
[Tal6]) that

(3.13) E(Z2) = (E(Zn))26_52/2]E(eXp<§ (Z: gi) 2) ) .

In particular (using the subgaussian inequality for sums of Rademacher random
variables [L-T2], p. 90), if 8 < 1,

E(Z%) < 3

n) =9 _62 (IE(ZTL)) :

Hence, by the Paley-Zygmund inequality ([L-T2], p. 92),

1 (B(Z,))° _ 1- 32
P{anilE(Z”)}Z AIE(Z2) ST

Assume first that r = log($IE(Z,,)) —IE(log Z,,) > 0. Then, by (3.12) applied to this
T?
152
12

< ]P{log Zn > log(% E(Zn)>}

< P{log Z, > [E(log Z,) + 7} < 2exp (—Wil))

so that n
24

Hence, in any case,

B (n—1)

1 Z]E(loan)Zlog(%]E(Zn))_\/ﬁ(log 04 )1/2

-

B2(n —1 24 /2
> %‘M(l%m)
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and the theorem follows in this case.
Note that, by (3.12) and the Borel-Cantelli lemma, for any 8 > 0,

1 1
lim |- log Z,, — —IE(log Z,)| =0
n

n—oo|n

almost surely. In particular,

1 2
0 <limsup — log Z,, < T

n—oo N

almost surely. This supports the conjecture that %log Z, should converge in an
appropriate sense for every 5 > 0 (cf. [A-L-R] and [Co| for precise bounds using
different techniques).

As we have seen, the application to probability in Banach spaces is one main
topic in which these isoperimetric and concentration inequalities for product mea-
sures prove all their strength and efficiency. Besides, M. Talagrand has thus shown
how these tools may be used in a variety of problems (random subsequences, random
graphs, percolation, geometric probability, spin glasses...). We refer the interested
reader to his important contribution [Tal6].

Notes for further reading. As already mentioned, the interested reader may find
in the book [L-T2] an extensive description of the application of the isoperimetric
inequalities for product measures to probability in Banach spaces (integrability of
the norm of sums of independent Banach space valued random variables, strong
limit theorems such as laws of large numbers and laws of the iterated logarithm...).
Sharper bounds for empirical processes using these methods, and based on Gaus-
sian ideas, are obtained in [Tal3]. The recent paper [Tal6] produces new fields of
potential interest for applications of these ideas. [Tal7] provides further sharpenings
with approximations by very many points.
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4. INTEGRABILITY AND LARGE DEVIATIONS
OF GAUSSIAN MEASURES

In this chapter, we make use of the isoperimetric and concentration inequalities of
Chapters 1 and 2 to study the integrability properties of functionals of a Gaussian
measure as well as large deviation statements. In particular, we will only use in
this study the concentration inequalities which were obtained by rather elementary
arguments in Chapter 2 so that the results presented here actually proceed from
a very simple scheme. We first establish the, by now classical, strong integrability
theorems of norms of Gaussian measures. In a second part, we present, on the
basis of the Gaussian isoperimetric and concentration inequalities, a large deviation
theorem for Gaussian measures without topology. We conclude this chapter with a
large deviation statement for the Ornstein-Uhlenbeck process.

A Gaussian measure p on a real separable Banach space E equipped with its
Borel g-algebra B and with norm || - || is a Borel probability measure on (E, B) such
that the law of each continuous linear functional on F is Gaussian. Throughout this
work, we only consider centered Gaussian measures or random variables. Although
the study of the integrability properties may be developed in a single step from
the isoperimetric or concentration inequalities of Chapters 1 and 2, we prefer to
decompose the procedure, for pedagogical reasons, in two separate arguments.

Let thus u be a centered Gaussian measure on (E, B). We first claim that

1/2
(4.1) o= sup </(§,x>2d,u(x)) < 0.
febx,|lg]l<1

Indeed, if we denote by j the injection map from E* into L?(n) = L2(E, B, u;IR),
|7l = o and j is bounded by the closed graph theorem. Alternatively, let m >
be such that p(z;||z]| < m) > 1. Then, for every element £ in E* with ||£]| < 1,
p(z; |(€, z)] < m) > 5. Now, under p, (¢, z) is Gaussian with variance [(¢, z)?du(z).
Since 2[1 — ®(1)] > 1, it immediately follows that ( [(¢,z)2du(z))*/? < 2m.

Since F is separable, the norm || - || on £ may be described as a supremum over
a countable set (§,),~, of elements of the unit ball of the dual space E*, that is,
for every x in E, ;

[z]] = sup(&n, @)
n>1
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In particular, the norm || - || can freely be used as a measurable map on (E, B). Let
2 = {&,...,&} be a finite subset of (&,),~,. Denote by I' = M *M the (semi-)
positive definite covariance matrix of the Gaussian vector ((1,z),..., (&, z)) on
IR". This random vector has the same distribution as M A where A is distributed
according to the canonical Gaussian measure 7,. Let then f : IR™ — IR be defined
by
f(2) = max M(2)i, 2= (e1,...,20) €R™.
1<i<n

It is easily seen that the Lipschitz norm || f HLip of f is less than or equal to the
norm ||[M|| of M as an operator from IR" equipped with the Euclidean norm into
IR™ with the supnorm, and that furthermore this operator norm ||M|| is equal, by

construction, to
1/2
max (/(fi,m>2d,u(x)) <o.

1<i<n

Therefore, inequality (2.8) applied to this Lipschitz function f yields, for every r > 0,

(12) (s suplen) > [oupleaydn(o) + 1) < exp(—%).

E€E £eE

The same inequality applied to —f yields

4 (sl +r < faplesidun) < en(-o )

€exE ¢ex 20

Let then rq be large enough so that exp(—rg/20?%) < 3. Let also m be large enough
in order that p(z;[|z| < m) > ;. Intersecting this probability with the one in (4.3)
for r = rg, we see that

/sup(f, x)du(x) <rg+m.

£e=

Since m and 7o have been chosen independently of =, we already notice that

/ ] dis(z) < oo.

Now, one can use monotone convergence in (4.2) and thus one obtains that, for
every r > 0,

(4.4) plas el = [llalldu(z) +r) < e /2

Note that an entirely similar result may be obtained exactly in the same way (even
simpler) from the concentration inequality (2.4) around the median of a Lipschitz
function. As an immediate consequence of (4.4), we may already state the basic
theorem about the integrability properties of norms of Gaussian measures. The
lower bound and necessity part easily follow from the scalar case. As we have seen
in Chapter 2, the two parameters [||z|/dp(z) and o in inequality (4.4) may be very
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different so that this inequality is a much stronger result than the following well-
known consequence.

Theorem 4.1. Let p be a centered Gaussian measure on a separable Banach space
E with norm || - ||. Then

1
Am - log pu(x; [|z]| > ) = 552"

In other words,

1
/exp(aHxHQ)d,u(m) < oo if and only if «a< 252
o

The question of the integrability (actually only the square integrability) of the
norm of a Gaussian measure was first raised by L. Gross [Grl], [Gr2]. In 1969, A. V.
Skorohod [Sk] was able to show that [exp(al|z||) du(z) < oo (for every a > 0) using
the strong Markov property of Brownian motion. The existence of some a > 0 for
which [exp(a||z||?) du(z) < co was then established independently by X. Fernique
[Fe2] and H. J. Landau and L. A. Shepp [L-S] (with a proof already isoperimetric
in nature). The best possible value for o was first obtained in [M-S]. Recently, S.
Kwapient mentioned to me that J.-P. Kahane, back in 1964 [Kal] (cf. [Ka2]), proved
an inequality on norms of Rademacher series which, together with a simple central
limit theorem argument, already implied that [ exp(alz|)du(z) < oo for every
a > 0.

From inequality (4.4), we may also mention the equivalence of all moments of
norms of Gaussian measures: for every 0 < p, g < 0o, there exists a constant C, ;, > 0
only depending on p and ¢ such that

(4.5) (sl aute) ) Ry (1ol duco)) "

For the proof, simply integrate by parts inequality (4.4) together with the fact that
o < Cy([ ||z]|7 du(x))*/? for every ¢ > 0 by the one-dimensional equivalence of
Gaussian moments. This yields (4.5) for every ¢ > 1. When 0 < ¢ < 1, simply note

that if m = (2C5.1)%/9 ([ ||z]%dp(x)) ",

1/2
[ elduta) < m -+ sl = m) ([ P )
< m+ oo ol = m)"* [ Yolldu(o)

< 20000 [ quqdu(w)w

since Ca 1 p(; ||| > m)/2 < . Note that C,, » (for example) is of the order of \/p
as p goes to infinity. We will come back to this remark in the last chapter where we
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will relate (4.5) to hypercontractivity. It is conjectured that Cy; = y/7/2 (that is,
the constant of the real case). S. Szarek recently noticed that if conjecture (1.11)
holds, then the best possible C), , are given by the real case.

The preceding integrability properties may also be applied in the context of
almost surely bounded Gaussian processes. Let X = (X¢),., be a centered Gaus-
sian process indexed by a set T" on some probability space (€2, A,IP) such that
sup,er X¢(w) < oo for almost all w in Q (or sup,cp | X¢(w)| < oo, which, by sym-
metry, is equivalent to the preceding, at least if the process is separable). Then, the
same proof as above shows in particular that

sup{IE(féngt); U finite in T} < 00.

We will actually take this as the definition of an almost surely bounded Gaussian
process in Chapter 6. Under a separability assumption on the process, one can
actually formulate the analogue of Theorem 4.1 in this context. Assume there exists
a countable subset S of T" such that the set {w;sup,cp X+ # sup,cg X+ } is negligible.
Set || X|| = sup,cg X¢. Then, provided || X|| < co almost surely,

1
IE(exp(af| X|*)) < oo if and only if «a < 252
o
with 02 = sup,cg [E(X?) (= sup,er E(X?)).
As still another remark, notice that the proof of Theorem 4.1 also shows that
whenever X = (X1,...,X,,) is a centered Gaussian random vector in IR", then
Var( max XZ-) < max var(X;).
1<i<n 1<i<n
(Use again the Lipschitz map f(z) = maxj<;<, M(z); where I' = M *M is the
covariance matrix of X with however (2.4) instead of (2.8).) This inequality may
however be deduced directly from the Poincaré type inequality

/ 1f = [ fdvalPdym < / VP (< 1f12)

which is elementary (by an expansion in Hermite polynomials for example).

Our aim will now be to extend the isoperimetric and concentration inequali-
ties to the setting of an infinite dimensional Gaussian measure p as before. Let us
mention however before that the fundamental inequalities are the ones in finite di-
mension and that the infinite dimensional extensions we will present actually follow
in a rather classical and straightforward manner from the finite dimensional case.
The main tool will be the concept of abstract Wiener space and reproducing kernel
Hilbert space which will define the isoperimetric neighborhoods or enlargements in
this framework. We follow essentially C. Borell [Bo3| in the construction below.

Let © be a mean zero Gaussian measure on a real separable Banach space E.
Consider then the abstract Wiener space factorization [Grl], [B-C], [Ku], [Bo3] (for
a recent account, cf. [Lif3]),

- %

B 5 12(n) L5 B.
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First note that since F is separable and p is a Borel probability measure on E, p is
Radon, that is, for every € > 0 there is a compact set K in E such that u(K) > 1—e¢.
Let (K,), e be a sequence of compact sets such that p(K,) — 1. If ¢ is an element
of L2(u), j*(¢olk,) belongs to E since it may be identified with the expectation,
in the strong sense, fKnxgo(x)du(:L‘). Now, the sequence (fKn:Bgo(x)du(x))nem is
Cauchy in F since,

1/2
sup (&, fKnacgo(x)du(a:) — mexgo(x)dM(x)) < a</¢2|IKn —IKm\d,u) = 0.
geb~ ||£]I<1

It therefore converges in E to the weak integral [ xo(z)du(xz) = j*(¢) € E.

Define now the reproducing kernel Hilbert space H of u as the subspace j* (L2 (1))
of E. Since j(E*)t = Ker(j*), j* restricted to the closure Ej of E* in L2(p)
is linear and bijective onto H. For simplicity in the notation, we set below h =
(j*|E§)*1(h). Under p, h is Gaussian with variance |h|2. Note that o of (4.1) is then
also sup,cx [|z]| where K is the closed unit ball of # for its Hilbert space scalar
product given by

G (0), 7 (W) = (0 )12y, P50 € L2 ().

In particular, for every = in H, ||z|| < o|z| where |z| = |z|y = (x,xﬁf. Moreover,

K is a compact subset of E. Indeed, if (), is a sequence in the unit ball of
E*, there is a subsequence (&), Which converges weakly to some £ in E*. Now,
since the &, are Gaussian under p, &, — € in L?(p) so that j is a compact operator.
Hence j* is also a compact operator which is the claim.

For 7, the canonical Gaussian measure on IR"™ (equipped with some arbitrary
norm), it is plain that H = IR" with its Euclidean structure, that is K is the
Euclidean unit ball B(0,1). If X = (X3,...,X,,) is a centered Gaussian measure
on IR" with nondegenerate covariance matrix I' = M "M, it is easily seen that the
unit ball K of the reproducing kernel Hilbert space associated to the distribution
of X is the ellipsoid M (B(0,1)). As another example, let us mention the classical
Wiener space associated with Brownian motion, say on [0,1] and with real values for
simplicity. Let thus F be the Banach space Cy([0, 1]) of all real continuous functions
x on [0,1] vanishing at the origin equipped with the supnorm (the Wiener space)
and let p be the distribution of a standard Brownian motion, or Wiener process,
W = (W()),cp,1 starting at the origin (the Wiener measure). If m is a finitely
supported measure on [0,1], m =Y. ¢;0,, ¢; € R, t; € [0,1], clearly h = j*j(m) is
the element of E given by

h(t) =Y ci(tiAt), tel01];

i
it satisfies

/Olh’(t)th = /(m,x>2dlu(x) — |hlZ,.
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By a standard extension, the reproducing kernel Hilbert space H associated to the
Wiener measure ;4 on £ may then be identified with the Cameron-Martin Hilbert
space of the absolutely continuous elements h of Cy([0,1]) such that

1
/ W (t)? dt < oo.
0

Moreover, if h € H, h = (j*|E;)_1(h) = fol B (t)dW (t). While we equipped the
Wiener space Cy([0, 1]) with the uniform topology, other choices are possible. Let F'
be a separable Banach space such that the Wiener process W belongs almost surely
to F'. Using probabilistic notation, we know from the previous abstract Wiener
space theory that if ¢ is a real valued random variable with IE(¢?) < oo, then
h=IE(Wy) € F. Since P{W € FNCy([0,1])} = 1, it immediately follows that the
Cameron-Martin Hilbert space may be identified with a subset of F' and is also the
reproducing kernel Hilbert space of Wiener measure on F'. For h in the Cameron-
Martin space, h = (j*|F;)_1(h) may be identified with fol h'(t)dW (t) as soon as
there is a sequence (§,),,cp in F™* such that

2

) — 0.

il

This is the case if, for every ¢t € [0,1], there is (§,),, ¢ in F* with

/0 W ()W (t) — (€0, W)

E(|W(t) — (&, W)[*) = 0.

Examples include the Lebesgue spaces LP([0,1]), 1 < p < oo, or the Holder spaces
(see below). Actually, since the preceding holds for the L!-norm, this will be the case
for a norm || - || on Cy([0, 1]) as soon as, for some constant C' > 0, ||z|| > Cfol |z (t)|dt
for every x in Cy([0, 1]).

The next proposition is a useful series representation of Gaussian measures
and random vectors which can be used efficiently in proofs by finite dimensional
approximation. This proposition puts forward the fundamental Gaussian measur-
able structure consisting of the canonical Gaussian product measure on RY with
reproducing kernel Hilbert space £2.

Proposition 4.2. Let ;1 be as before. Let (g;);~, denote an orthonormal basis of
the closure Ei of E* in L2(u) and set e; = j*(g;), @ > 1. Then (€i);~; defines
an orthonormal basis of H and the series X =Y .- g;e; converges in E p-almost
everywhere and in every LP and is distributed as .

Proof. Since y1 is a Radon measure, the space L2(u) is separable and Ej consists of
Gaussian random variables on the probability space (E, B, ). Hence, (g;);~, defines
on this space a sequence of independent standard Gaussian random variables. The
sequence (e;);~, is clearly a basis in H. Recall from Theorem 4.1 that the integral
[ l|z||dp(x) is finite. Denote then by B, the o-algebra generated by g1,...,g,. It
is easily seen that the conditional expectation of the identity map on (F,u) with
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respect to B, is equal to X,, = > ., gie;. By the vector valued martingale con-
vergence theorem (cf. [Ne2]), the series > ;- g;e; converges almost surely. Since
[ lz||Pdu(z) < oo for every p > 0, the convergence also takes place in any LP-space.
Since moreover

oo oo

/ € X)2dpn =3 (€ e = S 0i(6), 01) = / (&) 2du(x)

i=1 i=1
for every ¢ in E*, X has law u. Proposition 4.2 is proved. O

According to Proposition 4.2, we use from time to time below more convenient
probabilistic notation and consider (g;),~; as a sequence of independent standard
Gaussian random variables on some probability space (£2, 4,IP) and X as a random
variable on (92, A, IP) with values in E and law p.

As a consequence of Proposition 4.2, note that the closure H of H in E coin-
cides with the support of u (for the topology given by the norm on E). Indeed, by
Proposition 4.2, supp(x) C H. Conversely, it suffices to prove that u(B(h,n)) > 0
for every h in ‘H and every n > 0 where B(h,n) is the ball in F with center h
and radius 7. By the Cameron-Martin translation formula (see below), it suffices to

prove it for h = 0. Now, for every a € E, by symmetry and independence,

w(B(a,n)’ = p(z; |z — al| < n)p(z; ||+ al| <n)
<@ p((z,y);||(z —a) + (y +a)|| < 2n)

= M(B(Ov 77\/5))

since -4y under p®y is distributed as v/2x under p. Now, assume that pu(B(h,19)) =
0 for some 7y > 0. Since p is Radon, there is a sequence (a,),, . in £ such that

plw; 3n, o — anll <mo/v2) =1.

Then,
1< 3 u(Blan,mo/vV2) <3 u(B0,m0)) > =0

which is a contradiction (cf. also [D-HJ-S)).

To complete this brief description of the reproducing kernel Hilbert space of a
Gaussian measure, let us mention the dual point of view more commonly used by
analysts on Wiener spaces (cf. [Ku] for further details). Let H be a real separable
Hilbert space with norm | - | and let eq, eq, ... be an orthormal basis of H. Define a
simple additive measure v on the cylinder sets in H by

v(z € H; ((z,e1),....(z,en)) € A) =y, (A)

for all Borel sets A in IR". Let || - || be a measurable seminorm on A and denote by
E the completion of H with respect to ||-||. Then (E, ||-||) is a real separable Banach
space. If £ € E*, we consider 3, : H — IR that we identify with an element h in
H = H* (in our language, h = j*j(£)). Let then p be the (o-additive) extension of v
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on the Borel sets of E. In particular, the distribution of £ € E* under u is Gaussian
with mean zero and variance |h|?. Therefore, u is a Gaussian Radon measure on
FE with reproducing kernel Hilbert space H. With respect to this approach, our
construction priviledges the point of view of the measure.

We are now ready to state and prove the isoperimetric inequality in (E,H, u).
As announced, the isoperimetric neighborhoods A,, » > 0, of a set A in F will be
understood in this setting as the Minkowski sum A +rK = {x +ry;z € A,y € K}
where we recall that IC is the unit ball of the reproducing kernel Hilbert space H
associated to the Gaussian measure p. In this form, the result is due to C. Borell
[Bo2].

Theorem 4.3. Let A be a Borel set in E such that u(A) > ®(a) for some real
number a. Then, for every r > 0

ps(A+7rK) > @(a+7).

It might be worthwhile mentioning that if the support of w is infinite dimen-
sional, u(H) = 0 so that the infinite dimensional version of the Gaussian isoperi-
metric inequality might be somewhat more surprising than its finite dimensional
statement. The inner measure in Theorem 4.3 is necessary since A + 7/ need not
always be measurable.

Proof. As announced, it is based on a classical finite dimensional approximation
procedure. We use the series representation X = Zfil g;e; of Proposition 4.2 and,
accordingly, probabilistic notations. We may assume that —co < a < 400. Let r > 0
be fixed. Let also € > 0. Since p is a Radon measure, there exists a compact set
K C A such that

P{X € K} = p(K) > ®(a—e¢).

For every n > 0, let K7 = {x € E;infyck [|[x—y|| < n}. Recall X,, = Y ., g;e;. Since
P{||X — X,|| > n} — 0, for some ny and every n > ng, P{X,, € K"} > ®(a — 2¢)
and

P{X € K*"+rK} > P{X,, € K*" 47K} —¢.

Now, let K, be the unit ball of the reproducing kernel Hilbert space of the (finite
dimensional) Gaussian random vector X,,, or rather of its distribution on E. K,
consists of those elements in E of the form IE(X,¢) with [|¢|, < 1. Clearly,

[E(Xe) ~ B(Xa0)| < (BX - X.]?) " 0
independently of ¢, ||¢||, < 1. Hence, for some n; > ng, and every n > nq,
P{X € K +rK} >P{X, € K"+ rK,} —¢.
Let Q be the map from IR" into E defined by Q(z) = > 1", zie;, 2 = (21,.. ., 2n).

Therefore
T (QTHK™)) =TP{X,, € K"} > ®(a — 2¢).
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Since the distribution of X,, is the image by @ of v, and since similarly IC,, is the
image by @ of the Euclidean unit ball, it follows from Theorem 1.3 that

IP{X, € K"+ rK,} = *yn((Q_l(K"))T) > d(a—2e+7).
Summarizing, for every n > 0,
p(K3" 4 7K) > ®(a —2c + 1) — €.
Since K and K are compact in F, letting 1 decrease to zero yields
pe(A+7rK) > p(K +rk) > ®(a—2e+71) —e.

Since € > 0 is arbitrary, the theorem is proved. O

The approximation procedure developed in the proof of Theorem 4.3 may be
used exactly in the same way on the basis of inequality (2.15) to show that, for every
r >0,

2
(4.6) pe(A+7rK) > 1—exp (—% + T(S(M(A)))
where we recall that
d(v) = / min (1 — v,e_t2”2/2)dt, 0<v<1.
0

The point here is that inequality (2.15) (and thus also inequality (4.6)) was obtained
at the very cheap price of Proposition 2.1. In what follows, inequality (4.6) will be
good enough for almost all the applications we have in mind.

Theorem 4.3, or inequality (4.6), of course allows us to recover the integrability
properties described in Theorem 4.1. For example, if f : £ — IR is measurable and
Lipschitz in the direction of H, that is

(4.7) |f(x+h)— f(z)| <|h| forallzeE, heH,
and if m is median of f for u, exactly as in the finite dimensional case (2.4),

(4.8) pf>m+r)<1—®r)<e /2

for every r > 0. In the same way, a finite dimensional argument on (2.8) shows that
[ fdu exists and that, for all r > 0,

(4.9) p(f > [fdu+r) <e /2

Indeed, assume first that f is bounded. We follow Proposition 4.2 and its notation.
Let f,, n > 1, be the conditional expectation of f with respect to B,. Define
fn:IR" — R by

ﬁ(z):/f(zn:ziei—i—y)du”(y), o= (a1,.. . 2m) € R,

i=1
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where p™ is the distribution of Zoon 41 Yi€i Then f,, under p has the same distri-

bution as fn under Y- Moreover, it is clear by (4.7) that fn is Llpschltz in the usual
sense on IR™ with || fn||L1p < 1. Therefore, by (2.8) applied to f,, for every r > 0,

w(fn > [fudp+r) <e /2,

Letting n tend to infinity, we see that (4.9) is satisfied for bounded functionals f on
E satisfying (4.7). When f is not bounded, set, for every integer N,

N = min (max(f, —N), N).
Then f still satisfies (4.7) for each N so that

,u(fN foNdu+r) Se_r2/2

for every r > 0. Of course, the same result holds for |fV]|. Let then m be such that
1(1f| <m) > 3. There exists Ny such that for every N > Ny, u(|fN| <m+1) > 1.

Let r9 > 0 be such that e T/2 < % Together with the preceding inequality for |f%],
we thus get that for every N > Ny,

/|fN|d,u§m+1—|—T0.

Moreover, u(|fN| > m+1+ry+7) < e_r2/2, r > 0. Hence, in particular, the
supremum supy [ |fV|?du is finite. The announced claim (4.9) now easily follows
by uniform integrability.

Let us also mention that the preceding inequalities (4.8) and (4.9) may of course
be applied to f(z) = ||z||, z € E, since, as we have seen,

[l + b~ llzll| < [IB] < olbl, @€ B, he.

It should be noticed that the H-Lipschitz hypothesis (4.7) has recently been
shown [E-S] to be equivalent to the fact that the Malliavin derivative Df of f
exists and satisfies |||[Df|,| . < 1. (Due to the preceding simple arguments, the
hypothesis that f be in L*(u) in the paper [E-S] is easily seen to be superfluous.)
But actually, that (4.7) holds when ||[Df|,[| <1 is the easy part of the argument
so that the preceding result is as general as possible. One could also prove (4.9)
along the lines of Proposition 2.1 in infinite dimension with the Ornstein-Uhlenbeck
semigroup associated to p. One however runs into the question of differentiability
in infinite dimension (Gross-Malliavin derivatives) that is not really needed here.

In the preceding spirit, it might be worthwhile to briefly describe some related
inequalities due to B. Maurey and G. Pisier [Pil]. Let f be of class C! on IR™ with
gradient V f. Let furthermore V' be a convex function on IR. To avoid integrability
questions, assume first that f is bounded. By Jensen’s inequality,

[V = ptanan < [ [ V(5@ - @) dn@dn )



47

Now, for z,y in IR", and every real number 6, set
2(0) = xsinf +ycosh, 2'(0) =zcosh— ysind.

We have

w/2 /2
f@) = 1w = [ 35 1)@ = [ 9r@o). @)

Hence, using Jensen’s inequality one more time but now with respect to the variable
0,

Jv-Jrage.<= | " [V (591 @6).'0)) () ()b,

By the fundamental rotational invariance of Gaussian measures, for any 6, the couple
(x(0),2'(0)) has the same distribution as the original independent couple (z,y).
Therefore, we obtained that

@ [V )i < [ V(5800w )

We leave it to the interested reader to properly extend this type of inequality to un-
bounded functions. It also easily extends to infinite dimensional Gaussian measures
1. Indeed, let f be smooth enough, more precisely differentiable in the direction of
H or in the sense of Gross-Malliavin (cf. e.g. [Bel], [Wal, [Nu]...). With the same
notation as in the proof of (4.9),

Vﬁb = (Delf7"'7Denf)7

where Dy, f is the derivative of f in the direction of h € H. Therefore, for every n,

[Vt =shanas [ [v(53 un.so)auterno

Hence, by Fatou’s lemma and Jensen’s inequality, (4.10) yields in an infinite dimen-
sional setting that

/V(f—ffdﬂ)du < //V(giyiDeif(w))dﬂ(w)d%o(y)

where 7, is the canonical Gaussian product measure on RN, If V is an exponential
function e**, we may perform partial integration in the variable y to get that

2.2

exp[A(f — [ fdp)]dp < [ exp A IDf13; ) dp.
/ [ 1pr%)
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In particular, if f is Lipschitz, we recover in this way an inequality similar to (2.8)
(or (4.9)) with however a worse constant. Inequality (4.10) is however more general
and applies moreover to vector valued functions (cf. [Pil]).

So far, we only used isoperimetry and concentration in a very mild way for the
application to the integrability properties. As we have seen, there is however a strong
difference between these integrability properties (Theorem 4.1) and, for example,
inequalities (4.4), (4.8) or (4.9). In these inequalities indeed, two parameters, and
not only one, on the Gaussian measure enter into the problem, namely the median
or the mean of the H-Lipschitz map f and its Lipschitz norm (the supremum o of
weak variances in the case of a norm). These can be very different even in simple
examples.

We now present another application of the Gaussian isoperimetric inequality
due to M. Talagrand [Tal]. It is a powerful strengthening on Theorem 4.1 that makes
critical use of the preceding comment. (See also [G-K1]| for some refinement.) More
on Theorem 4.4 may be found in Chapter 7.

Theorem 4.4. Let p be a Gaussian measure on E. For every € > 0, there exists
ro = ro(e) such that for every r > rq,

2
p(z; ||zl > e+ or) < exp(—; —I—er).

Ehrhard’s inequality (1.8) (or rather its infinite dimensional extension) indicates

that the map F(r) = ® ! (u(z;||z| < r)), r > 0, is concave. While Theorem 4.1

expresses that lim,_,, F(r)/r = 0, Theorem 4.4 yields lim, . [F(r) — (r/o)] = .

In other words, the line /o is an asymptote at infinity to F'. Notice furthermore
that Theorem 4.4 implies (is equivalent to saying) that

[ x5z (el = )? Jauto) <

for all € > 0.

Proof. Recall the series X = >_°°, g;e; of Proposition 4.2 which we consider on some
probability space (Q2,.4,IP). Let X,, = > "'  g;e; and X" = X — X,,, n > 1. Let
e > 0 be fixed and set A = {x € E;||z|| < ¢}. For every r > 0 and every integer
n > 1, we can write

P{||X||>c+or} <P{X ¢ A+rK}
<IP{|X,|>r}+P{|X,| <r X ¢ A+rK}.

On the set {|X,,| <7}, X ¢ A+ rK implies that
X" ¢ A+ (r® — X)) 2K

where K™ is the unit ball of the reproducing kernel Hilbert space associated to the
distribution of X". Indeed, if this is not the case,

X" =a+ (r? — |X,2) 0
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for some a € A and h"™ € K™. This would imply that
X =Xo+ X" =a+ X, + (= (X)) 0" = a+ k
where, by orthogonality, |k| < r. Therefore,
P{X ¢ A+ 7K} <TP{|X,| >} + P{|X.| < X" ¢ A+ (r* — | X, 2) K"}

Recall now the function § of (2.12) or (4.6) and choose n large enough in order that
S(P{||X™|| < e}) <e. Now, X, and X" are independent and |X,| = (37, 93)1/2.
Hence, by inequality (4.6),

]P{|Xn| S 'T',Xn ¢A+ (,,«2 o |Xn|2)1/21Cn}
= / eXp<_1 (r? = |Xnl?) +e(r? - \Xn]2)1/2> dIP
{|Xn|<r} 2
7"2
< Car” exp(—g +€T)

where C,, > 0 only depends on n. In summary,
P{IX| > =+ o7} < P{Zgz > } o exp(_g W)
i=1

from which the conclusion immediately follows. Theorem 4.4 is established. O

We now present some further applications of isoperimetry and concentration
to the study of large deviations of Gaussian measures. As an introduction to these
ideas, we first present the elementary concentration proof, due to S. Chevet [Che],
of the upper bound in the large deviation principle for Gaussian measures.

Let p be as before a mean zero Gaussian measure on a separable Banach space
E with reproducing kernel Hilbert space H. For a subset A of F, let

Z(A) = inf{i|n|*;h € AN}

be the classical large deviation rate functional in this setting. Set p.(-) = p(e71(+)),
e > 0. Let now A be closed in E and take r such that 0 < r < Z(A). By the very
definition of Z(A),

ANV2rk = 0.

Since A is closed and the balls in H are compact in F, there exists n > 0 such that
we still have

AN [V2rK + Bg(0,7)] =0

where Bg(0,7n) is the ball with center the origin and with radius » for the norm || - ||
in E. Since

lim 14(B(0,e™"n)) = lim pie (Bp(0,n)) = 1,
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it is then an immediate consequence of (4.6) (or Theorem 4.3) that for every ¢ > 0
small enough
T2 )

pe(A) < M([e_lx/ﬂlC + BE(O,6_177)}C) < exp(—e_2 + —

Therefore, since r < Z(A) is arbitrary,

limsup e log p.(A) < —Z(A).

e—0

This simple proof may easily be modified to yield some version of the large
deviation theorem with only “measurable operations” on the sets. One may indeed
ask about the role of the topology in a large deviation statement. As we will see, the
isoperimetric and concentration ideas in this Gaussian setting are powerful enough
to state a large deviation principle without any topological operations of closure or
interior.

Let, as before, (E,H, 1) be an abstract Wiener space. If A and B are subsets
of F, and if A is a real number, we set

M+ B={\x+y;xz € Ay € B},
AoB={xecA;xz+ B C A}

Crucial to the approach is the class V of all Borel subsets V' of E such that

11?;1(1)1f (V) > 0.

Notice that if V'€ V, then AV € V for every A > 0. Typically, the balls Bg(0,n),
n > 0, for the norm || - || on E belong to V while the balls in the reproducing kernel
Hilbert space H do not (when the support of p is infinite dimensional). A starlike
subset V' of E of positive measure belongs to V.

In the example of Wiener measure on Cy([0, 1]), the balls centered at the origin
for the Holder norm || - ||, of exponent o, 0 < o < 1, given by

||x||a = sup ‘113(8) —iL'(t)’

, x € Cy(l0,1]),
0<s#t<1  |s —t* o[0, 1]

do belong to the class V. Actually, the balls of any reasonable norm on Wiener space
for which Wiener measure is Radon are in V. Using the properties of the Brownian
paths, many other examples of elements of V may be imagined (cf. [B-BA-K]).

Provided with the preceding notation, we introduce new rate functionals, on
the subsets of E rather than the points. For a Borel subset A of F, set

r(A) =sup{r > 0;3V eV, (V+rK)NnA=0}
(r(A) =0if { } =0) and

s(A) =inf{s > 0;3V eV, (A V)N (sK) # 0}
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(s(A) = o0 if { } =0). The functionals r(-) and s(-) are decreasing for the inclusion.
Furthermore, it is elementary to check that 3r(A4)? > Z(A) when A is closed in
(E,||-]|) and that 3 s(A)? < Z(A) when A is open. These inequalities correspond to
the choice of a ball Bg(0,7) as an element of V in the definitions of 7(A) and s(A)
(cf. also the previous elementary proof of the classical large deviation principle).
Let us briefly verify this claim. Assume first that A is closed and let r be such that
0 <r <Z(A) (there is nothing to prove if Z(4) = 0). Then ANrK = () and since A
is closed and K is compact in F, there exists n > 0 such that AN (rkC+ Bg(0,7)) is
still empty. Now Bg(0,1) € V so that r(A) > v/2r. Since r < Z(A) is arbitrary, the
first assertion follows. When A is open, let h be in A NH (there is nothing to prove
if there is no such h). There exists n > 0 such that Bg(h,n) C A which means that

(A Be(0,m)) N (JhIK) #0.

Therefore, s(A) < |h| and since h is arbitrary in ANH, s(A4)* < Z(A). It should
be noticed that the compactness of I is only used in the argument concerning the
functional r(-). One may also note that if we restrict (without loss of generality)
the class V to those elements V for which 0 € V, then for any set A, 3r(A4)* <
Z(A) < 1s(A)% In particular, 27(A)? (respectively +s(A)?) coincide with Z(A) if A
is closed (respectively open).

The next theorem [BA-L1] is the main result concerning the measurable large
deviation principle. The proof of the upper bound is entirely similar to the pre-
ceeding sketch of proof of the classical large deviation theorem. The lower bound
amounts to the classical argument based on Cameron-Martin translates. Recall that
the Cameron-Martin translation formula [C-M] (cf. [Nel], [Ku], [Fe5], [Lif3]...) indi-
cates that, for any h in H, the probability measure p(h+ -) is absolutely continuous
with respect to p with density given by the formula

(4.11) pu(h+ A) = exp (—@) /Aexp(—ﬁ)du

for every Borel set A in E (where we recall that i = (j*|E;)*1(h)).

Theorem 4.5. For every Borel set A in F,

(4.12) limsupe” log pi-(4) < —ir(A)?
e—0
and
L 2 S 1 2
(4.13) hgi}élfé‘ log pe (A) > —55(A)”.

By the preceding comments, this result generalizes the classical large deviations
theorem for the Gaussian measure p (due to M. Schilder [Sc] for Wiener measure
and to M. Donsker and S. R. S. Varadhan [D-V] in general — see e.g. [Az], [D-S],
[Var]...) which expresses that

(4.14) lim sup e? log pe (A) < —Z(A),

e—0
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where A is the closure of A (in (E, |- |)) and

(4.15) liminf £? log yu. (A) > —Z(A)
e—0

where A is the interior of A. It is rather easy to find examples of sets A such that

ir(A)? > Z(A) and 1s(A)? < Z(A). (For example, if we fix the uniform topology

on Wiener space, and if A = {z; ||z||o > 1} where || - ||» is the Hélder norm of index

a, then r(A) > 0 but Z(A) = 0. (In this case of course, one can simply consider
Wiener measure on the corresponding Holder space.) More significant examples are
described in [B-BA-K].) Therefore, Theorem 4.5 improves upon the classical large
deviations for Gaussian measures.

Proof of Theorem 4.5. We start with (4.12). Let r > 0 be such that (V4+rK)NA =)
for some V' in V. Then

pe(A) = p(e'A) <1 — p(e7'V + e 1rK).

Since V' € V, there exists a > 0 such that u(e~!V) > « for every ¢ > 0 small
enough. Hence, by (4.6) (or Theorem 4.3),

from which (4.12) immediately follows in the limit.
As announced, the proof of (4.13) is classical. Let s > 0 be such that

(A V)N (sK) #10

for some V in V. Therefore, there exists h in H with |h| < s such that h+ V C A.
Hence, for every ¢ > 0,

pe(A) = pe™ A) > p(e (b + V).

By Cameron-Martin’s formula (4.11) (one could also use (1.10) in this argument),

w(e (b1 V) = exp (—g) /Elv exp (—é)d,u.

Since V' € V, there exists a > 0 such that u(e~!V) > « for every ¢ > 0 small
enough. By Jensen’s inequality,

h h du
Vap s petv - b4 ),
/alvexp< 5) w2 e )exp< /51V5 M(ﬁ_lv))
_ _ _ 1/2
[ Rns [ i< (/thﬂ) —|nl.
eV

Now,
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We have thus obtained that, for every € > 0 small enough,

pe(A) > p(e (b + V) > anp(_ﬂ _ M)

from which we deduce that

1 1
liminf e log pe (A) > —= |h]*> > — = 5%
e—0 2 2

The claim (4.13) follows since s may be chosen arbitrary less than s(A). The proof
of Theorem 4.5 is complete. O

It is a classical result in the theory of large deviations, due to S. R. S. Varad-
han (cf. [Az], [D-S], [Var]...), that the statements (4.14) and (4.15) on sets may be
translated essentially equivalently on functions. More precisely, if F' : £ — IR is
bounded and continuous on F,

Eli_r}r%)eS? log (/ exp(—gl2 F(sx))du(m)) = — inf (F(z) + Z(z)).

rzeEFE

One consequence of measurable large deviations is that it allows us to weaken the
continuity hypothesis into a continuity “in probability”.

Corollary 4.6. Let F' : E — IR be measurable and bounded on E and such that,
for every r > 0 and every n > 0,

limsup pi(z; sup |F(h+ex) — F(h)| > n) < 1.
e—0 |h|<r

Then,
Sli_I>r(l) £2log (/ exp(—gl2 F(sx))du(x)) = — inf (F(z) + Z(z)).

reFE

It has to be mentioned that the continuity assumption in Corollary 4.6 is not
of the Malliavin calculus type since limits are taken along the elements of E and
not the elements of .

Proof. Set
L(e) = /exp(—gi2 F(sx))du(a:), e>0.

By a simple translation, we may assume that F' > 0. For simplicity in the notation,
let us assume moreover that 0 < F < 1. For every integer n > 1, set

p={El< <kl k=2 n A}={F<i}

Since

- k—1
L(s) < (_
(e) < l; exp| ——5~

Jue (A7),
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we get that

k—1 1 2
I *log L(e) < — min S r(4n)?).
imsup e log (e) < min( — +2r( ¥

Since r(A}) > r({F < £}) and since n is arbitrary, it follows that

1 2
' 2 < — - <
(4.16) limsup * log L(e) < tlgé(t +3 r({F <t}) )

e—0

Now, we show that the right hand side of (4.16) is less than or equal to

Let t € IR be fixed. Let n > 0 and r > r({F < t}) (assumed to be finite). Set

V = {x; sup |F(h+z) — F(h)| < n}.

|h|<r
By the hypothesis, V € V. By the definition of r,
(V+rK)n{F <t} #0.

Therefore, there exist v in V and |h| < r such that F(h + v) < t. By definition of
V, F(h) <t+n. Hence
2
inf (F T <t —.
inf (F(z) +Z(2)) < t+n+ 3

Since n > 0 and r > r({F < t}) are arbitrary, the claim follows and thus, together
with (4.16),

(4.17) limsupe®log L(e) < — inf (F(z) + Z(z)).
e—0 z€l

The proof of the lower bound is similar. We have, for every n > 1,

k=1
=3 fow(a) oo < 2y
> 1 — k € k
2 5 2 op( g (P < 2

at least for all € > 0 small enough. Therefore,

o : 1 2
(4.18) 111511H1(1)1f L(e) > — tlélﬂg(t + 5 s({F <t}) )
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Now, let h be in H and set t = F'(h). Let n >0 and 0 < s < s({F < t+n}). We
will show that |h| > s. Let

V ={x;F(h+z) < F(h)+n}.
By the hypothesis, V € V and by the definition of s,
{F<t+ntoV)n(sk)=0.

It is clear that h € {F <t+n} o V. Hence |h| > s, and since s is arbitrary, we have
\h| > s({F <t+n}). Now, if t > —o0,

1
t+s({F<t+ n)’ < F(h) +Z(h).
Ift =—00,0 < s({F = —00}) < |h| < 00, and the preceding also holds. In any case,

Cnf (b4 L s({F < )?) < inf (F(2) + Z(x).
tcR 2 zC€E

Together with (4.18) and (4.17), the proof of Corollary 4.6 is complete. O

In the last part of this chapter, we prove a large deviation principle for the
Ornstein-Uhlenbeck process due to S. Kusuoka [Kus]. If p is a Gaussian measure on
FE, define, for every say bounded measurable function f on F, and every x € E and
t>0,

Pf(z) = [E fleta + (1 — e=2)Y2y)dp(y).

If A and B are Borel subsets of FE, set then, as at the end of Chapter 2,
Ky(A, B) = / Pu(Ip)dp, t>0.
A

We will be interested in the large deviation behavior of K;(A, B) in terms of the
‘H-distance between A and B. Set indeed

dw(A,B) = inf{|h — k|;h € A,k € B,h—k € H}.

One defines in the same way dy(x, A), € E, and notices that dy(z, A) < oo p-
almost everywhere if and only if (A + #H) = 1. By the isoperimetric inequality, this
is immediately the case as soon as pu(A) > 0.

The main result is the following. S. Kusuoka’s proof uses the wave equation.
We folllow here the approach by S. Fang [Fa] (who actually establishes a somewhat
stronger statement by using a slightly different distance on the subsets of E).

Theorem 4.7. Let A and B be Borel subsets in E such that (A) > 0 and p(B) > 0.
Then

lim sup 4t log K, (A, B) < —dy (A, B)%.
t—0
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If moreover A and B are open, then

lim inf 4¢ log K(A,B) > —dy(A, B)%
_>

Proof. We start with the upper bound which is thus based on Proposition 2.3. We use
the same approximation procedure as the one described in the proof of Theorem 4.3
and, accordingly the probabilistic notation put forward in Proposition 4.2. Denote
in particular by Y an independent copy of X (with thus distribution p). Assume
that dy(A,B) > r > 0. Choose K C A and L C B compact subsets of positive
measure. Let t > 0 be fixed and let ¢ > 0. We can write that, for every n > ng large
enough,

P{X € K,e”'X + (1 e ?)Y2Y ¢ K* +rK}
<IPP{X, € K% e 'X, + (1 —e )2y, ¢ K* +rK} +¢
<IPP{X, € K% e 'X, +(1—e )2, ¢ K +7K,} +e.

Hence, according to (2.16) of Chapter 2,
2
P{X € K,e'X +(1—e )2y ¢ K3 4+ rK} < exp (—m) + €.
—e
Letting € decrease to zero, by compactness,
2
P{X € K,e'X+(1—-e )Y ¢ K+rK} <exp (—m>
—e
and thus, by definition of r,
—t —2t\1/2 r

The first claim of Theorem 4.7 is proved.

The lower bound relies on Cameron-Martin translates. Let r = dy (A, B) > 0
(assumed to be finite). Let also h € ANH and k € BNH. Since A and B are open,
there exists 7 > 0 such that Bg(h,2n) C A and Bg(k,2n) C B. Therefore, for every
t>0,

Ki(A,B) > Ki(Bg(h,2n), Bg(k, 2n)).

By the Cameron-Martin translation formula (4.11),

oot m) [y (e o
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where C = {(z,y) € Ex E;x € Bg(h,2n),e "tz +(1—e"2)'/2y € Bg(h,2n)}. Now,
for t < to(n, h) small enough,

BE(h’777) X BE<0a 1) cC

so that

> exp (—%> 1(Bg(h,n))n(Be(0,1))

by Jensen’s inequality. Therefore,

lim inf 4t log K;(A, B) > —|h — k|
t—0

and the result follows since h and k are arbitrary in A and B respectively. The proof
of Theorem 4.7 is complete. O

Notes for further reading. There is an extensive literature on precise estimates on
the tail behavior of norms of Gaussian random vectors (involving in particular the
tool of entropy — cf. Chapter 6). We refer in particular the interested reader to
the works [Tad], [Tal3], [Lif2] and the references therein (see also [Lif3]). In the
paper [Lif2], a Laplace method is developed to yield some unexpected irregular
behaviors. Large deviations without topology may be applied to Strassen’s law of
the iterated logarithm for Brownian motion [B-BA-K], [BA-L1], [D-L]. In [D-L], a
complete description of norms on Wiener space for which the law of the iterated
logarithm holds is provided.
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5. LARGE DEVIATIONS OF WIENER CHAOS

The purpose of this chapter is to further demonstrate the usefulness and interest
of isoperimetric and concentration methods in large deviation theorems in the con-
text of Wiener chaos. This chapter intends actually to present some aspects of the
remarkable work of C. Borell on homogeneous chaos whose early ideas strongly influ-
enced the subsequent developments. We present here, closely following the material
in [Bo5], [Bo9], a simple isoperimetric proof of the large deviations properties of

homogeneous Gaussian chaos (even vector valued). We take again the exposition of
[Led2].

Let, as in the preceding chapter, (E,H, ) be an abstract Wiener space. Ac-
cording to Proposition 4.2, for any orthonormal basis (g;),c of the closure E3 of
E* in L?(u), p has the same distribution as the series Y. ¢;5*(g;). It will be con-
venient here (although this is not strictly necessary) to consider this basis in E*.
Let thus (&);cv € E* be any fixed orthonormal basis of EJ (take any weak-star
dense sequence of the unit ball of £* and orthonormalize it with respect to p us-
ing the Gram-Schmidt procedure). Denote by (hx),c the sequence of the Hermite
polynomials defined from the generating series

A2 =N Mo (2), Az eRR.
k=0

(Vk! hy) wen 1s an orthonormal basis of L?(v;) where 7; is the canonical Gaussian
measure on R. If a = (g, aq,...) € N e la] =ap+ a7 + -+ < o0, set

Ha:\/aHhaiogi

(where o! = aglag!---). Then the family (H,) constitutes an orthonormal basis of
L*(p).
Let now B be a real separable Banach space with norm || - || (we denote in

the same way the norm on E and the norm on B). LP((E,B,u); B) = LP(u; B)
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(0 < p < o0) is the space of all Bochner measurable functions F' on (F,u) with
values in B (p = 0) such that [||F||Pdp < oo (0 < p < c0). For each integer d > 1,
set

WD (; B) = {F € L*(u; B); (F, H,) = [FH,dp =0 for all a such that |a| # d}.

W (u; B) defines the B-valued homogeneous Wiener chaos of degree d [Wi]. An
element ¥ of W@ (; B) can be written as

¥ = Z <\I/7Ha> H,

lo|=d

where the multiple sum is convergent (for any finite filtering) p-almost everywhere
and in L?(y; B). (Actually, as a consequence of [Bo5], [Bo9] (see also [L-T2], or the
subsequent main result), this convergence also takes place in LP(u; B) for any p.)
To see it, we simply follow the proof of Proposition 4.2. Let, for each n, B,, be the
sub-o-algebra of B generated by the functions &g,...,&, on E and let ¥,, be the
conditional expectation of ¥ with respect to B,,. Recall that B may be assumed to
be generated by (£;),cn- Then

(5'1) v, = Z <\I/7Ha> H,

|a|=d
ar=0,k>n

as can be checked on linear functionals, and therefore, by the vector valued mar-
tingale convergence theorem (cf. [Ne2]), the claim follows. One could actually take
this series representation as the definition of a homogeneous chaos, which would
avoid the assumption F € L2(u; B) in W% (u; B). By the preceding comment, both
definitions actually agree (cf. [Bo5], [Bo9]).

As a consequence of the Cameron-Martin formula, we may define for every F
in L°(pu; B) and every h in H, a new element F(- + h) of LO(u; B). Furthermore, if
F is in L?(u; B), for any h € H,

62 [0 dute <exp( )(/HF P du(e )

Indeed,
/||F<x+h)\\du(x):/exp(_ﬁ(x) h]? )HF du(e)

from which (5.2) follows by Cauchy-Schwarz inequality and the fact that h =
(jTE*)_l(h) is Gaussian with variance |h|%.
2

Let F be in L?(p; B). By (5.2), for any h in H, we can define an element F(%) (h)
of B by setting

/2

F(h) = /F(:C + h)du(z).
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If ¥ € W (u; B), ¥4 (h) is homogeneous of degree d. To see it, we can work by
approximation on the ¥,’s and use then the easy fact (checked on the generating
series for example) that, for any real number A and any integer k,

/ e+ N () = 7 3

Actually, U9 (h) can be written as the convergent multiple sum

1 «
\Ij(d) (h) = Z a <\117Ha> h
la|=d

where h® is meant as (§y, h)*0 (&1, h)@t - - .

Given thus ¥ in W@ (u; B), for any s in B, set Zy (s) = inf{1|h|%;s = ¥(d)(n)}
if there exists h in H such that s = U(9(h), Zy(s) = oo otherwise. For a subset A
of B, set Zy(A) = infsca Zy(s).

We can now state the large deviation properties for the elements ¥ of W(®) (u; B).
The case d = 1 of course corresponds to the classical large deviation result for Gaus-
sian measures (cf. (4.14) and (4.15) for B = E and ¥ the identity map on E). From
the point of view of isoperimetry and concentration, the proof for higher order chaos
is actually only the appropriate extension of the case d = 1.

Theorem 5.1. Let p.(-) = u(e71(+)), e > 0. Let d be an integer and let ¥ be an
element of W9 (u; B). Then, if A is a closed subset of B,

(5.3) limsupe? log i (73 ¥(z) € A) < —Iy(A).

e—0

If A is an open subset of B,

(5.4) liminf e log p. (z; ¥ (z) € A) > —Ty(A).
e—0

The proof of (5.4) follows rather easily from the Cameron-Martin translation
formula. (5.3) is rather easy too, but our approach thus rests on the tool of isoperi-
metric and concentration inequalities. The proof of (5.3) also sheds some light on
the structure of Gaussian polynomials as developed by C. Borell, and in particular
the homogeneous structures. As it is clear indeed from [Bo5| (and the proof below),
the theorem may be shown to hold for all Gaussian polynomials, i.e. elements of
the closure in L°(u; B) of all continuous polynomials from E into B of degree less
than or equal to d. As we will see, W(® (y; B) may be considered as a subspace
of the closure of all homogeneous Gaussian polynomials of degree d (at least if the
support of 4 is infinite dimensional), and hence, the elements of W) (u; B) are p-
almost everywhere d-homogeneous. In particular, (5.3) and (5.4) of the theorem are
equivalent to saying that (changing moreover € into ¢~1)

1
(5.5) lim sup 2 log p(z; ¥(z) € t7A) < —Ty(A)
t— o0
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(A closed) and

t—o00

|
(5.6) lim inf o] log pu(w; U (z) € t9A) > —Ty(A),

(A open) and these are the properties we will actually establish.

Before turning to the proof of Theorem 5.1, let us mention some application.
If we take A in the theorem to be the complement U of the (open or closed) unit
ball U of B, one immediately checks that

Za(07) = 5 Gupl P )"

We may therefore state the following corollary of Theorem 5.1 which was actually
established directly from the isoperimetric inequality by C. Borell [Bo5| (see also
[Bo8|, [L-T2]). It is the analogue for chaos of Theorem 4.1.

Corollary 5.2. Let U be an element of W(? (y; B). Then

: 1 1 —2/d
lim 2tzwlogu(ac; H\Il(w)H > t) = —5(222“\1;(@@)”) 2/d

t—o0

As in Theorem 4.1, we have that

1 _
/exp(a||\I/||2/d)d,u < oo if and only if « < 3 (21612 ||\I/(d)(h)H) 2/a,

Furthermore, the proof of the theorem will show that all moments of ¥ are equivalent
(see also Chapter 8, (8.23)).

In the setting of the classical Wiener space E = Cy([0,1]) equipped with the
Wiener measure p, and when B = E, K. Ito [It] (see also [Nel] and the recent
approach [Str]) identified the elements ¥ of W@ (u; E)) with the multiple stochastic

integrals
t  rt1 ta—1
KD:(/ﬁ/ ~-/ MU,HJ@dW@g-~mva@)
0 Jo 0 te[0,1]

where k deterministic is such that

1 ,ty ta—1
0 JO 0

If h belongs to the reproducing kernel Hilbert space of the Wiener measure, then

t t1 ta—1
T (p) = (/ / / k(t, ..., ta) W (t1) - W (tq) dtl---dtd) .
0 JO 0 t€[0,1]
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Proof of Theorem 5.1. Let us start with the simpler property (5.4). Recall ¥,, from
(5.1). We can write (explicitly on the Hermite polynomials), for all  in E, h in H
and t real number,

n(x +th) = Ztklll(k) x, h).

If P(t) = ap+ait+---+aqt? is a polynomial of degree d in t € IR with vector coef-
ficients ag, aq, ..., aq, there exist real constants c(i, k,d), 0 < i,k < d, independent
of P, such that, for every k =0,...,d,

d
ar, = ¢(0,k,d)P(0) + (i, k,d)P(2"1).
i=1
Hence, for every h € H,
d

TP (- h) = c(0,k,d)¥n () + Y clisk, d) ¥, (- + 27 h)

=1

from which we deduce together with (5.2) that, for every k =0,...,d,

1/2
/||\I/(k):1:h||du <C(k:dh(/H\1/ )||*dpa() )

for some constants C'(k, d; h) thus only depending on k, d and h € H. In the limit,
we conclude that there exist, for every h in # and k = 0,...,d, elements U(*) (. h)
of L (u; B) such that

(- +th) = Ztk\ll(’“

for every t € IR, with

/ |99 (@, )| du(e) < C (k. d; h) (/ H\I’<x>||2du(x>>l/2

and WO (-, h) = £(-), VD (. h) = D (h) (since [ f(z + th)du(z) = tifD(h)). As
a main consequence, we get that, for every h in H,

(5.7) tim /||\Px+th) (0D (1) | dp(x) = 0.

t—oo t

This limit can be made uniform in h € K but we will not use this observation in this
form later (that is in the proof of (5.3); we use instead a stronger property, (5.9)
below).

To establish (5.4), let A be open in B and let s = ¥4 (h), h € H, belong to A
(if no such s exists, then Zy (A) = co and (5.4) then holds trivially). Since A is open,
there is 7 > 0 such that the ball B(s,n) in B with center s and radius 7 is contained
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in A. Therefore, if V =V (t) = {x € E;¥(z) € t?B(s,n)}, by the Cameron-Martin

translation formula (4.11),
d > R
p(z; U(z) € t?A) > p(V) = exp| th — ——— |dp.
—th

% 2

Furthermore, by Jensen’s inequality,

t2|h|2

u(V) zexp(— . )u(V—th) exp (ﬁ /v_th%d“)

By (5.7),
u(V —th) = p(z; ||O(z + th) — t* @D (n)| < nt?) >

DN | —

for all t > ty large enough. We have

. . " 1/2
/ hduz—/\h|du2—(/h2du> — _|hl.
V—th

Thus, for all ¢ > tg,
t

__ hdu > —2t|h),
WV — 1) /v_th A

and hence, summarizing,

d 1 t2|hf?
p(z; U(z) € t*A) > 5 &XP| —— — 2t|h] ).

It follows that

1 1
lim inf ) log p(z; ¥(z) € t4A) > —5 |h|? = —Ty(s)

t—o00

and since s is arbritrary in A, property (5.6) is satisfied. As a consequence of what
we will develop now, (5.4) will be satisfied as well.

Now, we turn to (5.3) and in the first part of this investigation, we closely follow
C. Borell [Bo5], [Bo9]. We start by showing that every element ¥ of W@ (u; B) is
limit (at least if the dimension of the support of p is infinite), u-almost everywhere
and in L2(u; B), of a sequence of d-homogeneous polynomials. In particular, ¥ is
p-almost everywhere d-homogeneous justifying therefore the equivalences between
(5.3) and (5.4) and respectively (5.5) and (5.6). Assume thus in the following that p
is infinite dimensional. We can actually always reduce to this case by appropriately
tensorizing u, for example with the canonical Gaussian measure on RY. Recall that
U is limit almost surely and in L?(u; B) of the ¥,,’s of (5.1). The finite sums ¥,,
can be decomposed into their homogeneous components as

U, = \pgbd) +\I’§1d_2) 4
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where, for any x in F,

o0

(5‘8) \Il%k)(x) = Z bil,n-,ik <€i1ax> <§i2=x> T <§1k7$>

1:1,4..,ik:0

with only finitely many b;, in B nonzero. The main observation is that the
constant 1 is limit of homogeneous polynomials of degree 2: indeed, simply take by
the law of large numbers

n

pa(@) = —— 3 (€3

n+1k:O

Since p,, and ) belong to LP(u) and LP(u; B) respectively for every p, and since
pn — 1 tends there to 0, it is easily seen that there exists a subsequence m, of
the integers such that (p,,, — 1)(@,@‘2) TR O -) converges to 0 in L?(u; B).
This means that W is the limit in L2(u; B) of ol 4 pmn(\If%d_Q) + ol sy
that is limit of a sequence of polynomials ¥/ whose decomposition in homogeneous

polynomials

is such that O/ () or ¥/ (0 and ¥/ (@) according as d is odd or even, can be taken
to be 0. Repeating this procedure, ¥ is indeed seen to be the limit in L2(u; B) of a
sequence (¥ ) of d-homogeneous polynomials (i.e. polynomials of the type (5.8)).

The important property in order to establish (5.5) is the following. It improves
upon (5.7) and claims that, in the preceding notations, i.e. if ¥ is limit of the
sequence (V) of d-homogeneous polynomials,

. 1 d 2
(5.9) Jim 2 sgp/:gg“@%(az +th) — t*W, (h)||” du(z) =0

where we recall that K is the unit ball of the reproducing kernel Hilbert space H of
w. To establish this property, given

oo

\Ij;L(x> = Z b?l ..... iq <le ) x> <§i27x> T <€id7 x)

il,...,id:0

(with only finitely many b}  , mnonzero), let us consider the (unique) multilinear

symmetric polynomial ¥/, on E? such that W/ (z,...,z) = ¥ (z); ¥, is given by
oo
\Ij/n<aj17"'7$d): Z b;rll ..... iq <€i17x1>"'<€id,xd>7 331,...,517d€E,
il,...,id:O
where

-~

n 1 n
bil,‘..,id = E Zba(il),...,a(id)7
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the sum running over all permutations o of {1,...,d}. We use the following polar-
ization formula: letting €4,...,c4 be independent random variables taking values
+1 with probability % and denoting by IE expectation with respect to them,

(5.10) @;(xl,...,xd)— E(W,, (121 + - + aa) €1 - - €4)-

dl

We adopt the notation 2% *y* for the element (x,...,z,y,...,y) in EY where z is
repeated (d — k)-times and y k-times. Then, for any x,y in F, we have

d
(5.11) U (x+y)= Z (Z) v (% Fy").

k=0

To establish (5.9), we see from (5.11) that it suffices to show that for all £ =
1,....d—1,

(5.12) sup/supH\T/’n(xd_khk)szp(m) < o0.
n hek

Let k be fixed. By orthogonality,

SupH\I/’ - khk)HQ
hek
< sup sup <C,‘T’;(w,---7$>h1,-~~ahk)>2

ICII<1 hase..,hi €K

[e’e} o0 2
< sup Z Z <<7 11,00yt ><€Zl7 > o <€id—k ) ‘T>
”CHSI [ k+41seeey 1q= 0 T1yeny ’Ldfk:O

= sup / /C‘If’ ST Y1, k) dp(yn) - - dp(y)

¢li<1

S/'“/H\/I}In(xv“'7x7y17---7yk)‘}2du(yl)"'dU(yk)'
By the polarization formula (5.10),
(I\f%(x,...,x,yl,...,yk)
= IE(‘If ((Ehp1+ - +ea)z+eyr + - +epyr) €1 €q)-

Therefore, we obtain from the rotational invariance of Gaussian distributions and
homogeneity that

(@)? [ sup [T, (@0 )
SIE// . '/||\D;1<(5k+l +ode)e 4 e+ -+ ey || dp(e)dp(n) - - dp(yr)
:IE/H\I’%(((%H o teq)? + k)1/2ac) H2 du(x)

—E(((epn + -+ 2a)® + k) / 19 ()| Pdpu(a)
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Hence (5.12) and therefore (5.9) are established.
We can now conclude the proof of (5.5) and thus of the theorem. It is intuitively
clear that

(5.13) lim sup|| ¥, (h) — TP (R)|| = 0.

n—oo hex

This property is an easy consequence of (5.9). Indeed, for all n and ¢ > 0,

sup || ¥7, () —TD (h)||
herx

<sup sup|| ¥, (h) — t_d/ U (z + th)du(z) H

m hek
+ sup t ¢ /\I!;L(x +th) —V(z+ th)H du(x)
hex
<sup / ZHEH\DIm(h) —t7 (x +th) | dp()
m €

+ sup td/Hw;(x L th) — W(z + th)|| du(z)
hek

and, using (5.2) and (5.9), the limit in n and then in ¢ yields (5.13). Let now A
be closed in B and take 0 < r < Zy(A). The definition of Zg(A) indicates that
(242D () N A = () where we recall that the unit ball K of H is a compact
subset of E. Therefore, since ¥(9(K) is clearly seen to be compact in B by (5.13),
and since A is closed, one can find 1 > 0 such that

(5.14) ((2r) 28 D(K) + B(0,2n)) N (A + B(0,71)) = 0.

By (5.13), there exists ng = ng(n) large enough such that for every n > ny,
(5.15) (2r)420 (K) C (2r)¥28D(K) + B(0,n).

Let thus n > ng. For any ¢ > 0, we can write

p(z; U(z) € t?A)
(5.16) < p(z; |[W(z) — W (2)| > nt?) + p(z; ¥, (2) € t(A+ B(0,7)))
<p(z; || U(z) — U (2)]| > nt?) + p (252 ¢ V + tV2rK)

where

V= V(tm) = {us sup =], (v + 0v2rh) — £4(20) 20, ()| < ).
hex

To justify the second inequality in (5.16), observe that if © = v+ tv/2rh with v € V
and h € K, then

= () = [, (v + tV2rh) — t42r) 20, (h)] + (2r) Y20, (),
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so that the claim follows by (5.14), (5.15) and the definition of V. By (5.9), let now
to = to(n) be large enough so that, for all ¢ > tq,

2
oup o [ supl| ¥t (o + varn) — 2w ) Pap(a) < 7

That is, for every n and every t > to, u(V(t,n)) > 1. By Theorem 4.3 (one could
use equivalently (4.6)), it follows that

(5.17) p (g V+ t@lC) <e
Fix now t > tg = to(n). Choose n = n(t) > ng = no(n) large enough in order that
p(z; || (z) — WL (2)]] > nt?) < e Tt
Together with (5.16) and (5.17), it follows that for every ¢ > to,
p(z; U(z) € t4) < 2Tt

Since r < Zy(A) is arbitrary, the proof of (5.5) and therefore of Theorem 5.1 is
complete. O

Note that it would of course have been possible to work directly on ¥ rather
than on the approximating sequence (V) in the preceding proof. This approach
however avoids several measurability questions and makes everything more explicit.

It is probably possible to develop, as in Chapter 4, a nontopological approach
to large deviations of Wiener chaos.

Notes for further reading. The reader may consult the recent paper [MW-N-PA] for
a different approach to the results presented in this chapter, however also based on
Borell’s main contribution (Corollary 5.2). Borell’s articles [Bo8], [Bo9]... contain
further interesting results on chaos. See also [A-G], [G-K2], [L-T2]...
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6. REGULARITY OF GAUSSIAN PROCESSES

In this chapter, we provide a complete treatment of boundedness and continuity
of Gaussian processes via the tool of majorizing measures. After the work of R. M.
Dudley, V. Strassen, V. N. Sudakov and X. Fernique on entropy, M. Talagrand [Ta2]
gave, in 1987, necessary and sufficient conditions on the covariance structure of a
Gaussian process in order that it is almost surely bounded or continuous. These
necessary and sufficient conditions are based on the concept of majorizing measure
introduced in the early seventies by X. Fernique and C. Preston, and inspired in
particular by the “real variable lemma” of A. M. Garsia, E. Rodemich and H. Rum-
sey Jr. [G-R-R]. Recently, M. Talagrand [Ta7] gave a simple proof of his theorem
on necessity of majorizing measures based on the concentration phenomenon for
Gaussian measures. We follow this approach here. The aim of this chapter is in
fact to demonstrate the actual simplicity of majorizing measures that are usually
considered as difficult and obscure.

Let T be a set. A Gaussian random process (or better, random function) X =
(Xt),eq is a family, indexed by T, of random variables on some probability space
(Q, A, IP) such that the law of each finite family (Xy,...,X¢, ), t1,...,t, € T,
is centered Gaussian on IR". Throughout this work, Gaussian will always mean
centered Gaussian. In particular, the law (the distributions of the finite dimensional
marginals) of the process X is uniquely determined by the covariance structure
E(X:X:), s,t € T. Our aim will be to characterize almost sure boundedness and
continuity (whenever T is a topological space) of the Gaussian process X in terms
of an as simple as possible criterion on this covariance structure. Actually, the main
point in this study will be the question of boundedness. As we will see indeed, once
the appropriate bounds for the supremum of X are obtained, the characterization
of continuity easily follows. Due to the integrability properties of norms of Gaussian
random vectors or supremum of Gaussian processes (Theorem 4.1), we will avoid,
at a first stage, various cumbersome and unessential measurability questions, by
considering the supremum functional

F(T) = sup{IE(sup X;); U finite in T'}.
teU
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(If S C T, we define in the same way F(S).) Thus, F(T) < oo if and only if X is
almost surely bounded in any reasonable sense. In particular, we already see that
the main question will reduce to a uniform control of F(U) over the finite subsets
UofT.

After various preliminary results [Fel], [De]..., the first main idea in the study
of regularity of Gaussian processes is the introduction (in the probabilistic area),
by R. M. Dudley, V. Strassen and V. N. Sudakov (cf. [Dul], [Du2], [Sul-4]), of the
notion of e-entropy. The idea consists in connecting the regularity of the Gaussian
process X = (X¢),cp to the size of the parameter set T for the L2-metric induced
by the process itself and given by

d(s,t) = (E|X, — X;*)"%, steT.

Note that this metric is entirely characterized by the covariance structure of the
process. It does not necessarily separate points in 7" but this is of no importance.
The size of T is more precisely estimated by the entropy numbers: for every € > 0,
let N(T,d;e) denote the minimal number of (open to fix the idea) balls of radius
¢ for the metric d that are necessary to cover T'. The two main results concerning
regularity of Gaussian processes under entropy conditions, due to R. M. Dudley
[Dul] for the upper bound and V. N. Sudakov [Su3] for the lower bound (cf. [Du2],
[Fed]), are summarized in the following statement.

Theorem 6.1. There are numerical constants C7 > 0 and Cy > 0 such that for all
Gaussian processes X = (Xt),cq»

61)  O7'supe(log N(T.d:<))' " < F(T) < 02/ (log N(T, d; )" de.
e>0 0

As possible numerical values for C; and Cs, one may take C; = 6 and Cy = 42
(see below). The convergence of the entropy integral is understood for the small
values of ¢ since it stops at the diameter D(T) = sup{d(s,t);s,t € T}. Actually,
if any of the three terms of (6.1) is finite, then (7,d) is totally bounded and in
particular D(T) < oo. We will show in more generality below that the process
X = (Xt),ep actually admits an almost surely continuous version when the entropy
integral is finite. Conversely, if X = (X;),c is continuous, one can show that
lim. o e(log N (T, d;¢))/2 = 0 (cf. [Fed)).

For the matter of comparison with the more refined tool of majorizing measures
we will study next, we present a sketch of the proof of Theorem 6.1.

Proof. We start with the upper bound. We may and do assume that 7 is finite
(although this is not strictly necessary). Let ¢ > 1 (usually an integer). (We will
consider q as a power of discretization; a posteriori, its value is completely arbitrary.)
Let ng be the largest integer n in 7 such that N(7T',d;¢q~™) = 1. For every n > ng, we
consider a family of cardinality N (7, d;q~") = N(n) of balls of radius ¢~—™ covering
T. One may therefore construct a partition A,, of T' of cardinality N(n) on the basis
of this covering with sets of diameter less than 2¢~". In each A of A,,, fix a point of
T and denote by T;, the collection of these points. For each ¢ in T', denote by A, (t)
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the element of A,, that contains ¢. For every ¢ and every n, let then s, (¢) be the
element of T;, such that t € A, (s,(t)). Note that d(t, s,(t)) < 2¢~" for every ¢t and
n > ng.

The main argument of the proof is the so-called chaining argument (which goes
back to A. N. Kolmogorov in his proof of continuity of paths of processes under
LP-control of their increments): for every t,

(6.2) =X + Z an®) — Xen1 (1)

n>ngo

where sg = sy, (t) may be chosen independent of ¢t € T'. Note that
d<3n(t)7 Sn—1<t)) <2¢7"+ 2q_n+1 =2q+1)g "
Let ¢, = 4(q + 1)g " (log N(n))'/%, n > ng. It follows from (6.2) that

F(T) = E(sup X,)

< ZCn“E(SUP > Xy = Xew s H11x0, 00 -x. 1<t>|>cn})

teT

n>ngo n>ngo
< ch+]E(Z Z |Xu_Xv‘I{|XuXU|>cn})
n>ng n>ng (u,v)eH,

where H,, = {(u,v) € T, X Tr,_1;d(u,v) < 2(¢+ 1)g~"}. If G is a real centered
Gaussian variable with variance less than or equal to o2, for every ¢ > 0

2 2
E(|G|L6|>e)) < o€ /27

Hence,
Z Cn + Z Card(H,)2(q + 1)g " exp(—c2/8(q + 1)%q™*")
n>no n>ngo
<Z (¢g+ 1)g 10gN 1/2—1—2 (g+1
n>no n>ng
<T7(qg+1) Zq (log N(n ))1/2
n>ngo

where we used that Card(H,,) < N(n)?2. Since

/ (log N(T, d; £)) "/ de > Z/ (log N(T, d;e)) " *de
n—1

0 n>ngo

>(1-q¢7Y) Y ¢ (log N(n)'”?,

n>no

the conclusion follows. If ¢ = 2, we may take Cy = 42.
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The proof of the lower bound relies on a comparison principle known as Slepian’s
lemma [Sl]. We use it in the following modified form due to V. N. Sudakov, S.
Chevet and X. Fernique (cf. [Sul], [Su2], [Fed], [L-T2]): if Y = (Y3,...,Y,) and
Z = (Z,...,2Zy) are two Gaussian random vectors in IR" such that E|Y; — Y;|? <
IE|Z; — Z;|? for all i, j, then

(6.3) IE(lréliannY;) < IE(lréliaSXn Z;).

Fix e > 0 and let n < N(T,d;e). There exist therefore t¢q,...,t, in T such that

d(ti,t;) > e. Let then ¢1,. .., g, be independent standard normal random variables.
We have, for every ¢,5 =1,...,n,
€ € 2
IE—Z'—— i :€2<dti,t':IEX,—X,2.
S50 S a| =2 S dltty) = BIX, - X,

Therefore, by (6.3),

F(T) > IE)( max Xti) >

= b max, ]E( max gi).

1<i<n

Sk

Now, it is classical and easily seen that

N > 1/2
E(max g:) > ¢ (logn)

for some numerical ¢ > 0 (one may choose ¢ such that v/2/c < 6). Since n is
arbitrary less than or equal to N (T, d;¢), the conclusion trivially follows. Theorem
6.1 is established. O

As an important remark for further purposes, note that simple proofs of Su-
dakov’s minoration avoiding the rather rigid Slepian’s lemma are now available.
These are based on duality of entropy numbers [TJ] and are presented in [L-T2].
They allow the investigation of minoration inequalities outside the Gaussian setting
(cf. [Tal0], [Tal2]). Note furthermore that we will only use the Sudakov inequality
in the proof of the majorizing measure minoration principle (cf. Lemma 6.4).

A simple example of application of Theorem 6.1 is Brownian motion (W (t))y«<,<;
on T = [0,1]. Since d(s,t) = \/|s — t|, the entropy numbers N(T,d;e) are of the
order of e72 as € goes to zero and the entropy integral is trivially convergent. To-
gether with the proof of continuity presented below in the framework of majorizing
measures, Theorem 6.1 is certainly the shortest way to prove boundedness and con-
tinuity of the Brownian paths.

In Theorem 6.1, the difference between the upper and lower bounds is rather
tight. It however exists. The examples of a standard orthogaussian sequence or
of the canonical Gaussian process indexed by an ellipsoid in a Hilbert space (see
[Dul], [Du2], [L-T2|, [Tal3]) are already instructive. We will see later on that the
convergence of Dudley’s entropy integral however characterizes F(T) when T has a
group structure and the metric d is translation invariant, an important result of X.
Fernique [Fe4].
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If one tries to imagine what can be used instead of the entropy numbers in order
to sharpen the conclusions of Theorem 6.1, one realizes that one feature of entropy
is that is attributes an equal weight to each piece of the parameter set 1. One is then
naturally led to the possible following definition. Let, as in the proof of Theorem
6.1, ¢ be (an integer) larger than 1. Let A = (A,), .4 be an increasing sequence
(i.e. each A € A,,41 is contained in some B € A,,) of finite partitions of 7" such that
the diameter D(A) of each element A of A,, is less than or equal to 2¢7". If t € T,
denote by A, (t) the element of A,, that contains t. Now, for each partition A,,, one
may consider nonnegative weights «,(A4), A € A,, such that 3, 4 a,(A) < 1.
Set then

1 1/2
(6.4) Oua = OualT,d) —Suqu (logm) .

teT

It is worthwhile mentioning that for 2¢™" > D(T'), one can take A, = {T'} and
an(T) = 1. Denote by O(T',d) the infimum of the functional © 4, over all possible
choices of partitions (A,), ., and weights a,,(A). In this definition, we may take

equivalently
1 1/2
= 2 (1 a )

’)’L

where m is a probability measure on (7, d). Indeed, if © 4 o, < 00, it is easily seen
that D(T") < oco. Let then ng be the largest integer n in 7 such that 2¢=" < D(T).
Fix a point in each element of A,, and denote by T,,, n > ng, the collection of these
points. It is then clear that if m is a (discrete) probability measure such that

1 - q Z q T Z an(An(t))6t7

n>ng te’l,

where d; is point mass at ¢, the functional © 4, is of the same order as © 4o (see
also below). We need not actually be concerned with these technical details and
consider for simplicity the functionals © 4 . Furthermore, the number ¢ > 1 should
be thought as a universal constant.

The condition ©(T,d) < oo is called a majorizing measure condition and the
main result of this section is that C~'O(T,d) < F(T) < CO(T,d) for some con-
stant C' > 0 only depending on ¢. In order to fully appreciate this definition, it
is worthwhile comparing it to the entropy integral. As we used it in the proof of
Theorem 6.1, the entropy integral is equivalent (for any ¢) to the series

Z q- logN (T,d;q~ ))1/2.

n>no

We then construct an associated sequence (A), .z of increasing partitions of T
and weights a,,(A) in the following way. Let A,, = {T'} and «,,(T) = 1 for every
n < ng. Once A, (n > ng) has been constructed, partition each element A of A,
with a covering of A of cardinality at most N(A4,d;¢ ") < N(T,d;q " !) and
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let A,,4+1 be the collection of all the subsets of T obtained in this way. To each A in
A, n > ng, we give the weight

((T) =1). Clearly > 4 4 an(A) < 1. Moreover, for each t in T,

n 1 1/2
Z q (logm> Z Z "(log N(T,d;q™"))

n>no n>ng i=ng+1
1/2
<(¢g—1)" Zq logNqu ))/
1>ng

In other words,

1/2d€

o) < C’/ (log N(T, d;¢))
0
where C' > 0 only depends on ¢ > 1.

It is clear from this construction how entropy numbers give a uniform weight to
each subset of T and how the possible refined tool of majorizing measures can allow a
better understanding of the metric properties of T'. (Actually, one has rather to think
about entropy numbers as the equal weight that is put on each piece of a partition of
the parameter set 7'.) This is what we will investigate now. First however, we would
like to briefly comment on the name “majorizing measure” as well as the dependence
on g > 1 in the definition of the functional O(T, d). Classically, a majorizing measure
m on T is a probability measure on the Borel sets of T" such that

1/2

(6:5) i‘;%’/om (logm) desoe

where B(t,¢) is the ball in T with center ¢ and radius £ > 0. As the definition of the
entropy integral, a majorizing measure condition only relies on the metric structure
of T and the convergence of the integral is for the small values of . In order to
connect this definition with the preceding one (6.4), let ¢ > 1 and let (A,), .4 be
an increasing sequence of finite partitions of 7' such that the diameter D(A) of each
element A of A,, is less than or equal to 2¢~". Let furthermore m be a probability
measure on 7. Note that A, (t) C B(t,2¢~") for every t. Therefore

%ﬁ@gmﬁaﬁyh““iy O% B&%)Om
1 1/2
<030 (10 )

'I’L

where C' > 0 only depends on ¢. Since m is a probability measure, we can set
an(A) = m(A) for every A in A,, and every n. It immediately follows that, for every
q>1,

0o 1 1/2
inf su log —— de < CO(T,d
mmﬁé (gmwmaD < ceTd)
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where C only depends on ¢. One can prove the reverse inequality in the same spirit
with the help however of a somewhat technical and actually nontrivial discretization
lemma (cf. [L-T2], Proposition 11.10). In particular, the various functionals ©(7T', d)
when ¢ varies are all equivalent. We actually need not really be concerned with these
technical details since our aim is to show that F(T") and O(T,d) are of the same
order (for some g > 1). (It will actually follow from the proofs presented below that
the functionals ©(T, d) are equivalent up to constants depending only on g > gq for
some universal gg large enough.)

Now, we start our investigation of the regularity properties of a Gaussian pro-
cess X = (X}),cp under majorizing measure conditions. The first part of our study
concerns upper bounds and sufficient conditions for boundedness and continuity of
X. The following theorem is due, in this form and with this proof, to X. Fernique
[Fe3], [Fed]. It follows independently from the work of C. Preston [Prl], [Pr2].

Theorem 6.2. Let X = (X;),.; be a Gaussian process indexed by a set T. Then,
for every q > 1,
F(T) < CO(T,d)

where C' > 0 only depends on q. If, in addition to © 4, < co for some partition A
and weights «, one has

1/2
1
(6.6) lim sup » ¢ " <log —> =0,
2 an (An(t))
then X admits a version with almost all sample paths bounded and uniformly con-
tinuous on (T, d).

Proof. 1t is very similar to the proof of the upper bound in Theorem 6.1. We first
establish the inequality F(T') < CO 4,(T,d) for any partition A and any family of
weights a. We may asssume that 7T is finite. Let ng be the largest integer n in 7
such that the diameter D(T') of T is less than or equal to 2¢—". For every n > ng, fix
a point in each element of the partition A,, and denote by T,, the (finite) collection
of these points. We may take T,,, = {so} for some fixed sg in T'. For every t in T,
denote by s, (t) the element of T;, which belongs to A, (¢). As in (6.2), for every ¢,

Xt = XSO + Z (Xsn(t) - Xsnfl(t))'

n>ngo

Since the partitions A,, are increasing,
sn(t) € Ap—q (sn(t)) =A,_1(t), n>ng.

In particular, d(s,(t), s,_1(t)) < 2¢7""!. Now, for every ¢ in T and every n > ny,
let

1/2
cn(t) = 2v2¢ 1! <10g m> .



75

With respect to the entropic proof, note here the dependence of ¢,, on t which is the
main feature of the majorizing measure technique. Actually, the partitions A and
weights a are used to bound, in the chaining argument, the “heaviest” portions of
the process. We can now write, almost as in the proof of Theorem 6.1,

F(T)
< Sup Z C'n, +]E<Sllp Z ’Xsn - sn1(t)|I{|Xsn(t)_Xsn_1(t)>Cn(t)}>
teT S teT S
<sup Y en(t +1E(Z Do 1Xu = Xo [ gxa—x., 1(u)>cn<u>})
teT n>no n>no uel,
< sup Z cn(t Z Z 2¢ " exp(—ci(u) /8¢ %" ?).
teT n>ngo n>nog uel,
Therefore
) < sup Z en(t Z 2¢ "1 Z Qn (A
teT n>ng n>ngo ueTy,
< sup Z cn(t) +2(q — 1) tgmmo
teT n>ng
Since

@A,a > (log 2)1/2q—n0—1,

the first claim of Theorem 6.2 follows.
We turn to the sample path continuity. Let n > 0. For each k (> ng), set

V =V, ={(z,y) € Ty x T; Ju,v in T such that
d(u,v) < nand sg(u) = z, s5(v) = y}.

If (x,y) € V, we fix ugy, vy, in T such that sg(uz,) = x, sg(vs,y) = y and
d(ugp,y,Vz,y) < n. Now, let s,¢t in T with d(s,t) < n. Set = = si(s), y = si(t).
Clearly (z,y) € V. By the triangle inequality,

- X

|Xs - Xt’ < |Xs - Xsk(s)l + |Xsk(s) | + |X

vz,y|

+ X, , = Xsp)] T 1 Xap ) — Xil
< sup |X., , — Xo, y| +4sup | X, — Xsk(r)|.
(z,y)EV ’ ’ reT
Clearly,
E( sup [X,,, — X, ,|) < n(Card(Tk))Q.
(z,y)EV

Now, the chaining argument in the proof of boundedness similarly shows that

1 1/2
IE(sup | X; — X, < Csu "llog ————
(suplXe = Xul) < Csup 2, 0 (% o)
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for some constant C' > 0 (independent of k). Therefore, hypothesis (6.6) and the
preceding inequalities ensure that for each € > 0 there exists n > 0 such that, for
every finite and thus also countable subset U of T,

]E( sup | Xs — Xt\) <e¢
s,teU,d(s,t)<n

Since (T, d) is totally bounded, there exists U countable and dense in 7". Then, set
)?t = X; if t € U and )A(:t = lim X; where the limit, in probability or in L', is
taken for u — t, u € U. Then (X;),., is a version of the process X with uniformly
continuous sample paths on (7, d). Indeed, let, for each integer n, n,, > 0 be such
that B B
E( sup |X,—X|) <4™™
d(s,t)<nn
Then, if C, = {SUpy(e <y, [Xs—Xe| > 277}, 32, IP(C,,) < 00 and the claim follows
from the Borel-Cantelli lemma. The proof of Theorem 6.2 is complete. O

We now turn to the theorem of M. Talagrand [Ta2] on necessity of majorizing
measures. This result was conjectured by X. Fernique back in 1974. As announced,
we follow the simplified proof of the author [Ta7] based on concentration of Gaussian
measures. This new proof moreover allows us to get some insight on the weights «
of the “minorizing” measure.

Theorem 6.3. There exists a universal value qo > 2 such that for every q > q¢ and
every Gaussian process X = (Xy),cp indexed by T,

O(T,d) < CF(T)
where C' > 0 is a constant only depending on q.

Proof. The key step is provided by the following minoration principle based on con-
centration and Sudakov’s inequality. It may actually be considered as a strengthen-
ing of the latter.

Lemma 6.4. There exists a numerical constant 0 < ¢ < % with the following

property. If € > 0 and if t1,...,ty are points in T such that d(ty,ts) > €, k # ¢,
N > 2, and if By, ..., By are subsets of T' such that By C B(tg,ce), k =1,...N,
we have

> 1/2
]E(11<I}€84<XNtS€uBPk X;) > ce(log N)'/? + g/lfl%lNE(tSeugk Xt).

Proof. We may assume that By is finite for every k. Set Yy = sup;cp, (X: — X3,),
k=1,...,N. Then,

sup X; = (Yk — IEYk) + IEY; + th
tEBy

and thus

. X X Y, — EY] E X
61 gy Yo < sy X e, Y~ 0 =, min, B(sup o).
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Integrate both sides of this inequality. By Sudakov’s minoration (Theorem 6.1),

—1 1/2
E(lgaéXNth) > O te(log N)Y2,

Furthermore, the concentration inequalities, in the form for example of (2.9) or (4.2),
(4.3), show that, for every r > 0, and every k,

P{|V; — EYy| > 7} < 2e77 /2",
This estimate easily and classically implies that

_ < 1/2
IE H?<XN|Y’€ EY)|) < Csce(log N)

1

where C3 > 0 is numerical. Indeed, by the integration by parts formula, for every
0 >0,

I max Vi~ BY) <5+ [ P{ max Vi~ BY| > r}ar
<k< 5 <k<

<oan [ ey
s

and the conclusion follows by letting & be of the order of ce(log N)'/2. Hence, coming
back to (6.7), we see that if ¢ > 0 is such that O% —c(C'3 = ¢, the minoration inequality
of the lemma holds. The value of ¢y in Theorem 6.3 only depends on this choice.
(Since we may take C7 = 6 and C3 = 20 (for example), we see that ¢ = .007 will
work.) Lemma 6.4 is proved. O

We now start the proof of Theorem 6.3 itself and the construction of a partition
A and weights a. Assume that F(T) < oo otherwise there is nothing to prove. In
particular, (T, d) is totally bounded. We further assume that ¢ > qo where gg = ¢!
has been determined by Lemma 6.4.

For each n and each subset of T of diameter less than or equal to 2¢~
construct an associated partition in sets of diameter less than or equal to 2¢
Let thus S be a subset of T' with D(S) < 2¢~™. We first construct by induction a
(finite) sequence (tg),~, of points in S. ¢; is chosen so that F(S N B(t1,q " ?)) is
maximal. Assume that t1,...,¢,_1 have been constructed and set

" we will

—n—1

Hy = J(SNB(te,g ).
1<k

If H, = 5, the construction stops (and it will eventually stop since (7', d) is totally
bounded). If not, choose t; in S\ Hy such that F(By) is maximal where we set

By = (S \ Hg) N B(ty,q " 2). For every k, let

Ak = (S \ Hk> N B(tk,q_n_l).
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Clearly D(Ay) < 2¢7 "~ ! and the A,’s define a partition of S. One important feature
of this construction is that, for every ¢ in Ag,

(6.8) F(Ay N B(t, g "?)) < F(By).

n—1

On the other hand, the minoration lemma 6.4 applied with e = ¢~ yields (since

q > c™ 1), for every k,
(6.9) F(S) > cqg " L(logk)Y? + F(By).

We denote by A(S) this ordered finite partition {A;,..., Ag,...} of S. (6.8) and
(6.9) together yield: for every Ay € A(S) and every U € A(Ay),

(6.10) F(S) > cq " logk)Y? + F(U).
We now complete the construction. Let ng be the largest in 7ZZ with D(T") <

2¢q~ . Set A,, = {T} and «,,(T') = 1 for every n < ng. Suppose that A,, and a,,(5),
S e A,, n> ng, have been constructed. We define

Anpr = J{A(S): S € A, }.

IfU € A1, there exists S € A, such that U = Ay € A(S). We then set av,11(U) =
an(A)/2k%. Let t be fixed in T. With this notation, (6.10) means that for all n > ng,

an(A, () \"?
o) F(arat)

F(An(t) > c27Y/2gnl (log

where we recall that we denote by A, (t) the element of A,, that contains ¢. Summing
these inequalities separately on the even and odd integers, we get

o 1/2
2OF (T) > c9-1/2 Z g " (log n(An(t))t)))

20571—1—1 (An+1 (

n>no
and thus

. 1/2
clg—1)7lg +2F(T) > 27 P (1—g7h) Y g (log m) '

n>no
Since 2¢—" < D(T'), and since

2F(T) = sup{IE( sup |X; — X¢|); U finite in T'}
s, teU

9 \ 1/2
> sup E| X, — X :<—) D(T),
s, teT | t| ﬁ ( )
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it follows that, for some constant C' > 0 only depending on g,

T)>c Yy ¢ " (log m)m.

n>no
Theorem 6.3 is therefore established. O

It may be shown that if the Gaussian process X in Theorem 6.3 is almost surely
continuous on (7', d), then there is a majorizing measure satisfying (6.6). We refer
to [Ta2] or [L-T2] for the details.

Theorem 6.3 thus solved the question of the regularity properties of any Gaus-
sian process. Prior to this result however, X. Fernique showed [Fe4] that the conver-
gence of Dudley’s entropy integral was necessary for a stationary Gaussian process
to be almost surely bounded or continuous. One can actually easily show (cf. [L-T2])
that, in this case, the entropy integral coincides with a majorizing measure integral
with respect to the Haar measure on the underlying parameter set 7" endowed with
a group structure. One may however also provide a direct and transparent proof of
the stationary case on the basis of the above minoration principle (Lemma 6.4). We
would like to conclude this chapter with a brief sketch of this proof.

Let thus 7" be a locally compact Abelian group. Let X = (X;),. be a stationary
centered Gaussian process indexed by 7, in the sense that the L2-metric d induced
by X is translation invariant on 7'. As announced, we aim to prove directly that for
some numerical constant C' > 0,

/Oo(log N(T,d;e))"*de < CF(T).
0

(cf. [Fed], [M-P], [L-T2] for more general statements along these lines.) Since d is
translation invariant,

E( sup X,) and N(B(te),d;n), &n>0,
s€B(t,e)

are independent of the point . They will therefore be simpler denoted as

E( sup X,) and N(B(e),d;n).
s€B(e)

Let n € Z. Choose in a ball B(¢™") a maximal family (¢1,...,t)) under the
relations d(ty,t;) > ¢ "1, k # £. Then the balls B(ty,q " '), 1 < k < M, cover
B(q™") so that M > N(B(q¢™"),d;q " '). Apply then Lemma 6.4 with e = ¢~"!,
q>qo=c ! and B, = B(ty,q " 2). We thus get

E( sup X;)>cg " (log N(B(g™™),dig ")) +E( sup X,).

teB(q—™) teB(g="~2)

Summing as before these inequalities along the even and the odd integers yields

>012q (log N(B(q™™),d; ¢ "~ ")"/2.
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Since
N(T,d;q" " ") < N(T,d; ¢ ")N(B(qg™™),d; ¢ ")),

the proof is complete.

To conclude, let us mention the following challenging open problem. Let z;,
i € IN, be real valued functions on a set T such that Y, x;(t)? < oo for every
t € T. Let furthermore (&;),.y be a sequence of independent symmetric Bernoulli
random variables and set, for each t € T', X; = ), ¢;x;(t) which converges almost
surely. The question of characterizing those “Bernoulli” processes (X¢),c which are
almost surely bounded is almost completely open (cf. [L-T2], [Tal4]). The Gaussian
study of this chapter of course corresponds to the choice for (g;); . of a standard
Gaussian sequence.

Notes for further reading. On the history of entropy and majorizing measures, one
may consult respectively [Du2|, [Fe4] and [He], [Fed], [Ta2], [Tal8]. The first proof
of Theorem 6.3 by M. Talagrand [Ta2| was quite different from the proof presented
here following [Ta7]. Another proof may be found in [L-T2]. These proofs are based
on the fundamental principle, somewhat hidden here, that the size of a metric space
with respect to the existence of a majorizing measure can be measured by the size of
the well separated subsets it contains (see [Tal0], [Tal2] for more on this principle).
More on majorizing measures and minoration of random processes may be found
in [L-T2] and in the papers [Tal0O], [Tal2], and in the recent survey [Tal8] where
in particular new examples of applications are described. It is shown in [L-T2] how
the upper bound techniques based on entropy or majorizing measures (Theorems
6.1 and 6.2) can yield deviation inequalities of the type (4.2), which are optimal by
Theorem 6.3. Sharp bounds on the tail of the supremum of a Gaussian process can be
obtained with these methods (see e.g. [Tal3], [Lif2], [Lif3] and the many references
therein). On construction of majorizing measures, see [L-T2], [Tal4], [Tal8]. For the
applications of the Dudley-Fernique theorem on stationary Gaussian processes to
random Fourier series, see [M-P], [L-T2].



81

7. SMALL BALL PROBABILITIES FOR GAUSSIAN MEASURES
AND RELATED INEQUALITIES AND APPLICATIONS

While, as we saw in Chapter 4, the behavior of (the complement of) large balls
for Gaussian measures is relatively well described, small ball probabilities are much
less known. This problem has gone recently a quick development and we intend to
present in this chapter some significant recent results, although it seems that there
is still a long way to the final word (if there is any). In the first part of this chapter,
we describe a simple method to evaluate small Brownian balls and to establish
various sharper concentration inequalities. Then, we present some more abstract
and general results (due to J. Kuelbs and W. Li and M. Talagrand) which show
in particular, on the basis of the isoperimetric tool, that small ball probabilities
for Gaussian measures are closely related to some entropy numbers. In particular,
we establish an important concentration inequality for enlarged balls due to M.
Talagrand. To conclude this chapter, we briefly discuss some correlation inequalities
which have been used recently to extend the support of a diffusion theorem, the
large deviations of dynamical systems as well as the existence of Onsager-Machlup
functionals for stronger norms or topologies on Wiener space.

We introduce the question of small ball probabilities for Gaussian measures
with the example of Wiener measure. Let W = (W(t)),~, be Brownian motion

with values in IR?. Denote by ||z||., = SUPsepo,1) |(t)| the supnorm on the space

of continuous functions Cy ([0, 1]; IRY) (vanishing at the origin) where we equip, for
example, IR? with its usual Euclidean norm |- |. Let € > 0. By the scaling property,
for every A > 0,

P{IWl, < e} =1P{ sup [W(H) <evA}

Choosing A = €72, we see that
P{|W|, <e}=P{r>e?}

where 7 is the exit time of W from the unit ball B of R%. Tt is known (cf. [I-W])
that u(t,z) = E(f(W(t) +2)I{+>4), € B, t > 0, is the solution of the initial value
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Dirichlet problem

0 1
8—1; = §Au in B, wupp=0, uyp==/
Therefore -
u(t.) = 3" 6u(0) [ on)f W)y,
n=1 B
where 0 < Ay < Ay < ... are eigenvalues and ¢1, ¢o,... are corresponding eigen-

functions of the eigenvalue problem
1 i
EAgb—f—)\gzﬁ:Om B, ¢s8 =0.
In particular
Pir=e?) = 3 e 0,0 [ onw)dy
n=1 B
and thus

(7.1) P{W,, <e}~e /6y (0) /B 61 (y)dy.

In particular, it is known that A\; = 72/8 for d = 1.

While the proof of (7.1) relies on some very specific properties of both the
Brownian paths and the supnorm, one may wonder for the behavior of small ball
probabilities for some other norms on Wiener space, such as for example LP-norms
or the classical Holder norms of index «a for every 0 < a < % In what follows,
we will describe some small ball Brownian probabilities, including the ones just
mentioned, using some more abstract tools (which could eventually generalize to
other Gaussian measures). We will however only work at the logarithmic scale. We
use series expansions of Brownian motion in the Haar basis of [0,1]. We present
the various results following the exposition of W. Stolz [St1], inspired by the works
[B-R], [Ta9] and [Tal4] (among others). For simplicity, we work below with a one-
dimensional Brownian motion and write Cy([0, 1]) for Cy([0, 1];IR).

We only concentrate here on the Brownian case. We mention at the end of the
chapter references of extensions to some more general processes. Of course, a lot
is known on small Hilbert balls for arbitrary Gaussian measures (cf. e.g. [Sy], [Zo],
[K-L-L], [Li]...).

Let hg, hpp, m = 2"+ k-1, n >0, kK = 1,...,2™ be the Haar functions on
[0,1]. That is, hg =1,

hy = Ijo,12) — L1217

and, for every m=2"+k—-1,n>1, k=1,...,2",
hn(t) = 2720 (27 —k4+1), 0<t<1.

Define then the Schauder functions ¢,,, m € IN, on [0,1] by setting ¢,,(t) =
fot hm(s)ds. The Schauder functions form a basis of the space of continous functions



83

on [0, 1]. In particular, Lévy’s representation of Brownian motion may be expressed
by saying that, almost surely,

(7:2) W(t)=> gmem(t), te[0,1],

where (gm),,en is @ standard Gaussian sequence and where the convergence takes
place uniformly on [0, 1] (cf. Proposition 4.2).

In what follows, || - || is a measurable norm on Cy([0, 1]) for which the Wiener
measure is a Radon measure, in other words for which the series (7.2) converges
almost surely (cf. Proposition 4.2).

Theorem 7.1. Let 0 < a < % If, for some constant C' > 0,

—(i_
< 027G max |ag|
1<k<2n

2TL
E ApPon k-1
k=1

for all real numbers a1, ...,asn and every n > 0, then
logIP{||W| < e} > -C'e™?/1722 0<e<1,

where C' > 0 only depends on « and C.

Proof. We simply replace the ball {||[W| < e} by an appropriate cube in R™ through
the representation (7.2). For ¢ integer > 1, define

3 [eY

B [ 2la=5)n—a) if p < g,
bn = bn(q) = {ﬁ—%)(n—q) if n>q.

The choice of this sequence is not unique. If |agn x| < b, for every n > 0 and
E=1,...,2" and |ag| < by, by the triangle inequality and the hypothesis,

o0
‘ 3 amgpmH < Cyo- (o
m=0

for some constant C; only depending on «. Therefore,
IP{HWH S 012—(%—01)}9} 2 IP{|90| S b07 |92"+k71| S bn; n Z 07 k= ]-7 oo 7277,}

~ P {lgl <t} [ P{lol <}

n=0

where g is a standard normal variable. Now, we simply need evaluate this infinite
product. To this aim, we use that

(7.3) P{lg| <u} > if [ul <1

wle
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and
(7.4) P{lg| <u} >1- %26_“2/2 > exp(—Qe_“Z/Q) if  |u| > 1.
It easily follows, after some elementary computations, that

P{|W] < 01279} > exp (—C529)

from which Theorem 7.1 immediately follows. O

The next theorem gives an upper bound of the small ball probabilities under
hypotheses dual to those of Theorem 7.1.

Theorem 7.2. Let 0 < a < % If, for some constant C > 0,

2n on

1 _
§ agPonyk—1|| = 52 (z O‘)”(Q nE |ak|)
k=1 k=1

for all real numbers a1, ...,as~» and every n > 0, then

1
logIP{HWH < 5} < o 5_2/1_2a, 0<e<1,

where C" > 0 only depends on « and C.

Proof. First recall Anderson’s inequality [An]. Let p be a centered Gaussian measure
on a Banach space E as in Chapter 4. Then, for every convex symmetric subset A
of £ and every = in F,

(7.5) plz + A) < u(A).

Note that (7.5) is an easy consequence of (1.8) or the logconcavity of Gaussian
measures (1.9) (cf. [Bol], [Bo3], [D-HJ-S]...). Indeed, the set

Z={a€F;pula+A) <pz+A4)}

is symmetric and convex by (1.9). Now x € Z, so that —x € Z by symmetry, and, by
convexity, 0 = 3 z+ 3 (—x) € Z which is the result (7.5). By the series representation

2
(7.2), independence and Fubini’s theorem, it follows that
2n
P{IW| <} < IP{ S kv | < }
k=1
for every € > 0 and every n > 0. Therefore, by the hypothesis,

.
P < <} < P{ Yl < ccntbran |
k=1
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By Chebyshev’s exponential inequality, for every integer N > 1,

N
P{Z|gk| < CN} < ecN(IE(e—w\))N < o—cN
k=1

where ¢ > 0 is such that e™2¢ = IE(e~19!) < 1. Take then n to be the largest integer
such that eC2(z=%" < ¢. The conclusion easily follows. The proof of Theorem 7.2
is complete. O

The main interest of Theorems 7.1 and 7.2 lies in the examples for which the

hypotheses may easily be checked. Let us consider LP-norms || - ||, 1 < p < oo, on
0, 1] for which

1 2m 1/p
=5+ 1)"/ran/? (Q_n > Vaklp)

k=1

2n
E ApP2an+k—1
k=1
for all real numbers a1, ..., asn. Since
2m 2mn 1/p
27" E lak| < (2_” E ]ak\p) < max |agl,
1<k<2n
k=1 k=1

we deduce from Theorem 7.1 and 7.2 that, for some constant C' > 0 only depending
on p and every 0 < € <1,

p

(7.6) —Ce? <logIP{|[W]|, <e} < —C~'e2,

More precise estimates on the constant C' are obtained in [B-M].
In the same way, let | - ||, be the Holder norm of index 0 < o < 5 defined by

|(s) — (1))
|z||, = sup —
o<sAt<1  |s — 1

Again, it is easily seen that for every aq,...,as» € IR,
1 >
1 1
o= (3=)n pax lag| < Zak¢2n+k_1 <22 (279" max |lak|.
2 1<k<2n Pt o 1<k<2m

Hence, for some constant C' > 0 only depending on «, for every 0 < e <1,
(1.7 O g YW, <2} < 0l i,

This result is due to P. Baldi and B. Roynette [B-R].

Note that the supnorm may be included in either p = 0o in (7.6) or « = 0 in
(7.7) so that we recover (7.1) with these elementary arguments, with however worse
constants. More examples may be treated by these methods such as Besov’s norm
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or Sobolev norms on the Wiener space. We refer to [St1] and [Li-S] for more details
along these lines.

To try to investigate some further cases with these tools, let us consider, on
some probability space (€2, A, IP), a sequence (G, ),y of independent standard one
dimensional Brownian motions (on [0, 1]). Replace then, in the series representation
(7.2), the standard Gaussian sequence by this sequence of independent Brownian
motions. We define in this way a Brownian motion S with values in Cy([0,1]) and
with “reference measure” the Wiener measure itself. This is one way of defining
the Wiener sheet which thus turns out to be a centered Gaussian process S =
(5(s,1))s,1e(0,1] With covariance

IE(S(s,t)S(s',t")) = min(s, s") min(¢, ).

In this framework, we may thus ask for the behavior of IP{||S||_ < ¢}, 0 <e <1, for
the supnorm on [0, 1]2. Since this norm is also the supremum norm of W considered
as a one dimensional process with values in Cy([0, 1]) (equipped with the supnorm),
some of the preceding material may be used in this investigation. In particular,
we can replace, in the proof of Theorem 7.1, (7.3) by the small ball behavior of
Brownian motion (7.1). By Theorem 4.1, the large ball behavior (7.4) is unchanged
at the exception of possibly different numerical constants. The argument of Theorem
7.3 then implies, exactly in the same way, that for some constant C' > 0, and every
0<e<l,
log IP{[|S]|, <e} >—-Ce? (loge_l)S.

A similar vector valued extension of Theorem 7.2 however only yields that
log {5, <e} < —-C e ?(loge™).

These estimates, which go back to M. A. Lifshits [Lif-T] (see also [Bas|), only rely
on the small ball behavior (7.1) and are best possible among all Gaussian measures
having this small ball behavior. For the special case of Wiener measure and the
Wiener sheet, M. Talagrand [Tal5] however proved the striking following theorem.
The proof is based on a new wavelet decomposition of the space L2([0,1]?) and
various combinatorial arguments from Banach space theory. The method does not
allow any precise information on constants. We refer to [Tal5] for the proof.

Theorem 7.3. There is a numerical constant C' > 0 such that, for every 0 < ¢ < 1,

—Ce? (loggfl)3 <logP{||S||, <e} < —0715’2(10g5’1)3.

In this framework of small ball probabilities for Gaussian measures, let us now
come back to some of the concentration inequalities of Chapters 2 and 4. There, we
studied inequalities for general sets A and their enlargements A,.. Now, we try to
take advantage of some geometric structures on A, such as for example being a ball
(convex and symmetric with respect to the origin). In a first step, we will notice how
some of the preceding tools may be applied successfully to improve, for example,
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a statement such as Theorem 4.4. In particular, we aim to prove inequalities for
subsets A with small measure and to be able to keep the dependence in this measure.
The next statement (cf. [Ta8]) is a first example of what can be accomplished for
various norms on the Wiener space. Recall the unit ball K of the Cameron-Martin
Hilbert space ‘H of absolutely continuous functions on [0, 1] whose almost everywhere
derivative is in L2.

Theorem 7.4. Let || - || be a norm on Cy([0,1]) for which Wiener measure is a
Radon measure. Denote by U the unit ball of || - ||. Let furthermore 0 < o < 3 and
assume that, for some constant C' > 0,

2"’L
(i
;ak902"+k—1 < 02 (z7m 1?}%}571 la|
for all real numbers aq,...,asn and every n > 0. Then, for every € > 0 and every
r >0,
C’ er 12
>1— -
P{WeeU+rK} >1 eXp(€2/12a 5 202)

where C" > 0 only depends on o and C' where we recall that o = sup,¢x ||z

Proof. We take again the notation of Theorem 7.1. First note that since I C oU,

5U+TICD§U+<T+%>IC.

(The choice of /2 is rather arbitrary here.) Set ' = r + 5=. Recall the sequence
(bn),en Of the proof of Theorem 7.1 which depends on some integer ¢ > 1. Define
a sequence of real numbers (¢, ),,c by setting

co="by, conyk_1=">b, forall k=1,...,2" n>0.

Consider the set V' = V, of all functions ¢ on [0,1] that can be written as ¢ =
> o m@m where |a,,| < ¢, for every m. By the hypothesis on the norm | - || and

the triangle inequality, V C 12~ (2724 for some constant C; > 0. Therefore, if q
is the smallest integer such that 20,2~ (21 < g, then eU +rK D V +7'K. Hence,
by the series representation (7.2),

P{W € cU +rK} > TP{W € V + 7K} = 700 (Q + 7’07 By)

where 75, is the canonical Gaussian measure on RY, B, the unit ball of the repro-
ducing kernel of oo, that is the unit ball of ¢2, and Q the “cube” in RY

Q={z=(Tm)men € R™; |2,,] < e, m € IN}.

Consider the function on R™ given by d(x) = inf{u > 0;x € Q + uB,}. Note that
Yoo (@ + uB2) = Yoo (d < u). By Chebyshev’s inequality,

Yool(d > u) < e_“2/2/ed2/2d%o.
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For every m > 0, let dy,, () = (|| — ¢m)T. Then

/ /Qd%o—\/_/ eXp< (It - )+)2—§)dt

<1+— exp< (|t] — em)* — )dt
em
1 —C2 /2
<1+ exp —cmt—i-— dt =1+ — m/ <,
Cm Cm

Now, the nice feature of this geometric construction is that d* =Y °_ d2,. There-
fore, it follows from the preceding that, for every u > 0,

o 1 2 2
Yoold >u) < [] (1 + —e_cm/2>e_“ /2,
m=0

Cm

To conclude the proof, we need simply estimate this infinite product. By the defini-
tion of the sequence (¢, ) we see that

melN»
0o 1 00 1 2m
H (1 + - e—an/Q) — H (]_ —|— —_ e_bi/2> 3
Cm bn
m=0 n=0

Now, the very definition of the sequence (b,), . implies, after elementary, though
somewhat tedious, computations that the preceding infinite product is bounded
above by exp(C92P) for some numerical constant Cy > 0. By the choice of ¢, this
completes the proof of Theorem 7.4 . O

With respect to the classical isoperimetric and concentration inequalities usu-
ally stated for sets with measure larger than 1 5, we note here that the probability
IP{W € €U} can be very small as ¢ — 0. Moreover, according to Theorem 7.1,
the first term in the exponential extimate of Theorem 7.4 is precisely the order of
IP{W € eU}. Theorem 7.4 applies to the supnorm and the Hélder norms and may be

used in the study of rates of convergence in Strassen’s law of the iterated logarithm.

Let for example
W (nt)
Za(t) = (—> Cnxl
V 2nLLn te[0,1]

where LLn = loglogn if n > 3, LLn = 1 if n = 1,2. Tt is shown in [Ta8] using
Theorem 7.4 that, almost surely,

0 < lim sup(LLn)Q/Bd(Zn, K) < oo

n—oo

where d(-, K) is the uniform distance to the Strassen set (Cameron-Martin unit ball)
on Cy([0,1]). See also [Gri| for an alternate proof and [Ta9] for further results.
Recently, M. Talagrand [Ta9] proved a deep extension of Theorem 7.4 in the
abstract setting of enlarged balls. We now would like to present this statement.
We will state and prove the main result for the canonical Gaussian measure v, on
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IR". As in the preceding chapters, this is again the main inequality and standard
tools may then be used to extend it to arbitrary Gaussian measures as in Chapter
4. The isoperimetric and concentration inequalities for =, yield powerful bounds
of the measure of an enlarged set A,, especially when r is large. However, the
extremal sets of Gaussian isoperimetry are the half-spaces and it may well be that
the concentration properties could be sharpened for sets with special geometrical
structures such as for example convex symmetric bodies. The next theorem [Tal0]
answers this problem.

Theorem 7.5. Let C' be a closed convex symmetric subset of IR". Assume that the
polar C° of C may be covered by N sets (T;), ;< y such that [ sup,er, (x,y)dvn(z) <

%. Then, for every r > 1,

W (Cr) >1—4N log(er)e”"Z/Q.

Proof. Denote for simplicity by B the closed Euclidean unit ball in IR". Since C' is
closed and B is compact, C, = C'+rB is closed. By the bipolar theorem, C'+rB = U°
where U = (C' + rB)°. By definition,

U={zeR"%VyeC,VzeB,|(zy)+rzz)| <1}
Setting ||z = sup,ec(z,y) = sup,cc [(z,9)|, we see that
(7.8) U={zeR"|z|,+rz] <1}.

Observe also by the definition of the polar that x € ||z||,C°. If T is a subset of IR",
we set

E(T) = /sup(x,y)dvn(a@).

yeT

Let pg be the largest integer p such that 2°~! < r2. In particular, pg < 1+4logr.
Now, set
Up={zeUslz| >r ' (1-r"7)}

and7 for 1 < b < bo,
Up={zeUsr '(1—r22°) <|z| <r '(1-—r 2271}

Thus we have U C Uy<p<p, Up- Moreover, for z € Uy, by (7.8), ||lzllo < r~22P.
Therefore, U, C r~22PC°. It thus follows from the hypothesis on C° that U, can be
covered by subsets (Tp,;), ;< y Where T, ; = r=22PT;NU,. Hence E(T},;) < r~22°~1,

The essential step of the proof is concentration. From (4.3) for example, we get
that, for every subset 7" of IR and every t > E(T),

(79) (aisupty.a) 2 1) < exp L2
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where 0 = o(T') = sup, ¢ |z|. Note that for p < pg, E(T},;) < r~22P~1 < 1. Hence,
using (7.9) for t = 1, we get, for every 0 <p <pg, 1 <i < N,

(1-— r‘22p_1)2)
7.10 nlx; su yx) > 1) <exp| — .
(7.10) i ( yeTE,i@ ) >1) p( 20 (T, )2

We first consider the case p = 0. We have o(Tp ;) < r~! so that, by summation over
1<i<N,

2
Yn (25 sup (y, z) > 1) < Nexp <—T—(1 - r2)2) < Nee " /2.
yEUo 2

For p > 1, by definition of U,, we have o(T},;) < r~1(1 — r=22P~1) so that, by
summation of (7.10) over 1 <i < N, we get

Yn (x; sup (y, z) > 1) < Ne /2,
yeU,

Now, summation over 0 < p < pg and the fact that py <1+ 4logr yield

o (3 sup(y,z) > 1) < N(e+1+4logr)e™ /2
yeU

< 4N log(er) e T2,

Since C'+ rB = U°, the result follows. The proof of Theorem 7.5 is complete. [

Of course, Theorem 7.5 can be useful in applications only if the number N of
the statement may be appropriately bounded. We will not go far in the technical
details, but one of the main conclusions of the important paper [Ta9] is that N
may actually be controlled by the behavior of v, (¢A) for the small values of € > 0.
Actually, this observation is strongly related to a remarkable result of J. Kuelbs
and W. Li [K-L2] connecting the small ball probabilities to some entropy numbers
related to N. We now turn to this discussion. Related work of M. A. Lifshits [Lif1]
deals with the geometric tool of Kolmogorov’s widths.

Given two (convex) sets A and B in IR" (or more generaly in a linear vector
space), denote by N (A, B) the smallest number of translates of B which are needed
to cover A. Now, let, as in Theorem 7.5, C' be a closed convex symmetric set and
let B be the Euclidean unit ball in IR". If z € R" is such that (z +eB)NC° # 0,
for y € (x +eB) N C° we have

(x4+eB)NC° C (y+2eB)NC° Cy+ (26BN2C°).

Hence, if € is such that E(C°NeB) < 3, then the number N in Theorem 7.5 satisfies
N < N(C°,eB). Now, it has been observed in local theory of Banach spaces [TJ]
that the growth of the entropy numbers N(C°,eB) is very similar to the growth
of the dual entropy numbers N(B,eC) (cf. [L-T2], p. 82-83). The observation of J.
Kuelbs and W. Li is precisely that the behavior of the small ball probabilities v, (¢ A)
is related to these dual entropy numbers N(B,eC). They established namely the
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following theorem. One crucial argument in the proof is the Gaussian isoperimetric
inequality. A prior partial result appeared in [Go2].

Theorem 7.6. Under the preceding notation, if C' is compact, convex and symmet-
ric, and if t = (2log(v,(C)™1))~Y/2 > 0, then

1

— < N(B <
27,(2C) ~ (B,C)

T 29,(C/2)? .

Proof. First note, as a consequence of Cameron-Martin’s formula (in finite dimen-
sion) and Anderson’s inequality (7.5), that for every x € R",

(7.11) e 172, (C) < Yo (4 C) < 1 (C).

Consider now u > 0 and a finite subset F' of uB such that for any two distinct points
of F', the translates of C' by these points are disjoints. By (7.11), for every z in F,

(@ +C) = e /2,(0).

It follows that Card(F) < 7, (C)~'e*’/2. When F is maximal, the sets (z + 2C)
cover uBB so that

zeF
N(uB,2C) < ’yn(C’)_leUQ/Q.

(When 7, (C) > 1, this is how the dual Sudakov inequality is proved in [L-T2], p.
83.) If we choose u = t~! = (2log(v,(C)~1))¥/2, we have N(uB,2C) < v,(C)~2.
Since N(uB,C) = N(B,tC), the right hand side of Theorem 7.6 follows by replacing
C by %C.

Conversely, by (7.11) again,

N(uB,C)3a(2C) > N(C + uB, 2C)7,(2C) > 1 (C + uB).
Now, by the isoperimetric inequality (Theorem 1.3),
& (7, (C +uB)) > @ (7 (C)) +u.

Let again v = t~' = (2log(7,(C)™1))Y/2. Since ®(—u) < v /2 = Y (C), the
isoperimetric inequality implies that ®~* (v, (C'+uB)) > 0 that is, v,(C'+uB) > 1.
The left hand side of the inequality of the theorem is thus also satisfied. The proof
is complete. O

1 1/2
e)=12lo , €>0,
w10 = (21085

If we set

we see from Theorem 7.6 that

boo(22) < (s 25) <en(s(5)):
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Therefore, if ¢ is regularly varying, its behavior is essentially given by the behavior
of the entropy numbers N(B,eC) (and conversely). Much more on the structure
of C is thus involved with respect for example with the large ball behavior (cf.
Chapter 4). While Theorem 7.6 and its proof are presented in finite dimension,
the infinite dimensional extension yields a rather precise equivalence between small
ball probabilities for a Gaussian measure p on a Banach space E and the entropy
numbers N (IC,eU) where K is the unit ball of the reproducing kernel Hilbert space
H and U the unit ball of E. It has been shown by J. Kuelbs and W. Li [K-L2] to
have striking consequences in approximation theory. For example, using the small
ball behaviors for Wiener measure, we see that if K is the unit ball of the Cameron-
Martin Hilbert space and C' the LP-ball on ([0,1],dt), 1 < p < oo, then

1
log N(K,eC) ~ — as € — 0.
€

Theorem 7.3 similarly shows that for C the unit ball of the Cameron-Martin space
associated to the Wiener sheet and for C' the uniform unit ball on C([0,1]%;IR),

1 1\3/2

log N(K,eC) ~ B (log g) as € — 0.

This deep connection between entropy numbers and small ball probabilities is further
investigated in [K-L2] and [Ta9]. In particular, in [Ta9], the author obtains very
general rates for the variables (2logn)~'/2X,, to cluster to IC, when (Xn)pen 1s @
sequence of independent identically distributed sequence with distribution . These
rates depend only on the behavior of the small ball probabilities 1 (eU). These results
have applications to rates of convergence in Strassen’s law of the iterated logarithm
for Brownian motion. Prior results on the convergence of (2logn)~'/2X,, to K at
the origin of this study are due to V. Goodman [Gol].

In [Ta9], M. Talagrand also established a general lower bound on supremum
of Gaussian processes under entropy conditions. At the present time, it is one of
the only few general results available in this subject of small ball probabilities. We
briefly describe one simple statement. Let (X¢),., be a (centered) Gaussian process
as in Chapter 6. Recall also from this chapter the entropy numbers N (T, d;¢), ¢ > 0,
for the Dudley metric d(s,t) = (IE| X, — X;|?)'/2, s,t € T. Assume that there is a

nonnegative function ¢ on IRy such that
(7.11) N(T,d;e) <(e), €>0,

and such that for some constants 1 < ¢; < ¢y < oo and all € > 0

(7.12) (o) < (5) < ewth(e).

—a

We thus have in mind a power type behavior 1 (g) = ¢~% of the entropy numbers.

Then, for some K > 0 and every € > 0,

(7.13) IP{ sup |X;— X;| <e} > exp(—Kv(e)).

s, teT



93

We prove this result following the notations introduced in the previous chapter. Let
ng be the largest n in 7Z such that 27" > D(T) where D(T) is the diameter of
T, assumed to be finite (we may actually start with T finite). For every n > ny,
consider a subset T;, of T' of cardinality N(n) = N(T,d;2~"™) such that each point
of T is within distance 27" of T;,. We let T,,, = {to} where t; is any fixed point in
T. For n > ng, choose s,,_1(t) € T, such that d(t,s,_1(t)) < 27" and set

V={Xi - X,, @it € Tn}.

Note that [|Y]|, < 27" for every Y in ). Clearly, each X; can be written as

Xi =X+ Y Yo

n>ngo

where Y,, € V), n > ng. Therefore, if (b”)n>n0 is a sequence of positive numbers with
Zn>n0 bn S %5 [ > 07

IP{sup 1 Xs — X Su} >2TP{Vn>ne,VY € V,[V,| < by, }

s, teT
> T ®{lgl < ba2nt ) "™

n>no

(7.14)

where g is a standard normal variable. We used here the following consequence of the
main inequality of [Kh], [Sc], [Si]... (see (7.16) below): if (Z1,...,Z,) is a (centered)
Gaussian random vector, for every Aq,..., A, >0,

i=1

Let ¢ be an integer with ¢ > ng and set

3q n
_ _J27E el ifng < n<g,
bn—bn(Q) - {2_%_%4_1 1fn>q

Then >, ., b, < 27973 Apply then (7.14) with v = 279"3. Using (7.3) and (7.4)
and the hypothesis N(n) < ¢(27"), we get

P X, — X4 < > 3—19—-3(n—q)/2 $(7") (27 e"2" 1Y
{s;g;\ d<uy> T ( ) [T exp(—2¢(27)e™>" )

no<n<q n>q

Now, by (7.12),

Z ¢(2_”)log(3 193(n— q)/2 <¢ Z et log 123(”_‘1)/2)

no<n<q no<n<q

< K(e)p(279)
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while

Z w(2—n) e—2”*q < ¢(2_q) Z C;L—qe—2”*q

n>q n>q
< K(e2)p(277)

where K (c1), K(c2) > 0 only depend on ¢y and co respectively. It follows that

P{ sup | X5 — X[ <277} > exp(—Ky(279))
s, teT

8D(T) and let ¢ > ng be the largest integer such that
27nmo+3 9743 < ). Then

where ¢ > ng. Let ¢

<
27911 > ¢ (e <8D(T) <

IP{ sup | X, — X < e} > exp(—K(279)) > exp(=Ky(e)).

When ¢ > 8D(T), by concentration,

2

3 1
IP{SS?G]_} | Xs — X¢| < 6} >1- ZGXP(W) > 3 > exp(_w(g))

since ¢(e) > N(T',d;e) > 1. (7.13) thus is established.

To conclude this chapter, we mention some related correlation and conditional
inequalities and their applications. These results have been used recently in various
topological questions on Wiener space briefly discussed below.

The next inequality seems to mix small ball and large ball behaviors and might
be of some interest in other contexts. It is related to conjecture (7.17) below. Let
W = (W(t)),>, be Brownian motion starting at the origin with values in R, By
Lévy’s modulus of continuity of Brownian motion, one may consider some stronger
topologies on the Wiener space Cy([0,1];IR?), such as Hélder topologies. For every
function z : [0,1] — IR?, recall the Holder norm of index 0 < a < 1 defined as

HJ/’Ha = sup |'T<S) B .’L‘(t)| ‘

o<sAt<t s —t[®
It is known, and due to Z. Ciesielski [Cil], that these Holder norms are equivalent

to sequence norms. More precisely, for every continuous function = : [0,1] — R¢
such that z(0) =0, let, for m=2"+k—-1,n>0,k=1,...,2",

)=o) = Bt) () (5]

and &y(x) = z(1), be the evaluation of z in the Schauder basis on Cy([0,1];IR%). Set

|||, = sup (m +1)*7% |&,, (z)).

m>0
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Then, for every 0 < o < 1, there exists C¢ > 0 such that, for all = € Cy([0, 1];IR%),
(7.15) (CO 7zl < Nl < Callzly.

Note also that Wiener measure is a Radon measure on the subspace of the space of
Hoélder functions z such that

iy op =20

|s t|<n |S_t|a
0<s#t<1

=0.

The next proposition is the main conditional Gaussian inequality we would like
to emphasize. It evaluates large oscillations of the Brownian paths conditionally on
the fact that these paths are bounded [BA-G-LJ.

Proposition 7.7. Let 0 < a < % There exists a constant C' > 0 only depending
on d and « such that for every v > 0 and v > 0,

1/« 1/a
P{W|, >u| W], <v}< Cmax(l, (%) ) exp(——cvqé/a)_2>.

Proof. We use (7.15) to write that, for u,v > 0,

P{WI, 2 ul W], <v} < Y P{&n(W)] 2 ulm+1)2[|W], < v}

m>0

< Y P{len )] > ulm+ )E W, <0}

m>mg

where mg = max(0, (u/4v)/* — 1) since, on {|W| < v}, |&n(W)] < dvy/m + 1.
Now, if a > 0 and if A is a convex symmetric subset of IR", it has been shown in
[Kh], [Si], [Sco]... (see also [DG-E-...]) that

(7.16) V(AN S) > 7 (A)7n(S)
where, as usual, 7, is the canonical Gaussian measure on IR" and where S is the
strip {z € R";|z1| < a}. Since the &,, are continuous linear functionals on the

Wiener space, a simple finite dimensional approximation on (7.16) (in the spirit, for
example, of the approximation procedures described in Chapter 4) then shows that

P {[ & (W)] > u(m +1)2~ [ |W], < v} < P{|&m(W)] > u(m+1)27}
for every m. Hence,

P{WI, >u|[W], <v} < Y P{&n(W)] > u(m+1)27}.

m>mgo
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Now, the variables &, (W) are distributed according to 74 on RY. By the classical
Gaussian exponential bound,

1 —zak
AW, 2 u| Wl <0h < 3 exp( g wm+ 112

m>mo

where Cy > 0 only depends on d. The conclusion then easily follows after some
elementary computations. Proposition 7.7 is established. O

It might be worthwhile noting that we obtain a weaker, although already useful
result, by replacing in Proposition 7.7 the conditional probability by the probability
of the intersection, that is

P{IWIl, = u, W], < v}

The proof for this quantity is in fact easier since it does not use (7.16). M. A. Lifshits
recently mentioned to me that the bound of Proposition 7.7 is actually two-sided
at the logarithmic scale as the ratio u!/® / v(1/®)=2 ig large. His argument is based
on a delicate partitioning and clever use of the Markov property. One may ask for a
general version of Proposition 7.7 dealing with some arbitrary norms on a Gaussian
space.

In the proof of Proposition 7.7, we made crucial use of the correlation inequal-
ity (7.16). More generally than (7.16), one may ask whether, given two symmetric
convex bodies A and B in IR",

(7.17) (AN B) > 4, (A)yn(B).

This was established when n = 2 by L. Pitt [Pit], and thus for arbitrary n when
B is a symmetric strip in [Kh], [Si], [Sco] (see also [DG-E-...], [BoT]...). The general
case is so far open.

Proposition 7.7 was used recently in [BA-G-L] to extend the Stroock-Varadhan
support of a diffusion theorem (cf. [[-W]) to the stronger Hélder topology of index
0 <ac< % on Wiener space. This result was obtained independently in [A-K-S]
and [M-SS] by other methods. It was further used in [BA-L2] to extend to this
topology the Freidlin-Wentzell large deviation principle for small perturbations of
dynamical systems. These results may appear as attempts to understand the role
of the topolgy in these classical statements. In this direction, the support theorem
is established in [G-N-SS] (see also [Me]) for fairly general modulus norms (related
to the description of the natural functional norms on the Brownian paths given in
[Ci2]). In the context of large deviations, one may wonder for example whether some
analogue of Theorem 4.5 holds for diffusion processes. An even more precise result
would be a concentration inequality for diffusions.

The next theorem is due to C. Borell [Bo4] in 1977 with a proof using the
logconcavity (1.9) of Gaussian measures. We follow here the alternate proof of [S-
Z1] based on the correlation inequality (7.16). This result may be used to establish
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conditional exponential inequalities that allow one to prove existence of Onsager-
Machlup functionals for tubes around every element in the Cameron-Martin space.

Theorem 7.8. Let (E,H, u) be an abstract Wiener space and let h € H. Then

o A+ B0,€) gz
e—0 ILL(B(();E))

where B(0,¢) is the (closed) ball with center the origin and radius € > 0 for the
norm on E. Equivalently, by Cameron-Martin’s formula (4.11),

. 1 / 3
lim ————— ehdy =1
e=0 u(B(0,€)) Jpo,e)

where we recall that h = (j*|E;)_1(h).

On the Wiener space Cy([0,1]) (with the supnorm), if h is an element of the

Cameron-Martin Hilbert space, we know that h = fol R (t)dW (t). As we have seen
in Chapter 4, this is still the case for a norm || - || on Cy([0, 1] such that, for example,

||| > C’fol |z(t)|dt for every x in Cy([0, 1] and some constant C' > 0.

Proof. By symmetry and Jensen’s inequality, for each € > 0,

1 / 3
- Py > 1.
w(B(0,€)) Jpo,e)

Therefore, it suffices to show that

. 1 P
(7.18) hr;ljélp (B(0.9)) /B(O’E)e dp < 1.
It is plain that (7.18) holds when h = j*j(£) for some £ € E*, in other words,
R() = j(€)(-) = (£,-) (considered as an element of L2(y)). Now, since H = j*(E3),
where we recall that Ej is the closure of E* in L?(u) (cf. Chapter 4), there is a
sequence (&), e in £* such that lim, o |k — J(&n)llL2(uy = 0. By the Cauchy-
Schwarz inequality, for every ¢ > 0 and every n,

i 1/2 i 1/2
/ iy < (/ ezj(swdu) </ ez(h—j@n))dM) ,
B(0,¢) B(0,¢) B(0,¢)

The result will therefore be established if we show that, for every € > 0 and every
kin H,

1 ~ ~
(7.19) —/ eFdu < /e|k|d,u.

Indeed, if this is the case, let k = k,, = 2(h—5%j(&,)). Then kn is a Gaussian random
variable on the probability space (E,B,u) with variance 4||h — j(fn)Hiz(H) — 0.
Therefore, by the dominated convergence theorem,

lim e“;"‘d,u =1.

n—oo
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Hence, letting ¢ tend to zero and then n tend to infinity yields the result. We are
left with the proof of (7.19). We will actually establish that, for every ¢t > 0,

(7.20) u(|k| > t| B(0,e)) < u(|k| > 1)

from which (7.19) immediately follows by integration by parts. To this purpose,
assume that |k| = 1. We may choose an orthonormal basis (e;),~,; of H such that
e1 = k. Recall from Proposition 4.2 that the g; = (j*|E;)_1(ei) = ¢;,4 > 1, are inde-
pendent standard Gaussian random variables. By (7.16), for every convex symmetric
set B in IR", and every t > 0,

P{lgi| <t,(g1,---,9n) € B} > P{|g1| < t}IP{(g1,...,9n) € B}.

If we let then B = {z € R"; || Y., mie;|| < e}, (7.20) immediately follows from this
inequality by Proposition 4.2. The proof of Theorem 7.8 is complete. O

Note that the proof of Theorem 7.8 also applies to |h] and ch? (with ¢ < 1/2|h|?)
instead of h. With this tool, L. A. Shepp and O. Zeitouni initiated in [S-Z2] the study
of Onsager-Machlup functionals for some completely symmetric norms on Wiener
space. In [Cal, a general result in this direction is proved for rotational invariant
norms with a known small ball behavior (including in particular Hélder norms and
various Sobolev type norms).

Notes for further reading. More on small ball probabilities for Gaussian measures
may be found in [D-HJ-S] and in the more recent papers [Gri|, [K-L2], [K-L-L], [K-
L-S], [K-L-T], [Li], [M-R], [Sh], [S-W], [St2]... In particular, in the latter papers, the
small ball behaviors are used in the study of rates of convergence in both Strassen’s
and Chung’s law of the iterated logarithm. Some general statements towards this
goal are stated in [Ta9]. Recall also the paper [D-L] on Strassen’s law of the iterated
logarithm for Brownian motion for arbitrary seminorms. See also the recent reference
[Lif3]. More on the support of a diffusion theorem, small perturbations of dynamical
systems and Onsager-Machlup functionals in stronger topologies on Wiener space
can be found in the afore mentioned papers [A-K-S], [B-R], [BA-G-L], [BA-L2], [Ca],
[Ci2], [G-N-SS], [Me], [M-SS], [S-Z1], [S-Z2]...
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8. ISOPERIMETRY AND HYPERCONTRACTIVITY

In this last chapter, we further investigate the tight relationships between isoperime-
try and semigroup techniques as started in Chapter 2. More precisely, we present
some of the semigroup tools which may be used to investigate the isoperimetric
inequality in Euclidean and Gauss space. In particular, we will concentrate on the
isoperimetric and concentration inequalities for Gaussian measures and show how
these relate to hypercontractivity of the Ornstein-Uhlenbeck semigroup. The overw-
hole approach is inspired by the work of N. Varopoulos in his functional approach to
isoperimetric inequalities on groups and manifolds. To better illustrate the scheme of
proofs, we start with the classical isoperimetry in IR"™ and observe, in particular, that
the isoperimetric inequality in IR"™ is equivalent to saying that the L2-norm of the
heat semigroup acting on characteristic functions of sets increases under isoperimet-
ric rearrangement. Then, we investigate the analogous situation with respect to the
canonical Gaussian measure 7,. As for the concentration of measure phenomenon,
we will discover how the various properties of the Ornstein-Uhlenbeck semigroup
such as the commutation property or hypercontractivity can yield in a simple way
(a form of) the isoperimetric inequality for Gaussian measures.

Recall from Chapter 1 that the classical isoperimetric inequality in IR" states
that among all compact subsets A with fixed volume vol, (A) and smooth boundary
0A, Euclidean balls minimize the surface measure of the boundary. In other words,
whenever vol, (A) = vol, (B) where B is a ball with some radius r (and n > 1),

(8.1) vol,_1(8A) > vol,_1 (9B).

Now, vol,,_1(0B) = nr" 1w, where w, is the volume of the ball of radius 1 so that
(8.1) is equivalent to saying that

(8.2) voly_1(9A) > nwl/™vol, (A)"=D/n,

The function mu,lﬂ/ "p=1/n on RT is the isoperimetric function of the classical
isoperimetric problem on IR". Euclidean balls are the extremal sets and achieve
equality in (8.2).
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It is well-known that (8.2) may be expressed equivalently on functions by means
of the coarea formula [Fed], [Maz2], [Os]. After integration by parts (see e.g. [Maz2],
p. ...), it yields

(8.3) n " s < VA,

for every C'*° compactly supported function f on IR". This inequality is equivalent
to (8.2) by letting f approximate the characterisitic function I4 of a set A whose
boundary dA is smooth enough so that [ |V f|dx approaches vol,_1(0A). For sim-
plicity, smoothness properties will be understood in this way here. Inequality (8.3) is
due independently to E. Gagliardo [Ga] and L. Nirenberg [Ni] with a nice inductive
proof on the dimension. This proof, however, does not seem to yield the optimal
constant, and therefore the extremal character of balls. The connection between
(8.2) and (8.3) through the coarea formula seems to be due to H. Federer and W.
H. Fleming [F-F] and V. G. Maz’ja [Mazl] (cf. [Os]).

Inequality (8.3) of course belongs to the family of Sobolev inequalities. Replac-
ing f (positive) by f@ for some appropriate « easily yields after an application of
Holder’s inequality that, for every C*° compactly supported function f on IR",

(8.4) Ifll, < Cla.p. )|V I,

with % = zl? - % and C(n,p,q) > 0 a constant only depending on n, p, ¢, 1 < p < n.
The family of inequalities (8.4) with 1 < p < n goes back to S. Sobolev [So], the
inequality for p = 1 (which implies the others) having thus been established later
on. Of particular interest is the value p = 2 which may be expressed equivalently by

integration by parts as (n > 2)

(8.5) 112 s <C / VfPde = C / F(—Af)dz

where A is the usual Laplacian on IR". As developed in an abstract setting by
N. Varopoulos [Va2] (cf. [Va5], [V-SC-C]), this Dirichlet type inequality (8.5) is
closely related to the behavior of the heat semigroup Ty = e, t > 0, as || T;.f|loo <
Ct="2||f|l1, t > 0. We will come back to this below.

Our first task will be to describe, in this concrete setting, some aspects of the
semigroup techniques of [Va2], [Va3], and to show how these can yield, in a very
simple way, (a form of) the isoperimetric inequality. We will work with the integral
representation of the heat semigroup T; = et® t >0, as

Tif@)= [ o+ VEydn), seR, feLid),

where ~,, is the canonical Gaussian measure on IR".
The following proposition is crucial for the understanding of the general prin-
ciple. Set, for Borel subsets A, B in IR", and ¢t > 0,

KI'(A,B) = /BTt(IA)dx.
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A€ denotes below the complement of A.

Proposition 8.1. For every compact set A in IR" with smooth boundary 0A and
every t > 0,

1/2
KT(A, A% < (f> vol,_1 (A).

™

Proof. Let f, g be smooth functions on IR". For every ¢t > 0, we can write

/g(th—f)dx:/Ot(/gATSfd:c)ds
I—/Ot(/<Vng,Vf>dx)ds

Now, by integration by parts,

VT = \/%—8 / i yg(z+vV2sy)dyn(y).

Hence

[ ot = pyds = - / o [ 9701 gl + Vs y) o ).

This inequality of course extends to g = [ 4. Since

/ / (Vf(z), y)dzdyn(y) = 0,

we see that, for every s,

_//Wf(x), y) Lne (2 + V25 y) dwdr (y // (VF(x),y)) dedy,(y)
— 5 | [194 @), dwdra(w)

1
‘Tz—ﬁ/'vf’df

by partial integration with respect with respect to dv,(y). The conclusion follows
since, by letting f approximate I4, [ |V f|dz approaches vol,_1(9A). The proof of
Proposition 8.1 is complete. O

Proposition 8.1 is sharp since it may be tested on balls. Namely, if B is an
Euclidean ball, one may check that

1/2
(8.6) lim (%) KT(B, B°) = vol,_,(9B).

t—0
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By translation invariance and homogeneity, one may assume that B is the unit ball
with center the origin and radius 1. Then, for ¢ > 0,

KtT(B,BC):/ Yoy € R™; |z + V2ty| < 1)da

{lz|>1}

Using polar coordinates and the rotational invariance of 7,,,
KEB.5 = [ [ 0l oo+ VB < 1)dpdes
wG@B
© 9 o
_ VOlnl(aB)/ P @ o ((yn, 9)s |+ V2t | + 2t[g)* < 1)dp
1
where y = (y1,7), 11 € IR, 7 € R™*. We then use Fubini’s theorem to write

K/ (B,B%) = Voln_1(5B)/Jt(yl,@d71(y1)d%_1(z7)

where

— n—1
Jt(yl’@_I{2t|ﬂ|2§1;@ylsm—1}/1 P Lo v P <1-20112y 4P

By a simple integration of the preceding, it is easily seen that

1
lim 7 Ji(y1,9) = =V2uy1 1y, <oy

so that, by dominated convergence,

L VOln_l (GB)

hm—KT(B B¢) = Voln_l((?B)/_oo V2y1dyi(y1) = NG

t—0 \/_

which is the claim (8.6).

As a consequence of (8.6), the isoperimetric inequality (8.2) is equivalent to
saying that, for every ¢ > 0 and every compact subset A with smooth boundary,
KI'(A,A) < KI'(B, B) whenever B is a ball with the same volume as A. In other
words, since K7 (A, A) = ||T;/2(1a)|l2,

87) 7L, < o)l t2 0

Indeed, under such a property, by Proposition 8.1, for every ¢t > 0,

vol,_1(9A) > (%)1/ KT (A, A°) > (t> gt B, B

and, when ¢t — 0, vol,,_1(0A) > vol,,_1(0B) by (8.6).
Inequality (8.7) was actually established by A. Baernstein and B. A. Taylor
[B-T] through delicate symmetrization arguments of isoperimetric nature (see also
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[Ba]). While we noticed its equivalence with isoperimetry, one may wonder for an
independent simpler proof of (8.7).

If one does not mind bad constants, one can actually deduce (a form of)
isoperimetry from Proposition 8.1 in an elementary way. We will use below this sim-
pler argument in the context of Riemannian manifolds. Note from the uniform esti-
mate ||T;f|loe < Ct~"/2||f|l1, t > 0, that, by interpolation, | T} f|l2 < VCt=™*||f|I1,
t > 0, for every f in L!(dz). Hence, by Proposition 8.1, for every compact subset A
in IR" with smooth boundary dA, and every t > 0,

1/2
vol,_1(9A) > (%) KT (A, A°)

™

> <?>1/2 [voln(A) — HTt/Q(IA)Hz]

> (%)1/2 [vol,(4) - c(%) _n/zvoln(A)Q] .

Optimizing over ¢ > 0 then yields
vol,_1(8A) > C'vol, (A)~D/n

hence (8.2), with however a worse constant. This easy proof could appear even
simpler than the one by E. Gagliardo and L. Nirenberg.

These elementary arguments may be used in the same way in greater generality,
for example in Riemannian manifolds. Following [Va2], [Va3], we briefly describe how
the arguments should be developed in this case.

It is known ([C-L-Y], [Val]) that an isoperimetric inequality on a Riemannian
manifold M, for example, always forces some control on the heat kernel of M. More
precisely, let M be a complete connected Riemannian manifold of dimension N, and,
say, noncompact and of infinite volume. Let furthermore A be the Laplace-Beltrami
operator on M and denote by (P;),-, the heat semigroup with kernel p¢(x,y).

Theorem 8.2. Assume that there exist n > 1 and C' > 0 such that for all compacts
subsets A of M with smooth boundary 0A,

(8.8) vol(A)(n=1/m < C'vol(dA).

Then, for some constant C’ > 0,
/

(8-9) pt(x,y) < W

for every t > 0 and every x,y € M. Furthermore, for each § > 0, there exists C5 > 0
such that

C d(z,y)?
(8.10) pe(z,y) < w—/i exp <—m>
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for every t > 0 and every x,y € M.

The proof of this theorem is entirely similar to the Euclidean case. We compare
both (8.8) and (8.9) on the scale of Sobolev inequalities. One of the main points
is the formal equivalence, due to N. Varopoulos [Va2] (cf. [Va5], [V-SC-C] and the
references therein), of the L2-Sobolev inequality (8.5) and the uniform control of the
heat semigroup or kernel

c o0
(8.11) 1Peflloe < oz 1l £> 0, f € CF(M).

This result, inspired from the work of J. Nash [Na] and J. Moser [Mo] on the reg-
ularity of solutions of parabolic differential equations, is the main link between
analysis and geometry. Various techniques then allow one to deduce from the uni-
form control (8.11) of the kernel the Gaussian off-diagonal estimates (8.10) (cf. [Da,
[L-Y], [Vad]...). Theorem 8.2 may be localized in small time (from an isoperimetric
inequality on sets of small volume), or in large time [C-F] (sets of large volume).

As we have seen in the classical case, it is sometimes possible to reverse the
preceding procedure and to deduce some isoperimetric property from a (uniform)
control of the heat kernel. To emphasize the methods rather than the result itself,
let us consider only, for simplicity, Riemannian manifolds with nonnegative Ricci
curvature. Owing to the Euclidean example, we need to understand how we should
complement a Sobolev inequality at the level L? (8.5) in order to reach the level
L! (8.3) and therefore isoperimetry. In this Riemannian setting, this step may be
performed with a fundamental inequality due to P. Li et S.-T. Yau [L-Y] in their
study of parabolic Harnack inequalities. This inequality is a functional translation
of curvature and its proof (see e.g. [Da]) is only based, as in Chapter 2, on Bochner
formula and the related curvature-dimension inequalities (cf. Proposition 2.2). We
only state it in manifolds with nonnegative Ricci curvature.

Proposition 8.3. Let M be a Riemannian manifold of dimension N and nonnega-
tive Ricci curvature and let (P;),-, be the heat semigroup on M. For every strictly
positive function f in C* (V) and every t > 0,

VPSP APRf _N

(8.12) BT "B S

As shown by N. Varopoulos [Va4], one easily deduces from the pointwise in-
equality (8.12) that, for every f smooth enough and every ¢ > 0,

C
(8.13) [IVEA|, < VALL

oo T

for some C' only depending on the dimension N, that is a control of the spatial
derivatives of the heat kernel. Indeed, according to (8.12), (AP, f)~ < N(2t)" 1P, f
so that [|[AP.f||, < Nt~ f]|;- By duality, |AP;f]|., < Nt f||.. This estimate,
used in (8.12) again, then immediately yields (8.13).
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The control (8.13) of the gradient of the semigroup in /¢ (similar to Proposition
8.1) is then the crucial information which, together with (8.11), allows us to reach
isoperimetry. Note that the dimension only comes into (8.11) and that (8.13) is in
a sense independent of this dimension (besides the constant). We will come back to
this comment in the Gaussian setting next. Inequality (8.13) shows that, by duality,
for every f in C5°(M) and every t > 0,

(8.14) If = Pfll, < OVE[[IV A,

Indeed, for every smooth function g such that ||g| . <1,

[otr-Ppdo- —/Ot(/gAPsfd:v>ds
- —/Ot(/APsgfdm>ds

t t
:/ (/(VPsg,Vﬁdx)dSS/ IV Pugll |1 £, ds.
0 0

Now (8.14) together with (8.11) imply, exactly as in the Euclidean setting, that for
some constant C' > 0 and every compact subset A of M with smooth boundary 0A,

vol(A)m=Y/m < C'vol(dA),
that is the announced isoperimetry. We thus established the following theorem [Va4].

Theorem 8.4. Let M be a Riemannian manifold with nonnegative Ricci curvature.
If for some n > 1 and some C' > 0,

< C
pt(l‘ay) > W

uniformly int > 0 and x,y € M, then, for some constant C’ > 0 and every compact
subset A of M with smooth boundary 0A

vol(A)" /" < ' vol(DA).

When the Ricci curvature is only bounded below, the preceding result can only
hold locally. In general, the geometry at infinity of the manifold is such that a heat
kernel estimate of the type (8.11) (for large t’s) only yields isoperimetry for half of
the dimension (cf. [C-L] for further details).

A third most important part of the theory concerns the relation of the preceding
isoperimetric and Sobolev inequalities with minorations of volumes of balls. We refer
to the works of P. Li and S.-T. Yau [L-Y] and N. Varopoulos [Va4], [Va5] and to the
monographs [Dal, [V-C-SC].

Now, we turn to the Gaussian isoperimetric inequality and the Ornstein-Uhlen-
beck semigroup. We already saw in Chapter 2 how this semigroup may be used
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in order to describe the concentration properties of Gaussian measures. We use it
here to try to reach the full isoperimetric statement and base our approach on hy-
percontractivity. As we will see indeed, hypercontractivity and logarithmic Sobolev
inequalities may indeed be considered as analogues of heat kernel bounds and L2-
Sobolev inequalities in this context.

Recall the canonical Gaussian measure 7, on IR"™ with density with respect to
Lebesgue measure ¢, () = (27)~™/2 exp(—|z|?/2). Recall also that the isoperimetric
property for -, indicates that if A is a Borel set in IR and H is a half-space

H={zeR"(r,u) <a}, |ul=1, aelR,
such that v, (A) = v,(H) = ®(a), then, for any real number r > 0,
Vn(Ar) > ’Yn(Hr> = ‘I)(Cl + T‘).

In the applications to hypercontractivity and logarithmic Sobolev inequalities, we
will use the Gaussian isoperimetric inequality in its infinitesimal formulation con-
necting the “Gaussian volume” of a set to the “Gaussian length” of its boundary
(which is really isoperimetry). More precisely, given a Borel subset A of IR", define
([Eh3], [Fed]) the Gaussian Minkowski content of its boundary 0A as

On-1(94) = lim inf % [ (Ar) = 1 (4)].

If 0A is smooth, O,,_1(0A) may be obtained as the integral of the Gaussian density
along 0A (see below). In this langague, the isoperimetric inequality then expresses
that if H is a half-space with the same measure as A, then

On_1(0A) > O,_1(8H).

Now, one may easily compute (in dimension one) the Minkowski content of a half-
space as

O,1(9H) = limnf % @(a+r) — ®(a)]= 1)

where ®(a) = v, (H) = Yn(A) and where ¢;(z) = (27)" /2 exp(—22/2), = € R.
Hence, denoting by ®~! the inverse function of ®, we get that for every Borel set
Ain IR",

(8.15) On-1(0A) = 0102~ (yn(4)).

The function @1 o @71 is the isoperimetric function of the Gauss space (IR", 7).
It may be compared to the function nw'/"z(»=1/" of the classical isoperimetric
inequality in IR™. The function ¢; o &~ is still concave; it is defined on [0, 1], is
symmetric with respect to the vertical line going through % with a maximum there
equal to (27r)~1/2, and its behavior at the origin (or at 1 by symmetry) is governed
by the equivalence

@100 (x)

li =1.
250 2(2log(1/z))1/2

(8.16)



107

This can easily be established by noting that the derivative of ¢ o @~ is —®~!
and by comparing ®~1(z) to (2log(1/x))"/2.

As in the classical case, (8.15) may be expressed equivalently on functions by
means, again, of the coarea formula (see [Fed|, [Maz2|, [Eh3]). Writing for a smooth
function f on IR™ with gradient V f that

/IVfldvn = /00o </C ©n () d?—ln_l(x))ds

where Cs = {z € R";|f(z)| = s} and where dH,,_; is the Hausdorff measure of
dimension n — 1 on Cy, we deduce from (8.15) that

(5.17) [ 198 = [ o007 (151 = 9)as.
When f is a smooth function approximating the indicator function of a set A, we of
course recover (8.15) from (8.17), at least for subsets A with smooth boundary. Due
to the equivalence (8.16), one sees in particular on (8.17) that a smooth function
f satisfying [ |V f|dy, < oo is such that [ |f|(log(1 + |f]))'/%dy, < oc. Indeed, we
first see from (8.17) and (8.16) that for every sy large enough

S0

/IVfldvn 2/ Y (|f] > s)ds

from which [|f|dy, < C < oo by the classical integration by parts formula. For
every s > 0, v,(|f] > s) < C/s so that, by (8.17) and (8.16) again, for every large
50,
> 1/2
[ 19513 = [ 112 5) ot/ s
S0

from which the claim immediately follows. In analogy with (8.3), such an inequality
belongs to the family of Sobolev inequalities, but here of logarithmic type.

It is plain that inequalities (8.15) and (8.17) have analogues in infinite dimension
for the appropriate notions of surface measure and gradient (as we did for example
with concentration in Chapter 4). Again, the crucial inequalities are the ones in
finite dimension.

We showed in Chapter 2 how the Ornstein-Uhlenbeck semigroup (F;),-, (and
for the large values of the time t) may be used to investigate the concentration
phenomenon of Gaussian measures. Our purpose here will be to show, in the same
spirit as what we presented in the classical case, that the behavior of (F),~, for
the small values of ¢ together with its hypercontractivity property may properly be
combined to yield (a version of) the infinitesimal version (8.15) of the isoperimetric
inequality. More precisely, we will show, with these tools, that there exists a small
enough numerical constant 0 < ¢ < 1 such that for every A with smooth boundary,

On-1(04) = c 1 08" ((A)).

We doubt that this approach can lead to the exact constant ¢ = 1. The line of
reasoning will follow the one of the classical case, simply replacing actually the
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classical heat semigroup estimates and Sobolev inequalities on IR" by the hypercon-
tractivity property and logarithmic Sobolev inequalities of the Ornstein-Uhlenbeck
semigroup. We follow [Led5] and now turn to hypercontractivity and logarithmic
Sobolev inequalities.

Let (W(t)),~, be a standard Brownian motion starting at the origin with values
in IR". Consider the stochastic differential equation

dX (t) = V2dW (t) — X (t)dt

with initial condition X (0) = x, whose solution simply is
t
X(t)=e" (m + \/5/ eSdW(s)>, t>0.
0

Since v/2 f(f e*dW (s) has the same distribution as W (e?* —1), the Markov semigroup
(Pt) >0 of (X(t));>0 is given by

(8.18) Pif(z) =IE(f(e 'a+e "W (e*—1))) = / ) f(e_ta:+(1—e_2t)1/2y)d’yn(y)

for any f in L!(v,) (for example), thus defining the Ornstein-Uhlenbeck or Hermite
semigroup with respect to the Gaussian measure ,. As we have seen in Chapter 2,
(P:);>¢ is a Markovian semigroup of contractions on all LP(~y,)-spaces, 1 < p < o0,
symmetric and invariant with respect to 7,, and with generator L which acts on
each smooth function f on R" as Lf(z) = Af(x) — (z,Vf(x)). The generator L
satisfies the integration by parts formula with respect to v,

[t = [(95.v9) dr,

for every smooth functions f, g on IR".

One of the remarkable properties of the Ornstein-Uhlenbeck semigroup is the
hypercontractivity property discovered by E. Nelson [Nel]: whenever 1 < p < g < o0
and t > 0 satisfy e* > [(¢ — 1)/(p — 1)]'/2, then, for all functions f in LP(y,),

(8.19) 1Pefllg < LI,

where (now) |[| - ||, is the norm in LP(v;). In other words, P; maps LP(7y) in L9(vy,)
(¢ > p) with norm one. Many simple proofs of (8.19) have been given in the litera-
ture (see [Gr4]), mainly based on its equivalent formulation as logarithmic Sobolev
inequalities due to L. Gross [Gr3]. Fix p = 2 and take q(t) = 1 + %, t > 0. Given
a smooth function f, set W(t) = [P fl|,) where ¢(t) = 1+ e?t. Under the hy-
percontractivity property (2.2), ¥U(¢) < ¥(0) for every ¢ > 0 and thus ¥/'(0) < 0.
Performing this differentiation, we see that

flog|fldyn — | fPdy, log | | fPdym .
(8.20)
s/NWmn(z/ﬂ%wmQ
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which in turn implies (8.19) by applying it to (P.f)? instead of f > 0 for every ¢ and
every p > 1 (cf. [B-E]). The inequality (8.20) is called a logarithmic Sobolev inequal-
ity. One may note, with respect to the classical Sobolev inequalities on IR", that it
is only of logarithmic type, with however constants independent of the dimension,
a characteristic feature of Gaussian measures.

Simple proofs of (8.20) may be found in e.g. [Ne3], [A-C], [B-E], [Bak]... (cf.
[Gr4]). The one which we present now for completeness already appeared in [Led3]
and only relies (see also [B-E]) on the commutation property (2.6)

VPtf = e_tPt(Vf).

That is, the proof we will give of hypercontractivity relies on exactly the same
argument which allowed us to describe the concentration of ~,, in the form of (2.7)
through Proposition 2.1 and is actually very similar. We will come back to this
important point. In order to establish (8.20), replacing f (positive, or better such
that 0 < a < f < b for constants a, b) by v/f, it is enough to show that

s20  [riosin - [ranoe([ran) g [ 0P
To this aim, we can write by the semigroup properties and integration by parts that
/flogfdvn —/fdyn log (/fdvn) = —/Ooo(%/Ptf logPtfdyn) dt
= —/OOO(/LPtf logPtfd’yn) dt
= /OOO (/(thf, V(log P.f)) dfyn> dt

:/OOO (/%fWPtde%) dt.

1
F(t) = /?f VP f|?dyn t>0,

Now, setting

the commutation property VP f = e ‘P, (Vf) and Cauchy-Schwarz inequality on
the integral representation of P; show that, for every ¢ > 0,

n 2
F(t) :e—%;/%f (Ptgi) dvn
N 1(af)2 b e [ Loy
<e ;/Pt<f o) |dm=c /f|Vf| Yo

which immediately yields (8.21). Therefore, hypercontractivity is established in this
way.
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While our aim is to investigate isoperimetric inequalities via semigroup tech-
niques, it is of interest however to notice that the Gaussian isoperimetric inequality
(8.15) or (8.17) may be used to establish the logarithmic Sobolev inequality (8.20)
and therefore hypercontractivity. This was observed in [Ledl] in analogy with the
classical case discussed in the first part of this chapter. Let f be a smooth positive
function on IR™ with || f||, = 1. Apply then (8.17) to g = f?(log(1 + £2))!/2. Using
(8.16), one obtains after some elementary, although cumbersome, computations that
for every & > 0 there exists C'(¢) > 0 only depending on ¢ such that

1/2

1/2
/f2 log(14f?) dvy,, < (14€) (2/|Vf|2d%,> (/f2 log(1+f2)d7n+2) +C(e).
It follows that

2 / F?1og f dyn < / P log(1+ 1) dy

1/2
< 2(1+5)4/|Vf\2dvn+2(1+5)2(/|Vf|2d7n) +C(e)

where C’(¢) = (1 + ¢)C(e)/e. To get rid of the extra terms on the left of this
inequality, we use a tensorization argument of A. Ehrhard [Eh4]: this inequality

namely holds with constants independent of the dimension n; therefore, applying it
to f®* in (R™)* = R"™ yields

1/2
k/f2 log f d < k(1 +g)4/ IV f Py + VE (1 +5)2(/ |Vf|2d%) +C(e).

Divide then by k, let k tend to infinity and then € to zero and we obtain (8.20).

Now, we would like to try to understand how hypercontractivity and logarithmic
Sobolev inequalities may be used in order to reach isoperimetry in this Gaussian
setting. Of course, our approach to known results and theorems is only formal, but
it could be of some help in more abstract frameworks.

Before turning to the main argument, let us briefly discuss, on two specific
questions, why hypercontractiviy should be of potential interest to isoperimetry and
concentration. The following comments are not presented in the greatest generality.

Recall the Hermite polynomials {v/k! hy; k € IN} which forms an orthonormal
basis of L2(7;) (cf. the introduction of Chapter 5). In the same way, for any fixed
n > 1, set, for every k = (k1,...,k,) € N" and every z = (z1,...,z,) € R",

n

() = T VR ()

=1

Then, {Hy;k € IN"} is an orthonormal basis of L?(v,,). Therefore, as in Chapter 5
in greater generality, a function f in L2(v,) can be written as

f=Y fuHy

EEN™
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where fj, = [ fH kdYn. This sum may also be written as

F=> ( > f@H@) =) V()
d=0 \ |k|=d d=0

where |k| = ki+- - -+k,. U@ (f) is known as the chaos of degree d of f. Since hg = 1,

T (f) is simply the mean of f; hi(x) = x, so chaos of order or degree 1 are (in

probabilistic notation) Gaussian sums ., g;a; (where (g1, ..., gn) are independent

standard Gaussian random variables and a; real numbers) etc (cf. Chapter 5).
Now, it is easily seen that, for every t > 0,

(8.22) PUD(f) = e @@ (1),

But we can then apply the hypercontractivity property of (F;),~,. Fix for example
p=2and let ¢ = q(t) = 1 +e*". Then, combining (8.22) and (8.19) we get that, for
every q > 2ort >0,

823) (¢ 1) e OR), =T, = [T, < [¥D5],

q
The next step in this development is that (8.23) applies in the same way to vector
valued functions. Let E be a Banach space with norm ||-||. Given f on IR™ with values
in F/, the previous chaotic decomposition is entirely similar. We need then simply
apply hypercontractivity to the real valued function ||f|| and Jensen’s inequality
immediately shows that (8.19) also holds for E-valued functions, with the L”(~,,)-
norms replaced by LP(7,; F)-norms. In particular, if eq,..., e, are elements of F,
the vector valued version of (8.23) for d = 1 for example implies that, for every
q=2,

<(¢g—1)'?
q

(8.24)

n n
E gi€i E gi€;

These inequalities are exactly the moment equivalences (4.5) which we obtain next
to Theorem 4.1, with the same behavior of the constant as ¢ increases to infinity
(and with even a better numerical value). Since this constant is independent of n,
it is not difficult to see (although we will not go into these details) that (8.24)
essentially allows us to recover the integrability properties and tail behaviors of
norms of Gaussian random vectors (Theorem 4.1) as well as of Wiener chaos (cf.
Chapter 5). This very interesting and powerful line of reasoning was extensively
developed by C. Borell to which we refer the interested reader ([Bo8|, [Bo9]). Note
that these hypercontractivity ideas may also be used in the context of the two point
space to recover, for example, inequalities (3.6) [Bon]|, [Bo6].

Recently, a parallel approach was developed by S. Aida, T. Masuda and I.
Shigekawa [A-M-S], but on the basis of logarithmic Sobolev inequalities rather than
hypercontractivity. As we already noticed it, we established both the concentration
of measure phenomenon for 7, (Proposition 2.1) and the logarithmic Sobolev in-
equality (8.20) on the basis of the same commutation property VP, f = e ' P,(V f) of

2
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the Ornstein-Uhlenbeck semigroup. In [A-M-S], it is actually shown that concentra-
tion follows from a logarithmic Sobolev inequality and hypercontractivity. Although
the paper [A-M-S] is concerned with logarithmic Sobolev inequalities in an abstract
Dirichlet space setting, let us restrict again to the Gaussian case to sketch the idea
and show how (2.7) may be deduced from the logarithmic Sobolev inequality. (The
implication is thus only formal, as this whole chapter actually.) Let thus f be a
Lipschitz map on IR" with || f|[;;, <1 and mean zero. Let us apply the logarithmic

Sobolev inequality (8.20) to e*/2 for every A € IR. Setting

o(N) = / My, AETR,

we see that
o' (A) = (M) logp(A) < 2 A%p(N), A€R.

We need then simply integrate this differential inequality (this was first done in [Da-
S], originally by 1. Herbst). Set ¥/(A) = 1 log¢(A), A > 0. Hence, for every A > 0,
¢'(X) < 5. Since ¥(0) = ¢'(0)/¢(0) = [ fdv, =0, it follows that

P(A) <

Do >

for every A > 0. Therefore, we have obtained (2.7), that is

/e’\fdyn < /2

for every A > 0 and, replacing f by —f, also for all A € R.

As we discussed it in Chapter 2, there is however a long way from concentra-
tion to true isoperimetry. To complete this chapter, we turn to the isoperimetric
inequality (8.15) itself which we would like to analyze with the Ornstein-Uhlenbeck
semigroup as we did in the classical case in the first part of this chapter. The next
proposition, implicit in [Pil, p. 180], is the first step towards our goal and is the
analogue of Proposition 8.1. Given Borel sets A, B in IR"™ and ¢t > 0, we set

Ky(A, B) = /A Pu(lp) d.

Note that K¢(A, A) = ||P;/2(14)|3- The notation K; is used in analogy with that of
a kernel. Large deviation estimates of the kernel K;(A, B) for the Wiener measure
when d(A, B) > 0 are developed at the end of Chapter 4.

Proposition 8.5. For every Borel set A in IR"™ with smooth boundary A and every
t >0,
K (A, A°) < (2r) Y2 arccos(e ™) O, _1(DA).
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Proof. 1t is similar to the proof of Proposition 8.1. Let f, g be smooth functions on
IR"™. For every t > 0, we can write

/g(Ptf—f)d%=/Ot</gLPsfd%)ds
_ —/Ot (/(VPSQ, Vf>d7n>ds.

Now, by integration by parts on the representation of P, using the Gaussian density,

—S

€ —s —2s
VP, f = 72 /Rnyg(e 4 (1= e )2y ) dya(y) -

Hence
/Q(Ptf — f)dym
T /0 ﬁ / / (Vf(@)y) g(e " a+ (1= e )" 2y) dyn(w)dya(y)ds.

This identity of course extends to g = I 4. Since

[ [s@).dn@anm =o.

we see that, for every s,

— //(Vf($), y>IAC (e_s-fC + (1—6_28)1/2y)d7n($)d7n(y)
< / / (V1)) dya ()7 (y)
=5 [ 1@ @)

1
- = / 1 fld .

The conclusion follows by letting f approximate I4 since then [ |V f|dy, will ap-
proach O,,_1(0A) when 0A is smooth enough. Proposition 8.5 is established. O

The inequality of the proposition is sharp in many respects. When ¢t — oo, it
reads

2\ 1/2
(8.25) On-1(04) 2 2(2) " 7a(A) (1 = 7 (A).
that is, when 7,(A4) = 1, the maximum of the function ¢ o ®7!(z) at =z = 1.

Inequality (8.25) may actually be interpreted as Cheeger’s isoperimetric constant
[Ch] of the Gauss space (IR", ;). It is responsible for the optimal factor 7/2 which
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appears in the vector valued inequalities (4.10). Indeed, one may integrate (8.25)
by the coarea formula (see [Yal]) to get that for every smooth function f with mean

zero,
N 1/2
< (Z
[inan < (3)" [ 19516,

an inequality which is easily seen to be best possible (take n = 1 and f on IR be
defined by f(x) = z/e for |z| < ¢, f(x) = x/|z| elsewhere, and let € — 0).

Proposition 8.5 may also be tested on half-spaces, as we did on balls in the
classical case. Namely, if we let H = {x € R";(z,u) < a}, |u| =1, a € R, it is
easily checked (start in dimension one and use polar coordinates) that

c 1 —22/2 a2
Kt(H,H ) = %//]RQG /26 Y /QI{xs|a|’e—tm+(1_e—2t)1/2y>|a|}d$dy

1 27 fe'e) 2
=5 ; /0 pe P/ Iipsin(p)<|al, psin(p+0)>|al}dPdp
0 2 1 [lal/sin((x=0)/2) 2
2_eia /2 o (2arcsin(pf1|a|) _|—0_7r)pe*p 24,
T T

lal

where 6 = arccos(e™?). The absolute value of the second term of the latter may be

bounded by
i —a2/2 - e—a2/2cos2(9/2)) i . (1_2
2w 2

3
5 (e tanQ(g)e_a2/2 < 0—a2 e_a2/2
T

2 27

IN

at least for all # small enough. In particular, since § = arccos(e™?) and thus 6 ~ /2t
when t — 0, it follows that

(8.26) 1%imo(27r)1/2 [arccos(e™)] _1Kt(H, H¢) = 0,_1(0H).
%

On the basis of Proposition 8.5, we now would need lower estimates of the
functional K;(A, A¢) for the small values of t. The typical isoperimetric approach
would be to use a symmetrization result of C. Borell [Bol0], analogous to (8.7),
asserting that if H is a half-space with the same measure as A, then for every ¢ > 0,

(8.27) Ki(A,A) < K,(H, H).

Hence K;(A, A°) > K;(H,H¢) and we would conclude from Proposition 8.5 and
(8.26) that
On-1(0A) > O,_1(0H).

In particular, and as in the classical case, isoperimetry is therefore equivalent to
saying that

(8.28) P14, < |P:(In) . >0,

for H a half-space with the same measure as A. This inequality is established in
[Bo10], extending ideas of [Eh2] and based on techniques developed in the classical
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case in [Ba], via the Gaussian isoperimetric inequality. It might be that a simple
direct approach to (8.28) (and also (8.7) as we mentioned it) is possible.

Our approach to bound K;(A, A) will be to use hypercontractivity as the cor-
responding semigroup estimate in this Gaussian setting. Namely, we simply write
for A a Borel set in IR"™ and p(t) = 1 +e~* that

(8.29) Ky(A,4) = | Pa(La)|3 < [Lall >0,

Hence
K (A, A%) > v, (A) [1 — %(A)(Z/p(t))—l}_

Therefore, combined with Proposition 8.5,

On_1(04) > (2m)Y24,,(A) s.up[(aurccos(e_t))_1 (1- %(A)(2/p(t))—1)]

t>0

Setting 6 = arccos(e™") € (0, 5] we need to evaluate

“ 1 [1 . ( 1 —cosf o 1 )1
|11 —expl| — .
0<9£% 9 P 1—|—0089 g”yn(A)

To this aim, we can note for example that

1—cosf  6?
1+cosh — 21’

and choosing thus 6 of the form

0 = (2m)*/? <log %2/1) ) _1/2,

provided that v, (A4) < e~%™, we find that

1 1o\ 12
n—1(04) > {1 — = )7(A)| log ——— .
oo - 2)cnfo 1)
Due to the equivalence (8.16), there exists § > 0 such that when ~,(A4) <9,
1
On-1(0A) > 3 P10 ¢! (’yn(A)).
When § < 7,(A4) < 1/2, we can always use (8.25) to get
i ~1
On-1(94) = (5 ) 3n(A4) = (6) 1 0 @7 (10 (4))

for some ¢(0) > 0. These two inequalities, together with symmetry, yield that, for
some numerical constant 0 < ¢ < 1 and all subsets A in IR" with smooth boundary,

(8.30) On-1(0A) > cp1 0 @' (70 (4)).
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One may try to tighten the preceding computations to reach the value ¢ = 1 in
(8.30). This however does not seem likely and it is certainly in the hypercontractive
estimate (8.29) that a good deal of the best constant is lost. One may wonder why
this is the case. It seems that hypercontractivity, while an equality on exponential
functions, is perhaps not that sharp on indicator functions. This would have to
be understood in connection with (8.28). Note finally that one may integrate back
(8.30) to obtain, with these functional tools, the following analogue of the Gaussian
isoperimetric inequality: if v, (A4) > ®(a), for every r > 0,

P}’n(Ar) > <I>(a + CT’).

(As noticed by S. Bobkov [Bob] in a related context, this may be shown to hold
for every Borel set.) It is likely that the preceding approach has some interesting
consequences in more abstract settings.

It might be worthwhile noting finally that Ehrhard’s tensorization argument
together with symmetrization may also be used to establish directly hypercontrac-
tivity, a comment we learned from C. Borell. One approach through logarithmic
Sobolev inequalities is developed in [Eh4]. Alternatively, by the result of [Bo10],

/gPtfd’yn < /g*Ptf*d%

for every t > 0 and every f, g say in L2(v, ) where f* denotes the (one-dimensional)
nonincreasing rearrangement of f with respect to the Gaussian measure -, (see
[Eh3], [Bol0]). If 1 < p < ¢ < o0 and ¢ < 1+ (p — 1)e*, a trivial application of
Holder’s inequality shows that, for every ¢ in LP(~vq),

1Pl < Cliell,

for some numerical C' > 0. Now, if ¢’ is the conjugate of ¢,

/ P, fdyn < / g Py

< llg*llg 12 S,
< Cllg*llg 1771, < Cliglg N F1L,

so that, by duality,

Applying this inequality to f®* on (R")" = R™ yields

1PN, < CYRIFL.

Letting k tend to infinity, and ¢ to its optimal value 1 + (p — 1)e?* concludes the
proof of the claim.
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