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Abstract. At the beginning of the 1980s, M. Shub and S. Smale developed a
quantitative analysis of Newton’s method for multivariate analytic maps. In particular,
their «-theory gives an effective criterion that ensures safe convergence to a simple
isolated zero. This criterion requires only information concerning the map at the
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initial point of the iteration. Generalizing this theory to multiple zeros and clusters of
zeros is still a challenging problem. In this paper we focus on one complex variable
function. We study general criteria for detecting clusters and analyze the convergence
of Schroder’s iteration to a cluster. In the case of a multiple root, it is well known
that this convergence is quadratic. In the case of a cluster with positive diameter, the
convergence is still quadratic provided the iteration is stopped sufficiently early. We
propose a criterion for stopping this iteration at a distance from the cluster which is
of the order of its diameter.
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Introduction

If ¢ is a simple zero of an analytic function f, then the iteration of the classical
Newton operator

fx)

J'(x)
converges quadratically to ¢, provided the initial point is “sufficiently close” to it.
A quantitative analysis of this convergence has been given by Shub and Smale [51],
[49], [52], [50]. They relate the convergence of Newton’s method to point esti-
mates—estimates on f and its derivatives at a point. These results extend to the
multivariate case and are often referred to as “Smale’s «-theory.”

In this paper, we generalize the «-theory in order to treat multiple zeros and
clusters of zeros of analytic functions in the univariate case. In the case of a zero
of multiplicity m, the convergence of Newton’s operator is no longer quadratic,
but one can use Schroder’s modified Newton operator [48]:

f )

fx)
which has quadratic convergence. Another possibility is to apply Newton’s operator
to the (m — 1)th derivative of f. Both methods are covered by our analysis of a

N(f;x):=x—

Nu(f;x)i=x—m
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Sfamily of Schroder operators:

FO)

Nt (f 0 0) o= x = m = D) s

0<l<m-—1. 1)
A cluster of zeros only means a set of zeros. Informally speaking, we use this
term to refer to a set of zeros whose diameter is small compared to the distance
to other zeros. In the context of numerical analysis, a natural request is to isolate
and approximate clusters of zeros, simple or not. From a practical point of view,
a cluster behaves like a multiple zero when seen from a distance. This is the basis
of our method: we present an algorithm that treats the cluster as a multiple zero
as long as the iterates are “far” from it, using a Schroder operator. We show that
during this first stage, the iterates converge quadratically to the cluster. In the case
of a multiple zero, convergence is quadratic to the zero. In the case of a cluster with
positive diameter, the termination of our algorithm is given by a criterion detecting
that the vicinity of the cluster has been reached. We show that the algorithm stops
at a distance from the cluster which is of the order of its diameter.

Preliminaries

We start by setting the main notation and conventions used throughout this text.
Then we briefly recall the a-theory before presenting our main results.

Definitions and Conventions. We denote by R the field of real numbers, by C
the field of complex numbers, and by : € C the square root of —1 with positive
imaginary part. For any z € C, |z| denotes the modulus of z. For any ¢ € C and
r > 0 being a real number, we use the following notation for balls, B(¢, r) :=
{x € C: |x — ¢| < r} denotes an open ball and B(¢,r) :=={x € C: |x —¢| <)
denotes a closed ball. For any real number # and any integer m > 1 we introduce
the family of auxiliary functions

Y () 1= 2(1 —u)™ ™ — 1.

We use ¥ (1) := ¥ (u) = 1 —4u+2u® Fora compact subset Z of C the diameter
of Z is the maximum distance between any two points of Z. We always count
numbers of zeros with multiplicities.

We denote by R{¢} the algebra of the real power series with positive radius of
convergence. For convenience, we sometimes treat the elements of R{} similar to
their corresponding analytic functions defined on a neighborhood of 0.

If f is an analytic function, we make use of the following notation for the
generating series of the absolute values of the derivatives of f at a point z in the
region of analyticity of f:

k
(1= Y 1P @I5 € Rir)

k>0
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We consider the following partial order < over R{¢}. Let F' and G be in R{z},
we write F < G when F® ) < G®(0) for all k > 0. Then we say that a
power series F' € R{t} is a majorant series for an analytic function f at a point z
if [ f], < F. For completeness, in Appendix A we give the main basic properties
of majorant series.

Point estimates of a given function f at a given point z are quantities that only
depend on the series [ f]..

Convergence to Simple Zeros. We first recall the basic results of the «-theory.
For precise results, for a complete historical presentation, and for the multivariate
case, we refer to [2, Chap. 8].

Three important quantities are defined in this analysis: y, 8, and «. The first
one, namely y (f; z), helps control the function locally:
FO@) |10
k! f'(z)

y(f;z) = sup
k>2

In particular, the radius of convergence of the power series expansion of f at z
is at least 1/y. The second quantity is the length of the iteration step, 8(f; z) :=
|f(z)/f/(z) ; the third quantity is their product, «(f; z) := B(f; 2y (f; 2)-

Most of the proofs handling these quantities hide geometric majorant series
techniques, these are majorant series whose sequence of coefficients forms a geo-
metric progression. In particular, y (f; z) can be defined in terms of the minimal
geometric majorant series of (f — f(z))/f’(z) at z of the form:

[f—f(z)} - t
fl@ 1.7 1—y(fiar

Roughly speaking, the a-theory provides two types of theorem. The so-called y -
theorems [2, Chap. 8, Theorem 1] show that Newton’s method converges quadrat-
ically within a ball centered at ¢, whose diameter is universally (with respect to
f) proportional to 1/y (f; ¢). In particular, this also provides lower bounds for
the distance between simple zeros [9]. As to the so-called a-theorems [2, Chap. 8,
Theorem 2], which have given their name to the «-theory, they are more rele-
vant to practical concerns: they show that Newton’s method with an initial point x,
converges quadratically, provided a ( f; xo) is sufficiently small. Moreover, the dis-
tance from x, to the zero is then bounded by 8(f; x¢) times a universal constant.
The optimal constants are due to Wang and Han [57].

Our Contributions

Overview. In this paper we extend the «-theory in order to obtain estimates
for clusters of zeros of analytic functions. The text is organized around three
central problems: cluster location, bounds on the diameter of clusters, and cluster
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approximation. For any pair of integers m > 1 and [ € {0,...,m — 1}, the
following central characters, introduced in [58], are natural generalizations of the
quantities o, 8, y. If £ (z) # 0, we define them as

m! |f(k)(z)|)l/(k—m)
kU (2)] ’

m! If“‘)(z)l)”('"k)
KU f(2)] ’

Y (3 2)Bm.a (f 2)- 2

ym(fa Z) = Ssup (

k>m+1

Bmi(f:2) == sup (

I<k=m-—1

ami(f:2) :

Briefly, we also write 8,, := B0 and 0, := 0. In other words, we have at our
disposal a straightforward majorant series F,,(f, z; t) for

m'f . '_m—l e . ; m
[f(m)(@lfﬂ"(f’z’t) P AR v

and therefore f is analytic in B(z, 1/, (f; z)), or can be continued analytically
there. When y,,,(f; z) = O (thatis, f is a polynomial of degree m) it is convenient
to stipulate that 1/y,,(f; z) is oco.

The paper is structured as follows. We start with cluster location (Section 1)
and find a lower bound on the diameter of the cluster (Section 2). Convergence of
the Schroder operators to the cluster is analyzed in Section 3 in terms of estimates
at the cluster. In Section 4 we turn this analysis into an algorithm that needs
only the estimates at the initial point. In Section 5 we explain how to compute
approximations of theses estimates. Finally, in Section 6, we report on numerical
experiments on families of exponential polynomials.

Inequalities. Majorant series are a convenient tool to handle point estimates.
Appendix A provides a useful toolbox for computing with majorant series, we
shall refer to it several times in proofs. This toolbox is also intended to be used in
practice in order to compute approximations of y,,, as illustrated in Section 5.

Most of our inequalities generalize some classical ones of the «-theory. For
instance, Proposition 4.3 generalizes [2, Chap. 8, Prop. 3] when m > 1. In most
cases, inequalities are first proved in terms of majorant series.

In designing our algorithms, we allow the user to specify a function B, ;(f,
Xo; x1) thatreturns a (possibly rough) numerical approximation of B, ; (f; x1), with
the possible use of information located at x; (see the definition in Section 4.2).
In Section 5, we provide two practical cases: the first one uses computations with
power series expansions, while the second one is purely numerical and relies on
the well-known discrete Fourier transform interpolation scheme.

Cluster Location. 1In 1881, Pellet [39] gave a simple location criterion: let f, F,
and z be such that [m! f/f(z)]_ < F and let 7 > 0 be a real number smaller
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than the radius of convergence of F'. If

F(r) F™(0)

TR
then f has m zeros in B(z, r), counted with multiplicities. In Section 1.1, we
recall a proof of this criterion based on Rouché’s theorem [45]. Then we extend
this method to deduce information from o, ;(f; z) on the location of zeros of
the derivatives f( of the analytic function f around z. If @, is less than a
universal (with respect to f) constant, then we determine two balls centered at
z and containing the cluster: a smaller one, of radius universally proportional to
Bm.i(f; z) and a larger one of radius universally proportional to 1/y,,(f; 2).

Cluster Diameter. From the location criterion at a point ¢ in the convex hull of a
cluster of m zeros of f (counting multiplicities), we deduce an upper bound on the
diameter of this cluster in terms of 8,, (f; ¢). In Section 2, we provide the converse
bound: we give a quantitative formula bounding 8,,(f; ¢) in terms of the diameter
of the cluster. When speaking informally, we will treat the diameter of the cluster
and B, (f; ¢) similarly.

On occasion, we also say informally that a point lies far or close to a cluster,
bearing in mind the implicit scale given by the diameter of the cluster.

Cluster Approximation. Informally speaking, if £ admits a cluster of m — [
zeros, and as long as S, at the current iterate is larger than the diameter of
the cluster, then the cluster behaves like a multiple zero. Therefore the Schroder
iteration (1) converges quadratically to the cluster. Then, in the case of a cluster
with positive diameter, when arriving close to the cluster, it is well known that the
iteration may behave in a chaotic way.

The following basic situation exemplifies this difficulty. Consider the analytic
map f: x — x> — &2 with ¢ # 0. Here f has two zeros, namely —s and ¢, the
diameter of this clusteris 2|¢| and B, (f; 0) = |¢|. The use of the corrected Newton
iteration

fxo) &

f(xo)  xo’

in order to approximate this cluster, leads to the following discussion. If |xg| is
very large compared to |¢[, then x; is very close to the cluster; if |x| is very small
compared to |¢[, then x; is very far from the cluster, and, finally, if |xo| is about
the same as |¢|, then |x;| is also about the same as |g|.

This is the main difficulty to be overcome in the general case: we detect when
the Schroder iterates are well defined and stop the iteration once it has arrived
very close to the cluster, i.e., at a distance which is of the order of the diameter of
the cluster. We refer to the combination of Schroder’s operator with our stopping
criterion as an approximation algorithm. This algorithm is presented in Section 4.

x1:=No(f;x0) =x0—2
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Special Cases. In general, it is recommended using formula (1) with / = 0:
this way no high-order derivative needs to be computed. In this paper we show
that rough approximations of B,,;, namely B,, ;(f, xo; x1) and B, ;(f, x1; Xo),
are sufficient (here xo and x; are two consecutive iterates). In particular, using
the method given in Section 5, the computation of B, ;(f, xo; x;) boils down to
computing a polynomial of degree at most 2m — 1 that interpolates f at 2m points
equidistributed on the circle of center x; and radius |xo — x| (the same holds for
B,..:(f, x1; x0)). This is a serious advantage over Newton’s iteration on f =D,

When using our algorithm with [ = m — 1, the convergence to a simple zero of
£=1 is quadratic. However, instead of iterating toward this zero, our stopping
criterion allows us to stop the iteration as soon as the iterates are close to the cluster
of zeros of f. This shows another advantage of our unified presentation for any
le{0,...,m—1}.

Related Works

Location and approximation of roots of polynomials are classical subjects in nu-
merical analysis. Some general references are [26], [40]. An extended bibliography
is collected in [27], [28], and a recent survey on root location can be found in [29].

In contrast to polynomials, few algorithms are known for locating and approx-
imating clusters of zeros of analytic functions. Yet such clusters naturally arise in
many theoretical and practical situations. The results of this paper are used in [12],
which deals with the location and approximation of special types of clusters of
multivariate analytic maps: even when starting with polynomial maps, the algo-
rithm of [12] needs to compute with functions that are implicitly defined, hence
generally not polynomial.

Cluster Location. Our analysis of Pellet’s criterion in Section 1 follows Yakoub-
sohn’s approach via Rouché’s theorem [58], [59]. We slightly improve the criteria
of [58], [53], [59], and generalize them to clusters of roots of derivatives. Other
cluster location algorithms have been proposed in the analytic case. For instance,
the algorithms of [22], [24], [23] rely on numerical path integration: they are more
powerful albeit more expensive. In [46], Pellet’s criterion is compared to nine other
location methods based on several families of polynomials.

Cluster Approximation. The quadratic convergence of Newton’s iteration ceases
to hold in the presence of multiple zeros. Instead, the convergence becomes linear
and a large amount of works focus on this problem, including [48], [33], [41],
[42], [43], [13], [6], [7], [56], [5], [15], [60], [14], [8], [58] (some of them also
deal with the more complicated multivariate case). In order to reestablish quadratic
convergence, Schroder [48] introduced his corrected Newton operator. The cor-
rection requires prior knowledge of the multiplicity. This multiplicity may also
be approximated dynamically at the price of slowing down the convergence [54],
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[18], [55], [21], [58]. Higher-order operators have also been adapted to multiple
zeros [11]. In this paper we deal with clusters, not only with multiples zeros. We
assume that the multiplicity is known in advance. Our theoretical y -analysis of the
convergence of Schroder’s operator to a cluster (Section 3) mainly follows [58],
where a similar analysis is performed for Newton’s operator.

Applications to Polynomial Root Finding. Besides our primary interest in the
several variables case [12], we now discuss the potential applications of our meth-
ods in the field of univariate polynomial root finders. As observed in [1], [37],
univariate polynomials produced by eliminating variables in multivariate polyno-
mial systems (e.g., by means of Grobner basis computation) are often huge and
“ill-conditioned.” Thus, clusters and even sequences of nested clusters are not a
rare phenomenon in practice. These situations require special attention in order
to avoid a precision blow-up in the computations. In the following paragraphs we
briefly discuss the main known strategies to handle clusters of roots of polynomials.
A detailed survey on root-finder algorithms can be found in [36].

On one hand, nearly optimal root finders have been well established for a
decade [34], [35], [30], [31], [20], [38], following earlier ideas by Schonhage [47].
The fastest algorithms from the theoretical point of view, namely [31], [38], are
based on balanced splittings and make use of the nontrivial generalizations of the
Grace—Heawood theorem given in [4], which can be seen as a complexification
of Rolle’s theorem. More precisely, if k + 1 roots of a polynomial p of degree
n are contained in a ball of radius p, then, for any £ < k, at least k + 1 — ¢
roots of p® lie in a ball of radius in O(p), centered at the average of the k + 1
roots. Our location results of Section 1 yield a similar result starting from an o
estimate. For “ill-conditioned” polynomials, balanced splitting requires increased
precision in the computations (see discussions in [36, Sect. 7]). Recently, Pan has
proposed an algorithm to compute splittings that are not necessarily balanced but
favor clusters [38]: his algorithm is still nearly optimal in the worst case, but also
optimal for the “well-conditioned” case. His construction relies on Turan’s theorem
for approximating the distances of a given point to the roots of the polynomial. All
these techniques deeply exploit nontrivial results for polynomials, which are less
connected to the techniques presented in this paper.

On the other hand, other kinds of polynomial root finders have been designed
in order to exploit “ill-conditioned” situations. They are theoretically slower than
the previous methods but they are often efficient in practice. In [44], Renegar
speeds up Weyl’s quad-tree construction (combined to the Schur—Cohn algorithm)
thanks to the «-theory for simple roots. Clusters are treated by relating them
to clusters of derivatives. This approach is closer to ours than the one of [4],
since it only needs to consider clusters that are far from the other roots. In [37],
Pan profoundly revisits Renegar’s strategy: clusters are treated very efficiently by
means of Schroder’s operator combined to a stopping criterion relying on Turan’s
theorem. These techniques do not readily extend to the analytic case, where our
main contribution lies. In [1], Bini and Fiorentino describe their implementation
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based on many heuristics. Their program is well suited to sparse polynomials and
takes advantage of “ill-conditioned” situations. The precision in the computations
is only increased when necessary. When dealing with a well-separated cluster of
m zeros they propose to combine the main result of [4] to Newton’s iteration on
the (m — 1)st derivative. Ultimately, computations are verified by Gerschgorin’s
theorem (see [32] for a recent improvement of this theorem). Concerning these
algorithms [44], [37], [1], it is legitimate to ask if our methods could apply, could
improve intrinsic complexities, and could extend them to approximate a finite set
of the zeros of an analytic function in a bounded domain. Such a study has yet to
be done.

Finally, in the vast literature on polynomial root finding and cluster detection,
it is worth mentioning a few other important approaches proposed in [16], [19],
[17], [61], that are less connected to our work.

1. Cluster Location

We present point estimate criteria for cluster location that are based on Rouché’s
theorem. The first and most general criterion relates the existence of a cluster of
zeros of f to the sign of a certain algebraic expression built from majorant series
evaluations. Then we deduce criteria in terms of 8, and y,,. Finally, we generalize
these criteria in order to locate zeros of the derivatives of f. In this section, f
denotes an analytic function defined on an open subset U < C.

1.1.  Location from Majorant Series

We start with the most general location criterion in terms of majorant series. This
is a consequence of Rouché’s theorem.

Proposition 1.1. Let m > 0 be an integer, let 7 € U be such that f™(z) # 0
and let F € R{t} be such that |m! f/f"™ (2)|, < F. Then, Jfor any real number
r > 0 smaller than the radius of convergence of F such that B(z,r) C U and

Fo) FmO)

rm m!

1, 4
f has m zeros in B(z, r), counted with multiplicities.

Proof. We introduce the function g: U — C,

f(j)( )

gx) = f(x) - Z
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Let w be such that [w — z| = r, we start with

r’,

‘m! (f) = g)| _ = FP0)
f () =

‘m!g(w) . Z FY(0) j

ey | = . it
j=m+1

It follows that (4) implies | f(w) — g(w)| < |g(w)|. In particular, g(w) does not
vanish and therefore Rouché’s theorem asserts that f and g have the same number
of zeros in B(z, r), counting multiplicities. In order to conclude the proof it remains
to show that z is the only zero of g in this ball, with multiplicity 7. This multiplicity

of z is clear. Now let w € I§(z, r)and w # z, lets := |w — z|, we have
! FO0) . FUDw) .
m |g(w)| 21_ ( )Sj_mzl— Z ( )rj—m>07
| ()]s i !
where the last inequality follows from (4). |

Observe that, for m = 0, this proposition can be used to certify the absence
of zeros of f in a given ball. Furthermore, for positive m, this criterion is sharp:
let a > 0 denote a real number, with f = a™ — x", F = a™ + ", and z = 0,
inequality (4) rewrites a” < r™.

The next lemma provides a reformulation of (4) showing that the set of possible
values for r is an interval, under reasonable assumptions. The extremities of this
interval correspond to the diameters of the largest annulus isolating the cluster in
its inner disk. The main argument involved is convexity. We use Gantmacher’s
notation xy.,; to denote the s-tuple xy, . .., x; and R, represents the set of positive
real numbers. In the next subsection, we will use this result in a particular case, in
order to produce a location criterion for clusters of f @ in terms of U 1-

Lemma 1.2. Let V denote a connected open set of R® x R and let F(x;.,1)
denote a real valued analytic map on V. Let Vyy be the canonical projection of
VN R x {0}) to R®. Assume, for all p;., € Vy:

(@) F(pis,t) = 0, for the partial order on R{t};

(b) (@"F/3t")(p1s,0) # 0O;

©) am(F(prs,-); 0) # 05

(@ VN {pist x R) = {pis} x (=p(p1s), p(p1s), where p(pi:s) denotes
the radius of convergence of F (py., -) at 0;

(e) limr—no(pm) F(p]:sa r) = +4o00.

Then there exists a real valued analytic map A(x1.s) defined on Vyy and two real
valued analytic mapsr~ (x1.), 7" (x.;) definedon V4 := {p1.s € Vo: A(p15) < 1)
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such that, for any py.; € Vy, the following equivalence holds:

F(pis.r) (3" F/3t")(pis, 0) -
rm m!

1 and 0 <r < p(prs) 5

ifandonly if A(pis) <1 and r (p1s) <r < r+(p1:S).

Proof. Weintroduce R(x;., 1) := F(xy5,r)/r™ — (0™ F /9t™)(x1.5, 0)/m!, that
isdefinedon VT := VN (R® x R,,), so that the first inequality of (5) is equivalent
to R(py,7) < 1. On V7, from hypothesis (a) we deduce (3>R/dr*) > 0 which
becomes strict because of (c). Because of (c) again, R(p;., r) tends to infinity
when r tends to 0 and with (e) the same holds when r tends to p(p;.s). From (d),
we deduce that, for any p;.; € V), the maximum analyticity domain of R(pi., -)
is the canonical projection of V N ({p1.s} X R4,) to R and that R(p, ., ) admits a
unique minimum atr = r,,, (p1.5), given by (AR /0r) (p1.s, rm(p1:s)) = 0. It follows
that r,, is analytic on V. We introduce A := R(xy, 7, (x1:5)) and then inequality
A(pi1.s) < 1is equivalent to the existence of two values r~(py.;) and 7T (py.s) such
that (5) is satisfied with r if and only if ¥~ (p.s) <7 < rT(pry). O

1.2.  Location from o,y
Our aim is now to derive a location criterion for clusters of £ from Proposition 1.1
that only depends on o, ;.

Inequality (3) can be generalized in order to treat the derivatives of f. For this
purpose, we introduce

Fui(fozi1) =

-1 [/m—-1 ,. .
(";) (Z G)’g’”(ﬁ UL (m | J)Vm(f; z)jfj>' ©)

j=l j=0

Of course, F,, o and F,, coincide and F,, ;(f, z; t) satisfies

FY 0 (f2:0)
m=0D"

The following lemma will also be used in Section 3:

Lemma 1.3. According to the above notation, we have

Fm—Mf“

f(m)(Z) i|z S Fm,l(f’z; t)-
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Proof. Thanks to Proposition A.9, the proof follows from a direct calculation
through [ derivations of the following inequality:

m f ] _mV@1 e "
[f(m)(z)}z<;f'|f(’“)(z)l +Z’g S

which is clearly established from definitions. |

Combining this lemma with Proposition 1.1 applied to f’ and the series
F,..1(f, z; t), we derive a first criterion, in terms of B, ; and y,,.

Corollary 1.4. Let m > 1 be an integer, let 7 € U be such that "™ (z) # 0, and
lftl € {0, ...,m — 1}. Then, for any real number r > 0 such that y,,(f; 2)r < 1,
B(z,r) C U, and

ml(fZ r)

rml

<2, (7
£O has m — 1 zeros in B(z, r), counting multiplicities.

We now apply Lemma 1.2 in the particular case of F,, ;(f, z; t): the variables
x1 and x, will, respectively, represent B,, ;(f; z) and y,, (f; z) and we take

-1 /m—1
F(xi,x5,t) = (7) (Z <l>x;" J[J 1+[m IZ( )()Czl)j)
j=l j=0

and V := {(p1, pa,7) € Ri* x R: po|r| < 1}, so that Lemma 1.3 reads
[(m - D! fO
fm @)

Since p(p1, p») = 1/p> and taking m — [ instead of m, conditions (a)—(e)
of Lemma 1.2 are satisfied: let A, r~ and r* be the corresponding maps. We
now describe these maps. First observe that R(x, x,), as defined in the proof of
Lemma 1.2, can be expressed in terms of the variables v := x;x; and u := x,r,

-1 /m—1
R(xl,)Cg,r)=<r7> (Z( )(U/u)m /+Z<m+]> j) = ﬁ(v,u).
j=l jzl1

From the definition of A we deduce

:| < F(ﬂm,l(f;Z)s Vm(f;z)st) = Fm,l(fv 25 t)'

A(x;,x2) = min  R(x;,x2,r) = min R(v,u) =: A(v).
O<r<p(xy,x2) O<u<l

Let u,, (v) denote the abscissa where the minimum of I%(v, -) is attained. By con-
struction, u,, is analytic and satisfies

IR
— (v, un(v)) =0,
du
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from which we deduce

, d - IR IR ,
A(v) = d—(R(v, un(v))) = — @, up () + — W, up()u,,(v)
v dv ou

IR
= _(vv um(v)) > 0.
av

Then it is crucial to observe that letting u = /v proves that R tends to 0 when v
tends to zero, hence lim,_.o A(v) = 0. On the other hand, the rough lower bound
m—1 v m—1

A@) z m um(v)Z m v

implies that lim,_, 4~ A(v) = 4o0. Since A is increasing, we deduce that there
exists a smallest positive real number &, ; such that A(&m,/) = 1. In particular, we
get Va ={(p1, p2): 0 < p1p2 < &1}

We conclude that Corollary 1.4 reformulates in terms of point estimates: if
0< amﬁl(f; Z) < O_lmﬁl and

r_(,Bm,l(f; Z)a Vm(f9 Z)) <r< r+(,3m,l(f; Z)’ Vm(f; Z))v

then f® admits m — [ zeros in B(z, r).

We refer to the universal constant &, ; as the critical value for «,,, ;. One practical
difficulty lies in obtaining sharp approximations of these critical values in terms
of [ and m. Next, we focus on expressing lower bounds on these critical values. In
short, we write &, := Q0.

1.3.  Lower Bounds on Critical Values a,,

In order to determine an explicit lower bound on the critical values &y, ;, as previ-
ously defined, we first treat the case [ = 0.

We assume [ = 0 for the moment and let » > 0 be such that y,,» < 1. First, we
observe that (7) rewrites

B\ Ywr
Z(Tm>+ "<, 8)

m
k=1 L= Yuwr

where we let o, := a,,(f; 2), B := Bu(f; 2), and y,, := Y (f; 2), for short.
Then we write

N S Ba/r = B/
r 1-— Ym? 1 - ﬂm/r 1— ]/mr’

€))

k=1

so that if y,, > 0, letting u := y,,r, inequalities 8,, < r,u < 1, and

Uy Uy \ ™M u
(1-(—))+—<1 (10)
U— oy u 1 —u
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imply (7). If m = 1 the critical value @; we find this way is the first positive root

of the discriminant (with respect to u) of 2u?> — (1 4+ a1)u + «;, that is, @; =

3 — Zﬁ > 0.1715, also given in [57, Prop. 2]. Then, numerical approximations

give ap > 0.1225, a3 > 0.1142. For large m one can neglect the term («,, /u)",

so that we can focus on the condition
Uy

=1, (11)

u—o, 1—u
which implies (10) if «,, # 0. The latter inequality is equivalent to
P(u) =20y, — (1 + 3oty + 2u* < 0,
which is itself equivalent to «,, < %, andr~ <r <r™T, where

2
m1—|—3am+ 1—10am+9a,2n’

r- =28

1430, + /1 — 100, + 922,
4)/]71 ’

rtoi=

Furthermore, it is easy to observe that &, > é for all m and thatlim,,, _, o @, = é.
It follows that é is the best critical value uniform with respect to m that one can
deduce from Proposition 1.1.

The next theorem summarizes this discussion and also includes the degener-
ate cases. Thus, similar results for polynomials (contained in the proof of [59,
Lemma 6] and also [53, Theorem 11]) are generalized to analytic functions.

Theorem 1.5. Let m > 1 be an integer and let 7 € U be such that ™ (z) # 0.
In short, let ay, = oy (f32), Bu = Bu(f32)s Ym = Ym(f;2), and suppose
U < 3.
(@ If ay, > 0, then for any r such that r= <r < r*_and B(Z, r) C U the
function f has m zeros, counting multiplicities, in B(z, r) and

2Bn = 2Bn(1 +ap) =1~ =28, (1 4+ 9 /2) < 3By

3Ym 2¥m
(b) If B = O, then for any r such that y,,r < _% and B(z,r) C U the function
f has m zeros, counting multiplicities, in B_(z, r).
©) If ym = 0, then for any r > 28, sucft that B(z,r) C U the function f has
m zeros, counting multiplicities, in B(z, r).

Proof. Only the degenerate cases are left out of the previous discussion. If 8,, =
0, then (8) becomes equivalent to y,,r < % If y, = 0 and B, # O for any
r > 28, then (8) holds again. In both cases (b) and (c), the conclusions follow
from Corollary 1.4. O
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Here follows a useful corollary.

Corollary 1.6. Assume that U is connected, let m > 1 be an integer and let
z € U be such that ™ (z) # 0. Suppose o, (f; z) < % and B(z,3Bn(f;z2)) C
U. Then f has m zeros, counted with multiplicities, in B(z, 3B, ([ z)) and in
B(z,1/Gym(f;2)NU.

1.4. Inequalities Between Different Orders of Derivation

In order to explicit lower bounds on &, ; from the previous one on ,, (namely
%), we will use the following proposition that relates various quantities of type y,
B, and « associated to f and its higher derivatives. More precisely, we show that

Vi (f12) (tesp., Bu1(f:2)) and yu—1(f V5 2) (resp., Bu—r.0(f " 2)) are roughly
equivalent, for fixed values of m and [.

Proposition 1.7. Let z € U and let m > 1 be an integer such that ™ (z) # 0,
then, foranyl € {0,...,m — 1} and!' € {0, ..., m —1 — 1}:

m+1 m-—1
(a) Olm—l,l’(f(l)§ 7) < mT(Xm,H-I’(f; 2) < g (f3 2);
I'+1

—1
®) g s (F59) < B (F0:0) < '"Tﬁm,w(f; or
m+1
V(3 2).

© yu(f:2) S vt (f52) < 2y

Proof.  We introduce the following quantity ¢, ; ;:

<l+j>
1) A+ m—D)!

m Jj! m!
l

Now, setting j := k — [ we can compare the terms occurring in definition (2) of y
and B associated to f and its higher derivatives

m! [ fO@1  ml PR

KUfm @ @+ D™ )

— ! |f(l+j)(z)|

JTfem @l

We start with part (c). Taking the supremum of the adequate powers of the ex-

pression above, we just check that the range of summations fits the definitions to
obtain

Cm,l,j =

= (cm,l,j)_l (m

ym(fa Z) = Ssup
k>m+1

m! | f O™
(k! If(””(z)I)
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. m — DD I
- i ()

R JHFm ()|
< sup (emr ) Iy (£ 2).
jEm—I+1

Conversely, reexpressing y,,_;(f"; z), we get

Yot (FP52) < ym(f32) sup (e, )90,
j=m—l+1

For j > m — 1 + 1 the following lower and upper bounds for c,,; ; conclude

part (¢):
. j—m+ j . j—m+l
JENA i+1 m+1
e < ;o= < .
( ' ) sens= [ == =\57

J i=m—I+1

As for part (b) we get, similarly,

ﬂm—l,l’(f(l); Z) < ﬂm,l+l/(f; Z) ' sup (Cm,l,j)l/(m_l_j)

j=l,....m—I—1
and
Buir (f:2) < Bt (FP52)  sup (cma )™/
j=U,em—I—1
Forj=1,...,m —1—1 we have
i+ 1 m—I—j m—l i m—1 m—I—j
.]7 S Cm,l,j == l_[ N S - )
jJHI+1 i:j+1l+l m

which yields part (b). Part (a) follows easily from (b) and (c) since

—1 1
m=r mrl 0
m—I+1 m

1.5.  Lower Bounds on Critical Values oy,

For zeros of polynomials, the Gauss—Lucas theorem [25] asserts that the zeros of
the derivatives of P belong to the convex hull of the zeros of P. The following
corollary can be seen as a weak generalization of this result for analytic functions:
zeros of derivatives remain close to a cluster. This result is obtained by combining
Proposition 1.7 and the previous corollary to £, which provides lower bounds
for &m, IB
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Corollary 1.8. Assume that U is connected, let m > 1 be an integer, | €
{0,...,m —1},z € U, and assume "™ (z) # 0,

m—1 m+1

- - - )< 1

and let E(z,3[(m—l)/m],3m,l(f; z)) < U. Then, f([) has m — | zeros

(counting multiplicities) in B(z, 3[(m — 1)/m]Bw.(f;2)) and B(z, (m +1—1)/
[30n + Dyn(f3 2D NU.

Proof. From Proposition 1.7 we have

_ | .
31 (fP52) < 3m—ll3m,1(f; D=r 3ya(fPi2) < 3(m+ Dym(f; 2
" m+1-—1

Using the assumption on a,, ;(f; z), we deduce a,,_;(f?; z) < é, and

m—+1-—1 1
r < < .
3m + Dym(fi2) ~ 3ym(fO;2)

The conclusion follows from the previous corollary applied with f O: O has
m — I zeros in the ball B(z,3B,;(f?; 2)), counting multiplicities, and also in
B(z, 1/B3yu(fO5 D NU. O

2. Cluster Diameter

In the previous section we have shown that if ¢, is small enough, then there exists
a cluster Z of m zeros of f, that has a diameter D bounded in terms of B, at
points in the convex hull of Z. In this section we focus on the converse inequality,
that is, upper bounding §,, in terms of the diameter of the cluster. Throughout this
section, f denotes an analytic function from a connected open subset U C C. We
will show:

Theorem 2.1.  Letm > 1 be an integer and let { € U be such that fm(z) #0.
Suppose ma,, (f; ¢) < ﬁ and B(¢,3Bm(f:¢)) S U.Then f has a cluster Z of m

zeros in B(z, 3B (f; 2)), counting multiplicities. In addition, if ¢ is in the convex
hull of Z, then B (f; ¢) < 24m>D, where D denotes the diameter of Z.

‘We postpone the proof until the end of this section. Let Z := {zy, ..., z,} denote
zeros of f in U with respective multiplicities ny, ..., n,. Letm :=n; +--- +n,
and let ¢ be a point in the convex hull of Z. Assume f"(¢) # 0 and, in short,
let oy := o (f38), B = Bu(f3 §), and yy := yu(f; £). By D we denote the
diameter of Z and we introduce p(x) := [];_,(x — z;)" and g := f/p. We start
with a technical lemma on majorant series.
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Lemma 2.2. Assume «,, < 1 and there exists ¢ > 0 such that y,D < 1 — ¢,
then

[nﬂg] ! 1 1
fm@)l, e —e—=yuD)y" 1 —[ym/(1 —&)lt

Proof. If y,, = 0, then g = f™(¢)/m!, hence the inequality holds trivially.
Assume now that y,, % 0. Cauchy’s formula for the kth coefficient /; in the Taylor
expansion of g(x) at ¢ gives the integral representation

1 [ fk@) dz
" 2in Je p@) @— OFT

where the contour C can be chosen as the circle of radius r =y, 1(1—¢)around ¢,
since f/p is analytic in the enclosed disk. Changing the variable to z = ¢ +
r exp(16), we see that this integral is bounded by

max.cc |f )] 1
minec | p(2)| rk

|| <

Since [f], has nonnegative Taylor coefficients, the maximum of |f| on C is
bounded by the value of [ /], at# = r. On the other hand, the distance between C
and the z; is at least » — D, which implies that |p| is at least (r — D)™. Thus we
get

m! |1 m—i i r i
Foey < =D <Zﬂ er) 23

Multiplying by t* and summing over k yields

m'g m—i l m 1
[f“")(c)} D)m (Zﬂ T )1—r/r'

The conclusion of the lemma follows from replacing r by its value and bounding g,
by y,, !, since o, < 1. O

From this lemma we deduce the following bound:

Proposition 2.3. According to the above notation and assumptions, if a,, < 1
and y,, D < 1, then, for any ¢ > 0 such that y,,D < 1 — ¢, we have

‘ 1/(m—k)
m
Bn < sup (Ag Z <k )pgD’” k+z) ,

0<k<m-—1 i—0

where &g := ¢ (1 — & — y,,D) ™™ and pg := /(1 — &).
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Proof. First, from the previous lemma we deduce

[m!gj|< Ag '
f(m)(é‘) ;_ l_pgt

Second, from Proposition A.4, we also have
pl, < []lx—zlf <@+
i=1
Then the result follows from bounding termwise the product in the right-hand side

of
m! f m!g :|
[ﬂ”“(é)]; =1k [ﬂm)(;) .

coming from Proposition A.4 again.

We now deduce simplified bounds.

Corollary 2.4.  Underthe assumptions of the previous proposition and ifmp, D <
1 holds, then we have

Proof. The proof follows from the previous proposition and the following in-

equalities:

mmkarz ,0; DM7k+l

>
oo
-
2N
=
|3
~.
k)
og -
>
3
L
T
IA
>
o

i=0

IA

k
dg(mD)" ™Y " (mpy DY
i=0

- (AgmD)"=*
1 —mp,D

We immediately draw from the previous bound:

Corollary 2.5. According to the above notation and assumptions, if «,, < 1,
then, for any positive real numbers a and b such that0 < a < a +b/m < 1 and

my, D < a, we have

mD 1

< .
ﬁ’"—l_ a b ) b a\”
l—b/mm m  m
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Proof. The proof follows from taking ¢ = b/m < 1 in the previous corollary,

which is valid since we have y,, D < a < 1 —¢andmp,D = my,,D/(1—b/m) <
a/(1—-b/m) < 1. O

Setting a and b to some suitable values we deduce:

Corollary 2.6. According to the above notation and assumptions, if a,, < 1 and
my, D < %, then B,, < 24m*D.

Proof. If m = 1,then D = 0 and B,, = 0, hence we can assume m > 2. Letting

a= %, b= % in the previous corollary we deduce
mD 1
ﬁm — 1 1 m
l-—=r2(_1
1— =
4 m m
The conclusion follows from (1 — 1/m)™" < 4. O

Finally, combining Corollary 1.6 to this statement, we achieve:

Proof of Theorem 2.1.  Since ma,,(f; ) < ﬁ implies o, (f;¢) < %, Corol-
lary 1.6 applies: this gives the existence of Z and the inequality D < 68,,(f; ¢).
It follows that, if ¢ is in the convex hull of Z, then the conditions of the previous
corollary are satisfied. O

3. Convergence Analysis

In the previous sections we have shown how the number of zeros in a cluster can
be estimated in terms of estimates at a given point. Now we show that similar
estimates make it possible to bound an annulus, centered at the cluster, within
which the corrected Newton iterator is well defined, and a smaller annulus within
which its convergence is quadratic. Intuitively, while the iterates are inside the
annulus, they are far from the cluster and the iteration behaves as if the cluster
were a multiple zero, whereas in the inner area of the annulus, the cluster does not
behave like a multiple zero.

In this section f still denotes an analytic function defined on an open subset
U C C.Forany! € {0,...,m — 1} we analyze the convergence of Schrdder’s
iterates for . First we focus on the definition domain of the iterator, then we
analyze the behavior of one iteration. Last, we examine the convergence of the
iterates and present a stopping criterion in terms of data at the cluster. These data
are a priori unknown but we will derive our stopping criterion from them in the
next section.
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3.1. Zero-Free Areas for the Derivatives

Now we show how to bound an annulus, centered at a cluster, within which the
corrected Newton iterator (1) is well defined, that is, in which f U+ does not
vanish. The analysis proceeds first in terms of majorant series and then in terms
of B,.1 and y,,.

Lemma 3.1. Assume that U is connected, let ¢ € U, m > 1 be such that
f™(¢) # 0 and let F be a majorant series such that [m! f1f™ ()], < F. For
allz e U,z # ¢, such that r := |z — ¢| is smaller than the radius of convergence
of F and

F'(r) F™(0)
<1
mrm=1 m!
one has:
@) m! f'(z)

o) = m(z — )" (1 + B), where
F'(r)  F™(0)

s

|B| =

mrm=1 m!

TG

® S@ O ool = w1 1B

Proof. A Taylor expansion at ¢ gives

m! f/(z) _ _ym—l m! f(j)(é') _eNj—m
Fog) = G0 (;]71.!][("1)(;)@ £)
=m(z—-""'(1+B),

where

1 1) _
Z .m! f (()(Z_g)_,_m'

B:=— =L =
TG F ()

Then we deduce from the hypothesis that

izl j#m

F'(r) F™(0)
1Bl = mrm=1 ! <1

)

which gives part (a). Part (b) follows from the triangle inequality |1 4+ B| >
1—|B|. O

Now these estimates extend to the derivatives of f as follows, using majorant
series in terms of B,,; and y,,.
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Corollary 3.2. Assume that U is connected, let m > 1 and ¢ € U be such

that f(m)(g“) #0.Letl € {0,...,m — 1}, then for all z € U, 7 # ¢, such that

w :=max (Bui(f; /1, vy (3 Or) < 1= (D)2 (withr := |z — ¢|), one has:
(m =D fOV)

@) Fm () = (m —D(z— )" "V (1 + B), where

1
PI= G

OO a—w
m =D D@ = = D=y @)

) f*V(2) # 0and

Proof. From Lemma 1.3, one has

(m —1)! f<'>]
—— | < F,;(f,¢;0).
[ G 18D
Let
o L Euen  BIG0)
T om—] pm—U+D m-=0! "~
we claim that
A ! —1. (12)

<
T (1 —uwyt?

Since u < 1 — (1)"/4+2), we deduce A < 1 and therefore the previous lemma
applies with f© and F,, ;(f, ¢; t):

(m—D! fI)
Fm @) B

with | B| < A. Then parts (a) and (b) follow from direct calculations.
Differentiating F,, ;(f, ¢; t), given by formula (6), we obtain

m -1 /m—(+1) m_] . m+] .
A< J .
_<l+1> j; <l+1>” +;(l+1>“

(m =0z —0)"" "1+ B),

Thanks to
JHI+1Y . 1
2 S mamam
=\ 1+ 1 —uw
inequality (12) reduces to proving that, foralli =1+ 1 € {1, ..., m},

T e
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—J
i
inequality (13) by induction on m. If m = 1, then the only possible case to examine
is i = 1 and the verification is immediate. Assuming that (13) holds for m > 1,
we now show that it holds for m + 1. The case i = m + 1 holds trivially, hence
we can suppose i < m and apply the induction hypothesis, after using Pascal’s
triangle equality (which always holds with the aforementioned convention):

<m+i1_j>+<m+il+j)
(") (7)) (1)
() ()T
(T )
("7 (- o)
(707

3.2.  Analysis of One Iteration

with the natural convention that =0if j > m —i+ 1. We prove

The following proposition shows the existence of an annulus around the cluster in
which the convergence of one iteration of N,,,_; (f D: ) is quantified in terms of §,,, ;
and y,,. The following formulas constitute the cornerstone of our approximation
algorithm.

Proposition 3.3. Assume that U is connected, let m > 1 be an integer and let
¢ € U be such that f™ () # 0, x0 € U, xg # ¢. Letl € {0,...,m — 1},

ug = Bui(f38)/Ix0o — &I, uy == yu(f; Olxo — ¢, u := max(ug, uy), and
suppose u < 1 — (1/2)Y*D Then £U+D (xy) #£ 0, hence x1 := N (f V5 x0) is
well defined and

lxo — ¢| m—1 m—+1
lx1 — ¢ < ug + uy ).
(m =Dy () \ m m—1+1
Proof. Letr :=|xo — ¢|. According to Lemma 1.3, we start with

[(m — D1 fO
Fm©)

] SFm.l(fvg;t)-
¢
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Corollary 3.2 asserts that £+ (x,) # 0 and
|f (@)l - (1 —u)'*?
(m =D D (xo)| — (m = Drm=EDy (u)

On the other hand, we have

(xo — &) TV (xg) — (m — 1) f© (x0)
F&)/(m —D)!

(14)

<rG'(r)— (m—DG(),

where
SECHENS 0, F8:0)
o [ 1
6=y P ED, 5 RGO,
Jj=0 j=m—l

From formula (6) and letting

ety = (j —0(?) — (m —n(j) = (j —m)(j),
we deduce

Fm= —I
rG'(r) —(m —DGF) = < < Zcml/uﬁ T+ Z leju’ "’) (15)
)

j=m+1

From

Fm @) (xo — ) TV (xg) — (m — 1) O (x0)
(m — D! £+ (x0) &)/ (m —1)!

and combining (14) and (15), we deduce

(1 —w)'*2r = mej Jem
x1 —¢| < - —Zcm,l,_,-uﬂ + Z Cm,1,j U, .

xX1—¢=

(m — l)<l)1ﬁz+1(u) J=l jzmtl
(16)
Foralll € {0, ..., m — 1}, we claim
m—10m\[(l+m—j .
_Cm,l,j57<l)( 141 ) forl < j<m-—1, 17
hence
m—1
i om—1(m u
- < L 18
;Cm,l,juﬁ = m (l)(l —uﬁ)l+2 ( )

We also claim

m+1 (m\[(l+j—m
<L for j > m+1, 19
c’l”_m+1—l<l>< I+1 ) orj=m+ (1%
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hence

) m—+1 m u
- yl M < 14 . 20
ZC’I’JM)/ _m—l—|—1<l>(1—uy)l+2 (20)

j>m+1

Combining (16), (18), and (20) we deduce

-] < r m—lu n m—+1 ;
NS =y U m P 1)

It remains to prove (17) and (19). First, concerning (17), for j = m — 1 this
inequality is an equality and then it is sufficient to check that

l+m—j -
—mbi\ 4

increases with respectto j. Last, concerning (19), observe again thatitis an equality
when j = m + 1 and that
Il+j—m !
ol
(AN S|

is a decreasing sequence with respect to j. O

3.3. Stopping the Iteration

The next result shows quadratic convergence to the cluster while Schroder’s iterates
remain far enough from it. We introduce the following universal quantities:

1 m+1

- + 3

m (m—=I014+1)m-—1I)

mel.(; =4
0,

Upys i= Max {u > Osuch thatu < 1 — ( )MHZ) and 8% < 1}.
Vi1 (u)

1/(+42) . .
/%2) 55 the first positive

1
2

Observe that this maximum is well defined since 1 — (%)
zero of V4.

Proposition 3.4. Let f be an analytic function from an open subset U < C.
Let ¢ € U,m > 1 be an integer, | € {0,...,m — 1}, and let r > 0 be a real
number such that B(¢,r) € U and £ (¢) # 0. Let 8 := 1if B,1(f; ¢) # 0 and
8 € {0, 1} otherwise. Let u := y,,(f; {)r and assume u < Uy, ;.

Let xy € B(; , 1) and consider the sequence (xi)i>o recursively defined by
Xiw1 = Ny (f©; x1). Let K > 0 be the smallest integer k such that B 1 (f; ) >
Yu(f; Olxi — ¢|> (K may be infinite). Then, for all 0 < k < K — 1, the iterate
Xit1 is well defined, belongs to B(¢, r), and

em,l,zsym(f; é‘)

_ 2
v e

[Xpg1 — ¢] <
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Proof. In short, let B, := B (f;¢) and v = ym(f; ) The case K = 0
is trivial, so that we can assume K > 1. When k = 0, xg € B(¢,r) and B,,; <
YmlXo — ¢|?. In particular, xo # ¢ and, therefore, the previous proposition applies

_ 1 B, 1
|xo — | (m B, 5+ m + o)

lx; = ¢| < u
(m =DV (o) \ m  |xg—¢| m—1+1
gm 1,8Ym 2
< ———|x0—¢I,
Yie1Gug)

where ug := y,,|xo — ¢|. Using the fact that 1/, («) is an increasing function,
we deduce

em 1,6Ym 2 917118”
lxp — ¢ < lxo — ¢1° <

T Y () T Y ()

|xo — &1,

whence x; € B({,r). Then a straightforward induction on k concludes the
proof. O

Remark thatify,,(f; ¢) = 0,then K = Qinthe previous proposition. If y,, (f; ¢) #
0 and B,,;(f; ¢) = O this proposition asserts that the sequence (x;)ren converges
quadratically to ¢. Butif 8, ;(f; ¢) > 0, then K is finite. Unfortunately, it is not
possible to handle the computation of K from the only data at the current iter-
ates. In the algorithm proposed in the next section we relax the conditions of the
previous proposition.

Analysis of the Last Iteration

Speaking informally and according to the notation of the previous proposition, we
show that xg or xg; is very close to the cluster of £ when the iteration stops.
More generally, for any I’ < I, we provide a stopping criterion to get close to the
cluster of £¢7. In particular, if / = m — 1 one can take I’ = 0, in order to stop the
approximation close to the cluster of f. Recall that 8,y > B

Proposition 3.5. Assume that U is connected, let m > 1 be an integer, let { € U
be such that f"™(¢) # 0, and letxo € U.Letl € {0,...,m —1},1' > 0,1' <1,
8:=1ifBni(f;¢)#0and s € {0, 1} otherwise. Assume

ym(fs §)|.X() - §| =< Un,1,s-
(@) If f*D (x0) = 0, then

< ﬁm,l’(f; {)

Um,1,8

lxo — ¢
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) If fTD(xg) # 0, then x1 = Nu_i(fO;x0) is well defined and if
Bt () = ym(f: O)\xo — %, then the following inequality holds:

B (f E).

Um,1,8

min(|xo — &I, |x1 — ¢]) <

Proof. Part (a) follows directly from Proposition 3.3 and the definition of u,, ;5.
Concerning part (b), if |xo — ¢| < B (f; $)/Umis, then we are done, so that
we can now assume that the contrary holds, that is, B, (f; ¢)/|x0 — | < Um.s-
Then, using hypothesis y,,(f; {)lxo — ¢ < B (f5 £)/1x0 — | =: ug, Proposi-
tion 3.3 yields

9111,],6 |X() - §| _ em,],é .
lx; —¢] < 1/fl+1(uﬁ) Ug = Ilerl(uﬂ)ﬁm,l (f;¢)
077116 ﬂm Z’(f; é‘)
- ol ; < ’7' D
- ¢1+1(um,1,5)'3 130 = Um 1.6

4. Cluster Approximation

In this section, we undertake the problem of stopping Schréder’s operator in the
case of clusters with positive diameters. Informally speaking, we turn into prac-
tice the theoretical convergence analysis of the previous section. Here we start
by presenting crucial formulas bounding point estimates starting from other es-
timates at a close point. In Section 4.2 we introduce the function B,, ; that aims
at computing approximations of 8, ;. This is followed by the main lemma, that
provides a stopping criterion from the data at the current iterates only. Conditions
depending on data at the cluster appear in the main theorem, which summarizes
our approximation algorithm. Section 4.5 is devoted to testing these conditions
from the initial point only.

4.1. Translation of Point Estimates
From now on, f denotes an analytic function defined on an open set U C C. The

next lemmas concern bounds in terms of majorant series. They are used in the next
proposition, which gives bounds on translations of point estimates.

(I’I’l) tm—k
k

1 i (k)
_ < 7
<k! 1— y,,,t) T (1 = pup)kt!

Lemmad4.1. Foranyk < m we have
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Proof. An easy rewriting of the left-hand side of the inequality yields

o A\ 1 * —
- — — ol g — gk it i
(k!l—ymt) (i>0 K m ) ;( k )W )

The right-hand side is

<m>tmk
k (M k+i ;
(1 _ ]/mt)k+1 - (k)t Z( k )(ymt) k]

i>0

so that it is enough to prove

("= ()

But this follows from the fact that the sequence
mAi\(k+i\""

u; = .

k i

u,'H:m—}—-t—}—l l.+l <1 0
u; k+i+1 m+i+1—k

is decreasing since

Lemma4.2. Let¢ € U,m > 1 be an integer and assume that £ (¢) # 0. Let
Ym = Ym(f; ¢) and ﬂm,l = IBm,/(f; ¢), for short.

(@) If0<!l<m—1,then

<m> M -l
[

m! fO
[ (1 = ymt)+

W}{ = ﬂm,l(ﬁm,l + (m — l)t)’"—l—l +

1 £0) [—m
(b)Ilem,then[m'f }< Vo

@) [, = (= yu)
(m) _ m+1

© [f (C)] < (1 = ymt) '
f(m) Ie 2(1 - th)m+l -1

Proof. By Lemma 1.3, we get

(a0 m—1 /. m ()
m! f <y “\proigit 1t '
nfmey |, -\ N1 =yt
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When ! < m — 1, we bound the first sum as follows:
m—1 /. m—l—1 .
LY om—ii— m—1—1\ __i—; @+ )
Z <l>/3m,l t l < ,Bm,l Z ( ) )ﬁmvll 1 ]t]l—'
i=l = J !
= :Bm,l(,Bm,l + (m — l)t)m_l_l’

for (I + j)! /1! < (I + j)/ < (m — 1)7. For the second term, we use Lemma 4.1,
this yields part (a). If / > m, then part (b) follows from Leibniz’s rule

m! f(l) - l i @) B ylflfm
! f(m)(é‘) 14 - N1 - ymt B (1 - th)l-H .

Part (c) follows easily from (b), letting [ = m and using Proposition A.8 from the
appendix. O

We are now able to deduce the following useful bounds:

Proposition 4.3. Assume that U is connected, let { € U, m > 1 be an integer
such that f(’”)(;‘) #0andl € {0,...,m — 1}. Let y, := Y (f;¢) and B, =
Bm.i(f; ), for short. Let z € U, r := |z — ¢| be such that u := v, (f; {)r <
1— (HYVeED then £ (z) # 0 and

1
@ o (f12) < Jrog (o (1 = w) D L am — Dyw);
(b) B (Fi D) <~ (Bs(1 = )™/ D L (o — Dy);
1ﬂm()’//‘)

(c) J/mff)s 7) < Wl__:]‘);
@ o)A =wmt

Fm(2) WY (1)
© f™(2) 1

FmE) |~ A —uymtt’

Proof. Parts (d) and (e) follow from parts (b) and (c) of the previous Lemma 4.2
and majorant series evaluation via Proposition A.3. Part (a) follows from (b) and (¢).
Concerning (b), thanks to Proposition A.3 again, evaluating the series inequalities
of parts (a) and (c) of the previous lemma yields, for! <k <m — 1,

m! | f® )] _ L™ m! P @)
kULfm ()] | @) k(@)

o)

(1— u)erl
(1 — uyk+!

: Y () B (B + (m — 1)}’)’”*/‘*1 n
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(l _ u)m-H

< - 7
T Y

(mr (1 —u)"*

_ m—k
B+ (m = 1Dr)" = + o)

’

for ,Z < m™*. Since ¥,,(u) < 1 we deduce part (b). As for part (c), we use

parts (b) and (c) of the previous Lemma 4.2: for k > m + 1 we have

m! |fP@1 _ m I fO@1 "1 _ Vo "
KUM@ kMO @1 T (= )k ()

4.2.  Approximation of By

One of the important features of our algorithm is that it needs to compute only rough
approximations of B, ; in order to check the stopping criterion. We thus specify
our algorithm in terms of a function B, ;(f, y; z) returning an approximation
of B,,.1(f; 2), with the possible help of information computed at another point y.
Specific approximation functions can be devised for various classes of functions f,
this is discussed below.

For any two points y and z, we introduce y,, := max(y, (f; ¥), Ym(f; 2))-
An important quantity to capture the behavior of the iterates is provided by v :=
Ym|y — z|. In order to quantify the approximation provided by B,, ;, we also assume
that we are given a positive constant v,,; < 400 and two increasing functions
Tp.1,0 and 7, ;| defined on the interval [0, v, ;), such that, for any two points y, z
with v < vy, ;, one has

Bui(f,9:2) < Tt 1) Bmi(f32) + Tt o) Pmly — 212, 2D
Bui(f:2) < Tnia)Bui(f, ¥:2) + Tuio@mly — 2> (22)
As an extreme example, one can take B, ;(f, ¥; 2) := B (f; 2)s Uy 1= +00,

Tw11(v) == 1, and 1, 7,0(v) := 0. In Section 5 we propose a numerical scheme
based on interpolation at roots of unity.

4.3. Main Lemma

The convergence analysis of the previous section gave us the theoretical stopping
criterion By, 1 (f; &) = Y (f; O)|xx — §|2. Of course, testing this inequality from
estimates at each kth iterate x; is not possible since ¢ is a priori unknown. We
bypass this problem by relaxing this condition. Informally speaking, the criterion
we provide is based on the observation that if the latter inequality does not hold,
then B, (f, xx; Xes1) < Glxxs1 — xi|* for a certain value G. We stop the iteration
once the latter inequality is violated. The idea is to combine Propositions 3.3
and 4.3. Under the conditions of Proposition 3.4 the following lemma provides a
criterion for stopping the corrected Newton iteration close to the cluster by giving
a suitable value for G.
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Lemma 4.4. Let f be an analytic function defined on a connected open set U C
C.Lett € U,m > 1 be an integer such that f<m>(§) #0.Letl €{0,...,m—1},

I'slxo € Uyu:=yu(f;Olxo—¢l, 8 :=1if Bui(f:5) # 0and 5 € {0, 1}
otherwise. If

U< inmps and By (f18) < vu(fi Olxo — ¢I%, (23)
then x1 = Ny (f©; x0) is well defined and:

@) B (f3x1) < Cop 5@y (f3 O)lxo — X117, where

(L — sy 4 i@ =)
o Vi1 (1)

Wm(u) (1 _ em,[,gu >2 ;
Vi1 ()

(b) Let y, := max(¥m (f; X0)s Ym (f3 %1)), U = Ymlxo — x11, if v < vy 1, then

CoursW) =

By (f, %05 X1) < @t 1 ) Con 0,5 @ Vi (5 &) + T, 0(0) Vi) X0 — 112

Proof. In short, let r := |xo = ¢, Ym = ym(f: ), and By = Bur(f: 0).
Thanks to (23), Proposition 3.4 applies: x; is well defined and we have

Om m
oy — ¢ < mddYma (24)
Y1 (u)
Let u; := yu,lx1 — ¢|, we have u; < u and from Proposition 4.3(b) we deduce
1—u , .
B (f3x1) < = (B (1= u) O 4 @m — 1xy — £ )
Wm (M])
It (e OB
- 1s”m(ul) W1+1(14)
Now the triangle inequality » < |x; — xo| + |x; — ¢| and (24) yield
- 1
r < WW) —xl.
Yiy1(u)
Finally, using the fact that the function u > (1 — u)!T¢+D/0=0) 1y () in-
creases, we reach part (a). Part (b) follows straightforwardly using (21). O

4.4. Algorithm

For the sake of simplicity, we assume from now on that analytic functions are de-
fined on maximal analyticity domains. Before stating the main result, we introduce
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universal functions that quantify the behavior of the convergence:

P (Lt U) L Tm,l’.l(v)
TR | _ Tmrro(V) '
C
_ Tin,17,0(V)
Km.g0.s(U, V) = Ty r1(v) + mT,
1 —3u , , 2m — 1
. '+1)/(m=1")
Xmaps() = ((1 —3u) + ) ,
" e U, 1.5
- Em,zylg,s(”» U)Tm,l/.,l (v)
Ep s, v) = Xm,1,0,8(1),
Tm,l’,O(v) —
1 - —C K15 Uy V) 10,5 (W, V)
m—=1 -
3 C
m

N8, V) 1=

m—1 -\
1-3 Cv
m

where C := 7 11,1 (V)Cp 11,5 (W) + Tinrr.0(v) and C := Ty 11 (V)C + Ty 1,0 (V).
The following theorem presents our stopping criterion and summarizes the main
properties:

Theorem 4.5. Let f be an analytic function defined on a maximal connected
open set U C C. Let ¢ € U and m > 1 be an integer such that ™ (¢) # 0,
le{0,....m—1}tandl' < 1. Let§ := 1if Bui(f;¢) # 0and § € {0, 1)
otherwise. Letr > 0, y,, and y,, be given. Let u := y,,r, u := 3u, v := 2y,,r, and
assume

v

Y = Vm = VY (f50),
Y max,cg,3r) Ym (f;2),

U < Upys, (25)
1— (%)l/(m+1>’

v

u

AN A

v Um,1’-

Let C := Ty 11 (V) Conr,5 () + Tin0(0), G = Cm, C := Ty 1 (0)C + T 10 (V).
For any xg € B(¢,r), let x| := Nm_z(f(l); X0), then one of the following three
exclusive cases holds:

(@) If fTD(x0) = 0 or £+ (xg) # 0 and x, ¢ B(xo, 2r), then
B (5 %0) < Xm0, @) B, (S5 5). (26)
(b) If fTD(xg) # 0, x1 € B(xo, 2r) and B,y (f, xo; x1) > G|xo — x1|%, then
min(By, v (f5 %0), B,y (f3 1)) < X106 ) B (f5 ). (27)
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(©)

Proof.

In addition, we have

Bm.l’(f’ X0; xl)

IA

A

By (f, x15%0) < T, 1(0) B (f5 X0)

tm,l’,O(v)

+ ——5—B, v (f, x0; x1),

C
B (f x0)

IA

Tin,1,0(V)

+ ———B,r(f, x0; x1).

C

K105 V) B (f5 x1),
B (f3x1) < kmpr.sW, v)By r (f, X05 X1),

T, 1 (W) By (f, X135 X0)

289

(28)
(29)

(30)

€2y

Let zg := X0 if B (f, x15 X0) < By (f, x0; x1) and zo := x1, otherwise. If

T, 0K 1 5 (U VK 10,6 (u, v) < C,

then we have

By (f320) < Bprr,s(, 0) B (f3 0.

(32)

(33)

Otherwise (f(l“)(xo) # 0, x; € B(xo,Zr), and B, (f, x0; x1) <

Glxo — x1|%) we have
B (5 x1) < Cmlxo — x11%.

In addition, if

/

3m C_v<l,
m
then
m—10U m+1 |
- @ , . < 1
- m—i—l—l’am’l(f’xl)_g’

and O admits a cluster Z, of m — I zeros in

B <X1,3m

If ¢ belongs to the convex hull of Z,, then

_r
B (f; X1)> .
m

- 2
[x1 = 1 < Nt s (U, V) VmlXo — C|°.

In short, we let B, 1 := B (f; ).

(34)

(35)

(36)

(37

Let us start with inequalities (26) and (27). If xo = ¢, then they trivially hold,
since X116 (U) = Xm10,5(0) = 1.
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Let us suppose now that xo # ¢. If f¢*D(xy) = 0, then Proposition 3.5(a)
gives
,Bm,l/
Um.ls
If £ D(xq) # 0 and x; ¢ B(xo, 2r), then we claim that

Bt = Vi (3 Olxo — ¢

If the latter inequality were not true then, thanks to u < u,, s, we would ob-
tain £V (xo) # 0 and |x; — ¢| < r via Proposition 3.4, whence |xo — x;| <
|xo — ¢| + |x1 — ¢| < 2r, which contradicts x; ¢ B(xo,2r). In consequence, one
has By = v (f; O)|xo — ¢|? and |x; — ¢| = |xo — |, so that Proposition 3.5
implies that (38) also holds in this case.

Since u < it < 1 — (1/2)"/*+D Proposition 4.3(b) yields

Bt ([ x0) = ~—
m,l’ s X0) = —
Y (1)
hence (26). This concludes part (a).
Before going further, we need to remark that using the assumption y,, >
max, ¢z 3 Y (f3 2),1f x1 € B(xp,2r) € B(Z, 3r), then one has

X0 — ¢| < (38)

By (1 — i)/ 4 om — 1)|xg — ¢ 1),

Ym = max(y, (f x0), v (f; x1)),

hence y,|x0 — x| <V < Uy .

Now let us deal with part (b). If we had B,y < Y (f; O)]xo — Z|?, then all
conditions of Lemma 4.4 would be satisfied, which would imply B,, ; (f, xo; x1) <
Glxo —x1|2. This yields a contradiction, hence we necessarily have B, , >
Y (3 O)xo — ¢|%. Then Proposition 3.5(b) provides

IBm,l’

min(|xo — &, lx1 — ) = .
Um,1,8

Because

1/(m+1)
Ymmax(|xo — &I, [x1 = &) < Ym(lxo —x1| +|xo — ¢ <u < 1-— (5) ,

Proposition 4.3(b) applies again and leads to (27).
Let us now deal with (28). Since y,,,|xo — x1| < v we deduce, from (21),

By (f %03 X1) < T 1 () Bt (3 X1) + T, 0(0) Pl x0 — X112

Tnr.o(v
< T 1 (0) B (f x1) + %()Bm,p(f, X0 X1),

hence (28). Inequalities (29), (30), and (31) follow in exactly the same way.
Let us prove (33). We distinguish two cases. First, if zo = x¢, then we deduce,
from (31) and (28),

A

B (f5 X0) < K g5y VIK,, s, 0) By (f5 X1).
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Since Ky, s(u,v) > land k,, , , s(u, v) > 1, we deduce

B (f520) < K5, V)i, p s, v) min(By, 1 (f; X0), Bu (f5 x1)). (39)
On the other hand, if zp = x;, applying successively (29), (30), and (28) we get

By (f5sx1) < K5, 0)Byp (f, x0; X1) < kmpr,s (W, V)By v (f, X135 X0)
< KU, v) (Tm,l’,l(v)ﬁm,l’(f; X0)

fm,l’.O(v)

C Em,l,l/,a(“’ U),Bm,l’(f§ xl)) s

so that using hypothesis (32) we deduce
Km,1,0,5 (U, V)T 1 (V) min(By 1 (f5 x0), B (f xl))

B (f320) < . o) (40
R Ko 11r.6 (s VK 115 (1, V)
Combining (39), (40), (27), k,, ;s = 1, and kg 1.5 > 1 yields (33).
Now, let us examine case (c). By assumption (22) we deduce
B (f:%1) < Tt ) By (. X0: X1) + Tnr,0(0) P [X0 — X1

< Comlx1 = xol,

which provides (34). Then we deduce
o (f131) = CPplxr = xof* < Cv?.

In order to prove (36), we first check

C = C= CuprrsW) = Cpurs0)

> OisQ2m—1) > ((m +l 2(12)’7(1;11_—1)1) 1)

Then, squaring both sides of (35) gives

c’2<1< m )z(m—l+1)(m—l)
C=9\w=r) T m+nom—1n"

from which follows:
m—1 m+1
m m+1-=10

1 m+1 m m—I1+1Dm-—1)
Om+1—0'm—10 (m+1)2m—1)
<1 m+1 m (m—=I014+1)(m-—1)
T 9m+1—-Im—-1 (m+1)2m-1)
1
9

o (f3x1) <

m

1
<.
2m—1 79

IA
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Then Corollary 1.8 implies the existence of a cluster Z; of zeros of f¢", and if ¢
belongs to the convex hull of Z;, then

!

—7 - -
B (f5x1) <3 Cimlx1 — x0l%.
m m

m m

lx1 — ¢ <3

Finally, inequality (37) follows from

/

X1 — xol < |x1 — ¢+ |x0—¢| <3 Cmlx1 — x0* + x0 — 1,

m

hence

|xo — ¢

m—=1_-"

Cv

X1 —xo| <

1-3

If xo = ¢ is a multiple zero of multiplicity m, then conditions (25) and (35) are
trivially satisfied with » = 0, ¥, = v = ¥Yu(f; ¢). In practice, the functions
B, that we use ensure that condition (32) also holds for » = 0. This shows by
continuity that this theorem actually performs cluster approximation.

Informally speaking, if ¢ belongs to the convex hull of the cluster of f),
then Theorem 2.1, combined with Proposition 4.3, tells us that 8, ; is about the
diameter of this cluster (assuming that o, (f; ¢) is sufficiently small). Thus, x( in
case (a) and z in case (b) are located at a distance from the cluster which is of the
order of its diameter. We leave out the details here.

4.5. Checking Conditions from the Initial Point
Combining the point estimate cluster location criterion underlying Corollary 1.8

with the latter theorem and Proposition 4.3 makes it possible to ensure condi-
tions (25), (32), (35), and

M 1,00, (U V)Yt < 1, (42)
from point estimates at xp only.

More precisely, let xo € U and m > 1 be an integer such that £ (xq) # 0.
Let! € {0,...,m — 1},1’ <1, and assume

m—1 m-+1 (f )<l
m m—’—l—l/am,l/ , X0) = 9°

then £ admits a cluster of m — I zeros in B(xg, 3[(m — I')/m]1Bm.r (f; X0)),
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according to Corollary 1.8. We take

5 =1,
m—1
r:=3 B (f x0),
V= Ym ([ X0) 43)

(1 - ym(j;/; xO)r)wm(ym(f; .X())r) '

(1 - 3)/;"")1/fm(3)/m") ’

Let ¢ be a point in the convex hull of this cluster. Assuming the stronger conditions
VY (3 x0)r < 1— (%)Mmﬂ) and 3y,,r < 1— (%)1/(m+1)’ Proposition 4.3(c) yields
Ym = Ym(f3 ¢) and ¥ > max ¢z 3, ¥m(f; 2). One can then apply the previous
theorem with these quantities.

According to formulas (43), it follows that the quantities u, u, v, C, C, and
Nm.1.v.s(U, V)Y, depend only on «,, i (f; xo). Therefore, if oy, 1 (f; x0) is suf-
ficiently small, then conditions (25), (35), and (42) are satisfied. In Section 6
we compute the supprema of the admissible values for «,, ;(f; x¢) according
to different approximation functions B,, ;. As mentioned earlier, in all our cases
condition (32) is always satisfied.

Once all these conditions are satisfied, we compute x| := N,,_;(f D x). Let
us consider case (c) of Theorem 4.5: we are to show that Z; = Z. Thanks to (36),
Corollary 1.8 applies: we deduce that the elements of Z; are the only zeros of f"
in B(xl, (m+1-=10)/[3m + 1)y,]). On the other hand, for any z € Z we have
|z — x1| < |xo — x1| 4+ |z — x| < 3r. Therefore it suffices to verify

m+1-1 . 2m+1-1
3r < — orequivalently, v<-——
3m+ Dyy 9 m+1
These inequalities are true if m > 2. They are a consequence of (35) and (41),
1 m m-Dm+1-0) 1 m m+1-=-0
o< = < —
" 3m-=0I m+1)2m—-1) ~32m—-1 m+1
2m+1-10
< e
-9 m+1
Using (37) and (42), we deduce |x; — ¢| < r. Since this inequality holds for any

¢ in the convex hull of Z we deduce Z C B(xl, r).
Now consider the sequence (x;)xen, formally defined by

)7m =

X1 1= Nt (F 95 xp).

Let K be the first integer k such that the stopping criterion is satisfied at x;, that
is, D (xe) = 0 or xpq1 ¢ B(xi, 2r) or By v (f xe: Xep1) > Glxe — Xpqr |2 For
all k < K — 1, it follows by induction that x| is well defined, that x4 belongs
to B(¢,r), and that Z € B (x4, 7).

Before presenting numerical experiments in Section 6, the next section describes
two possible families of functions 5, ; and details the computations of upper
bounds on y,,.
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5. Approximations of Point Estimates

Our approximation algorithm presented in the previous section requires upper
bounds y,, and y,, as input, and performs several estimations of §,, ; in a certain
neighborhood of the cluster. In practice, input upper bounds are expected to be
available from location criteria as explained previously. In this section we provide
elementary devices for these point estimate computations. First of all, we give a
purely numerical scheme to approximate f,,; by means of interpolation. In this
way a valid B,,; used in the next section is specified. After that we describe a
mixed symbolic numerical scheme to compute upper bounds on y,, for functions
that depend polynomially in x and in some exponentials exp(aix), for certain
complex numbers a.

5.1.  Approximation of B,

Now we design a purely numerical device for computing a valid B, ;(f, y; 2),
introduced in the previous section.

Let m and z be such that £ (z) # 0 and let ,, > ¥,,(f; z). Consider a fixed
integer k > m + 1, let r be a positive real number, and w a kth primitive root of
unity. Let g denote the interpolating polynomial of degree at most k — 1, such that
q(zj) = f(z;), where z; = z + rw’ for j € {0,...,k — 1}. Let v := y,,r. The
following proposition quantifies the approximation of 8, ;(f; z) obtained from g.

k—m

Proposition 5.1.  According to the above notation, if v+v < 1, then we have

vk—m vk—m 1/(m—1)
ﬂm,l(f; Z) = ,Bm,l(q; Z) (1 + — U) + < ) r,

A

1 1—v

1

. h—m \ 1/ =D
PR ——— <ﬂm,z(f;z)+<1_v> r)-

In order to treat the case » = 0 in a continuous way we define the corresponding
q as the limit of the interpolating polynomials when r tends to zero. This limit is
nothing else but the truncated Taylor expansion of f at z. Remark that this case
never occurs in the frame of the approximation algorithm of the previous section,
unless one of the iterates is a zero.

It follows from these definitions that, taking k := 2m — [, B,,;(f, y; 2) =
Bm.i(q; z) for g computed with r := |y — z|, we obtain a valid approximation
function that satisfies (21) and (22), with

ﬂm,l (6], Z) <

1/(m—1)

————— and T 0() =T (V) [ —— .
l—v—ovm l-v
(44)

m—I

Tma1(v) =1+

v,n.1 being the first positive root of v + v~/ = 1.
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Proof of Proposition 5.1.  We introduce the Vandermonde matrix:

1 1
1 w wk—!
V(w) =
Lok e

Now writing g (x) := Zf;(; gi(x — 2)', the following relation holds:

g f@
i f'@r Ry
Vi(w) : =V(w) : + .
ke SEV@) Ry
et o

where R; := Y, (f“(2)/i")(z; — 2)". From the definition of z; we deduce

I R: k—m .k
MR oY T o i e {0, k— 1),
F)| T 1= yur
Then, using the classical fact Vw)y '=vwhH /k, we deduce

() 1=l R
qi — ! .(Z) =EZ—.’w”’ fori € {0,..., k— 1},

i! = rt
hence
' 0) k—m . k—i
LR (R A | P 45)
fm(z) i! L — yYmr
Fori = m (since k > m + 1) we deduce
| k—m
mlgm | _ v ‘
() “1-v
Using v + v¥ < 1, it follows that g,, # 0 and
(m) 1—
S"(2) < v 46)
m! gm 1 —v—pkm
Equation (45) leads to
m! fO(2) qgi || m!qn n m! (f(i)(z) )’
e | T gl [Fm@| T e i T
. k—m k—m )
< a 1+ i + 0 "
qm 1—v 1—v
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hence the first inequality. For the second one we deduce, in a similar way from (45)

and (46),
ol = o (m!f(i)(Z) | <f(”(z)_ >
qm m! gm il fm(z) ) i gi
1-— . o |

5.2.  Upper Bounds on y,,

In most practical cases, upper bounds on y,, can be obtained from geometric
majorant series manipulations: Appendix A gives rules for computing majorant
series for products, compositions, derivatives, etc.

Designing a complete algorithm for upper bounding y,, that covers a large class
of analytic functions would lead us too far from the scope of this paper. In order to
illustrate our methods in the next section, we restrict our analysis to the functions
that depend polynomially on x and on a finite set of exponentials exp(a;x) where
the a; are in C. Any function f of this kind can be written in the following form:

f=pix)explaix) + - - + pu(x) exp(a,x),

where py, ..., p, are polynomials.

Since the exponential is an entire function, there exists geometric majorant series
of the form Az /(1 — pt) for any positive p. The following proposition explains the
optimal corresponding value for A.

Proposition 5.2.  For any positive p < 1, we have [exp]0 < 14 at/(1 = pt),
where A := 1/[K! pX~ and K := |p~']| (i.e., the largest integer less than or
equal to p~1).

Proof. 'We rewrite the series inequality as 1/k! < Ap"‘l for k > 1, and then as
log(k!) > —log(r/p)+klog(p~"), by taking logarithms. The function of i, defined
by its graph G as the union of the segments [(i, log(i!)), (i + 1) log((i 4+ 1)!)] for
i > 0, is convex of slope log(i + 1) between abscissas i and i + 1. Because
the graph of the right-hand side of the previous inequality is a straight line with
nonnegative slope, the largest possible value of —log(1/p) is obtained by making
this line tangent to G at K. This leads to the announced value for A. |

We introduce a := maxge(i,.. n) |lax| and p := ap, for any p such that 0 <
p < 1. Let A denote the corresponding value given in the previous proposition.
Applying the previous proposition and Proposition A.4, we deduce

[f]. < <1+1

rat " X
— E lexp(a;2)| [pil, =: P(t) + ——,
— Pt/ iS L=pt
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where 1 and the polynomial P are obtained by means of Euclidean division by
1 — pt. Finally, the following proposition gives an upper bound on y,, ( f; z) from
the computation of the Taylor expansion of f at z at precision k and the above
series inequality.

Proposition 5.3. According to the above notation, let m be an integer such that
f"(z) # 0, 0, := m!/| f™(2)|, and let p,, := max(0, P"™(0)/m!). For k >
max(m, deg(P)) + 1, let q denote the unique polynomial of degree at most k — 1
such that f(x) —q(x) € O,((x — 2)¥), then

V(@3 2) < V(5 2) < Max(Vn(q; 2), p(Om (P + Ap™)ET™).

Proof. By construction we have o, (p,, + )1,5’") > 1, hence

() 1/(—=m)
d — .
sup (Um u) < sup(a,ap)l/i=m
=k J! ik

1/(j—m)

IA

sup 5 (0 (P +10™))
jzk

PO (pm + 1p")E. O

IA

For instance, let

r=(1 14 — 31 W+ (1 6+ 231 9-31 , exp(ix) — 2
= 20 x | exp(x 20 X 20 X xp(ix ,

m =3 and z := 0.3 (recall 1 := +/—1). We have a = 1; we take p := 0.15 and
k :=9, and we get A ~ 18.3, ¥,,(¢; 2) ~ 0.53, and p(0,n (P + Ap™)V/*M ~
0.31. This way we obtain an accurate approximation of y,, (f; z).

6. Numerical Experiments
In this section we illustrate Theorem 4.5, of which we use the notation. We let
[:=0,I':=0,8 := 1 and consider three families of examples, each parametrized
by a real positive number N:
Example 1.

="+ 107"V x™ — 1).

This polynomial admits a cluster of m roots around 0. The other roots are simple
and lie on the unit circle.
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Table 1. Ceritical values for the symbolic algorithm.

a an as Qs as A6 a7 ag
0.0053 0.0040 0.0035 0.0032 0.0029 0.0027 0.0025 0.0024

Example 2.

fo= (1 - 142_()3lx> exp(x)

6+ 23 9-3 , 3N
1— — —-2+1 .
+ ( 20 X 20 X )exp(zx) + 10

This function admits a cluster of three zeros around 0. In order to get accurate
upper bounds on y,, we use Proposition 5.3 with p := 0.15 and k := 9.

Example 3.

2 — 1+4 2
fi= <1— 3lx>exp(x)+<1— —;lx—gxz)exp(lx)—Z—i—lO_W.

This function admits a cluster of four zeros around 0. In order to get accurate upper
bounds on y,, we use Proposition 5.3 with p := 0.15 and k := 12.

Computations are performed with the Maple computer algebra system version 7.
The Digits environment variable controls the number of decimal digits that Maple
uses when calculating with software long floating-point numbers. Heuristically, in
order to avoid round-off problems, we set this variable to 2mN. This problem is
beyond the scope of the present work.

The starting point xg is taken as exp(:m/4) times the largest negative power
of 2 that satisfies conditions (25), (32), (35) of Theorem 4.5 and also (42). These
conditions are checked by computing point estimates at xo only, by means of
formulas (43), as explained in Section 4.5.

Once all these conditions are satisfied we compute the sequence (xj)ien re-
cursively defined by x;4+1 := N, (f; xx). As in Section 4.5, let K be the first
integer k such that the stopping criterion is satisfied at x;, that is, f’(x;) = 0 or
X+l € B(xk, 2r) or Bm’[r(f, Xis Xky1) > Glx — X1 |2. Recall that x4 is well
defined while k < K — 1 and belongs to B(;, r).

At the end of the process, that is, for k = K, different situations occur. If xg 4
is not well defined or outside B (xx, 2r), we indicate oo in the column B, (f; Xg+1)

Table 2. Critical values for the numerical algorithm.

aj a a3 a4 as as ar as
0.0037 0.0031 0.0028 0.0026 0.0024 0.0023 0.0021 0.0020
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of Tables 3—8. Otherwise we indicate both 8,,(f; xx) and B,, (f; xg+1). If

By (f, k413 Xk) < Bup (f, Xk Xk 41),

then we underline the first one (resp., xg), or else we underline the second one
(resp., Xg+1).

Recall that this approximation scheme depends on the function B,, ;. We discuss
a symbolic and then a purely numerical algorithm, corresponding to different
choices of By ;.

Symbolic Algorithm. Inthis case wetake B, i (f, ¥; z2) = Bm.r (f; z) and perform
the required computations of 8, by means of power series expansions. In Table 1,
we provide approximations of the supremum values &, for o, (f; xo) having the
following properties: if o, (f; X9) < &, then conditions (25), (32), (35), and (42)
are satisfied. The following approximations are obtained as the first positive zero
A Of Ny 1.5 (U, V)Ymr = 1, since this equation rewrites in terms of «,,, (f'; xo) only
(as observed in Section 4.5). We provide approximations of &,, rounded toward
zero at precision 10™*. Sequences of iterates are presented in Tables 3 and 5.

Numerical Algorithm. Here we consider the function B,, y, given in Section 5
according to formulas (44), that performs interpolation from the evaluations of f
at 2m points; no high-order derivatives are required. We illustrate the numerical
approach in the same way as in the previous symbolic case. We define critical
values &, for a,,(f; xo) as previously; we report them in Table 2. As expected,
these values are slightly smaller than in the symbolic case. Nevertheless, it is
worth noting that they are of the same order of magnitude. Sequences of iterates
are presented in Tables 4, 6, 7, and 8.

Comments on Tables. In all our examples the diameter of the cluster is about
10~V The election among the points xx and x| always returns the one inducing
the smallest value for §,,. As expected, this value is of the order of the diameter
of the cluster.

Example 1 displays a case of over-quadratic convergence. This is due to the
vanishing of £+ at 0. The same phenomenon occurs in Example 2, where
F@(0) tends to 0 for large values of N. Note that all the cases of the algorithm
actually appear in these example. Example 4 is the only one realizing a strict
quadratic convergence, as observed in Table 8.

Last, note that the symbolic and numerical algorithms produce very close out-
puts in Tables 5 and 6.

Conclusion and Further Research
The main contribution of this paper lies in the precise analysis of the Newton—

Schroder iteration with quadratic convergence toward clusters of zeros, together
with a criterion for stopping this iteration when the cluster has been reached.
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Table 3. Symbolic algorithm with Example 1 and m = 2.
N N K lxk| |xk+1] B (f; xK) B (f: Xk 41)
4 195103 [ 0 [ 1.95-1073 5.11-107° 3.90-1073 1.00- 1074
8 1.95-1073 1 | 745-107° 1.34-1078 1.49-1078 2.68-1078
16 | 1.95-1073 | 2 | 9.28-10"% 1.07-1078 1.00- 10716 2.15-1078
32 | 1.95-1073 | 2 | 413.-107% 2.41-10~% 8.27-107% 9.99.10~3
64 | 1.95-1073 | 3 | 7.07-10°" 1.41-107% 1.00- 10~% 2.82-107%
128 | 1.95-1073 | 3 | 7.07-1077* 1.41-1071%3 | 141.1077 1.00-10~128
Table 4. Numerical algorithm with Example 1 and m = 2.
N [xo0] K [xk | [xK+1] B (f; xK) B (f5 Xk +1)
4 976-107* | 0 | 9.76-107% 1.02-1077 1.95-1073 1.00-10~4
8 9.76-107* | 1 | 9.31-10°10 1.07 - 1077 1.00- 1078 2.14-1077
16 | 976-107* | 1 | 9.31-10"10 1.07-1073 1.86-107° 1.00- 10~16
32 | 9.76-107% | 2 | 8.07-10"28 1.23-10~% 1.61-107% 9.99-10~%
64 | 9.76-107* | 3 | 5.27-10°% 1.89-10~% 1.00- 10-% 3.79- 1074
128 | 9.76-107% | 3 | 5.27-107%2 1.89-107'75 | 1.05-1078 1.00-10~128
Table 5. Symbolic algorithm with Example 1 and m = 4.
N [xol K [xk | [xk+1] B (f; xK) B (f5 XK+1)
4 488-107% | 0 | 4.88-1077 8.58 - 107 1.95.1073 9.99-107°
8 488-107* | 1 | 2771077 | 4.67-10" 1.00-1078 o0
16 | 488-107* | 1 | 2.77-107V7 4.67-1071 1.11-10716 1.87-10~14
32 | 488-107* | 1 | 2.77-107"7 | 4.67-1077° 1.11-10716 1.00 - 10~32
64 | 488-107* | 2 | 1.64-10~%3 2231078 9.99 - 10~% 8.94.1078
128 | 488-107* | 2 | 1.64-10°% 2.23-107%4 | 6.58.107%3 1.00- 10128
Table 6. Numerical algorithm with Example 1 and m = 4.
N |xo] K |xk| [xk+1] B (f5 xk) B (f; xk+1)
4 483107 | 0 | 488-107% 8.58 - 107 1.95-1073 9.99 1073
8 488-107* | 1 | 2.77-107V 4.67- 107 1.00- 1078 00
16 | 488-107* | 1 | 2.77-1077 4.67-1071 1.11-10716 1.87-10714
32 | 488-107* | 1 | 277-107V7 4.67-1077° 1.11-10716 1.00 - 10~32
64 | 488-107% | 2 | 1.64-107%3 223.1078 9.99 .10~ 8.94.1078
128 | 488-107% | 2 | 1.64.107%3 2.23-10724 | 6.58.107%3 1.00 - 10~128
Table 7. Numerical algorithm with Example 2.
N E K lxx| |xK+1] Bn(f; Xk B (f: XK 41)
4 195-103 | 0 | 1.95-1073 1.40-10°° 5.85-1073 1.75-1074
8 1.95-1073 1 1.13-10~° 4.18-107° 1.75 - 1078 1.25-1073
16 1.95-1073 1 1.13-107° 2.19-10~% 3.39-107° 1.75-10~16
32 | 1.95-1073 | 2 | 220-10728 1.10- 10740 6.62-10728 1.75 - 10~
64 1.95-1073 | 3 | 1.63-10°% 2.00- 10~ 1.75- 10~ 6.02- 10~
128 | 1.95-1073 | 3 | 1.63.107% 2.00- 107216 | 4.90.107% 1.75- 107128
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Table 8. Numerical algorithm with Example 3.

N ‘xol K |XK‘ |XK+1| ﬂm(f: XK) ,Blri(f;XK+1)
4 976-10% | 0 | 9.76-1077 6.40 - 107 3.90-1073 1.63-10~7
8 9.76 - 10~* 1 1.45-1077 2.34-10"1 5.81-1077 1.63-10°8
16 | 976-107* | 2 | 3.21-10715 2.16- 1072 1.28 - 10714 1.63 - 10710
32 1 976-107% | 3 | 1.57-107% 1.84-10738 6.29 10730 1.63 - 10732
64 | 976-107* | 4 | 3.77-107°! 1.34-1077 1.50 - 10790 1.63-10~%
128 | 9.76-107% | 5 | 2.16-107122 | 7.09-10~'% | 8.66-107122 | 1.63-10"!28

Our main motivation is the application of these methods for implicit functions
computed in our extended algorithm for multivariate analytic maps [12]. There we
consider maps whose Jacobian matrix has corank 1. Using the implicit function
theorem, we decouple the study into a regular system and an analytic univariate
function which concentrates the multiplicity. This function is then subjected to
the methods developed here. This way, our stopping criterion is extended to this
multivariate case.
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Appendix A. Majorant Series

For convenience, this appendix gathers the basic properties of majorant series,
that are commonly known but spread in the literature. Even though we deal only
with one complex variable map in this paper, all the results are stated with several
complex variable maps, without inducing more difficulties. These results are used
in [12] for several variables. We establish a list of basic properties, such as eval-
uation, composition, products, differentiation, etc. The results are systematically
stated in their most general form before being specialized into geometric majorant
series.

Majorant series techniques belong to the “point de vue de Weierstrass,” as
mentioned by Henri Cartan in [3, see Chap. 1 and pp. 218-225]. These are a crucial
tool for the effective manipulation of power series expansions, that lie at the heart
of Smale’s a-theory. From the computational viewpoint, only a finite number of
derivatives can be computed at any point, while estimates on the convergence of
Newton’s iteration require more global information. The idea is that sufficient
information can be provided by a majorant series of the Taylor expansion. For
practical applications we will make use of geometric majorant series, that can be
represented very compactly.
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All the vector spaces we consider are finite dimensional over C. Let f denote an
analytic map from an open subset U of a normed vector space [E (containing a) to
another normed vector space F. Then the kth derivative D* f (a) of f at a belongs
to the set Ly (E; F) of C-multilinear maps from k copies of Eto F. LetE,, ..., E,
denote normed vector spaces, the norm we use on the space L(Ey, ..., E;; F) of
C-multilinear maps from E; x - -- x E; to F is defined by

ILI == sup  |IL(ur, ..., u)l,

u€Ey,....u; ek

[luy ll=--=llugll=1
for any L € L(Ey, ..., E;; F). When no confusion is possible we use the same
notation ||-|| for norms over different spaces. Throughout this appendix, E, F,
G, ... denote normed vector spaces.

A.1. Partial Order over Series

We consider the following partial order < over R{z}. Let F and G be in R{z}, we

write F < G when F®(0) < G®(0) for all k > 0. Then we say that a power

series F' € R{t} is amajorant series for an analytic map f atapointa if [ f], < F.
With several variables, the quantity y is given by

Dk 1/(k=1)
Df ()™ k—,f(x)

y(f;x) :=sup
k>2

and one of its important roles stems from the following inequality:

N Y N S
[Df (@) (f f(a))]as;m,a) = o

which means that the rational function in the right-hand side represents a majorant
series for Df (a)~'(f — f(a)) at a.

Proposition A.1. The partial order over R{t} defined above satisfies the follow-
ing compatibility rules:

(1) for all nonnegative x in R, one has x > 0, when x is seen in R{t};

(2) forall F in R{t}, F > 0is equivalent to —F < 0;

) forall F,G,and H inR{t},if F < G,then F + H < G + H,;

@) forall F,G,and H inR{t},if F < G,and H > 0,then FH < GH,;

S) forall F, G, P,and Q in R{t},if0 < F < Gand 0 < P < Q, then
FP <GQ.

Proof. Part (5) follows directly from part (4), which is the only one not completely
straightforward. Denoting by F;, G;, and H; the ith coefficient of F, G, and H,
respectively, we can write the ith coefficient of FH as ), ,,_. Fi H; which can be
bounded term by term by Zk +1—i GiH) (since all the H; are nonnegative). O
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The map [-], is defined on the set of analytic maps at @ and has values in R{z}.
Leta € E and let f and g be analytic maps defined in a neighborhood of a, the
basic properties of [-], are:

(M [fls = 0;

(2) [f1, = 0isequivalentto f = 0 in a neighborhood of a;
(3) [ef], = lcl[f], forall c € C;

@ [f+gl. =[], + (8l

All of these are direct consequences of the definition.

A.2. Geometric Majorant Series

One of the aims of this appendix is to provide a toolbox for the practical use of
majorant series. For this purpose most of our general statements on majorant series
will be specialized into a tractable subclass of R{¢}. This subclass is composed of
geometric majorant series, that are series of the form At Y, _, p*t* = At /(1 — pt)
with 2 > 0 and p > 0. -

Indeed, most of the properties of the y quantity can be recovered by easy
computations on geometric series that are summarized in the following proposition:

Proposition A.2. The series [ f — f(a)], and the constant y (f; a) are related
via

[f — f@], < = y(f;a) < |Df@ "lrp

71— pt

and

t
D “I(f - < —.
DS @' (f = @)l = T

Keeping track of two quantities A and p instead of one y not only allows one
to deal with situations when y is not defined (or is infinite) but also leads to better
bounds in some cases.

A.3. Evaluation

The first useful elementary property concerns the compatibility of the partial or-
dering on majorant series with evaluation.

Proposition A.3. Let f be an analytic map defined on a connected open subset
U of E and with values in F, a and b are two points in U and F € R{t} such that
[f1, < F. Let r denote the radius of convergence of F then, for any b € U such
that ||b — a|| < r,we have || f(b)|| < F(|la — b|)).
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Proof. First observe that the radius of convergence of the power series expansion
of f at a is at least r. Bounding this series term by term leads to

Dk
< SISOy o < pin - an. o

|
k>0 k!

A.4. Linear Maps
Now we examine the behavior of majorant series under linear maps.

Proposition Ad. LetE,F,E,,... E;, Gy,..., Gy, be normed vector spaces, let
U be an open neighborhood of a in E, and let f be an analytic map from U to
LE,....,E;F).Fori=1,...,1,letg; be analytic maps from U to L(G;; E;).
Let F, Gy,..., Gy inR{t} be such that [f], < F,[g1], < G1,....[&]l, < G;. Let
h be defined by

h: U — L(Gy,...,G;F),
x = f)gix), ..., &x)).
This map is analytic on U and

[h]l, < FG:---Gy.

Proof. Letu € EX, then the kth derivative of / at u becomes
D*h(a)(u) =Y D™ f(a) pu, () (D™ g1 (@) py, (), ..., DN g (a) py, (w)),
N

where the sum is taken over all partitions N = {Ny, ..., N;} of the set {1, ..., k}
into possibly empty disjoint subsets. Here |N,| denotes the cardinality of N, for
r =0,...,/,and py, represents the canonical projection from E¥ to EV! defined
by pn, (U1, ..., ur) == (uy: m € N,). It follows that

ID*h@)|l < D ID™ f@)[ID™ g1 @) -+ | D™ g (@)
N

and

D™ f(a)

U()!

= )

vo+-- v =k

D*n
T(a)

D" gi(a)
1)1!

[P &)
1)1!

FW©0) G0  G™(0)
l)()! V1 ! V; !

vo+--+v =k

(FGy---G)®(0)
k! )
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In particular, it follows that the product of majorant series of univariate analytic
functions is a majorant series for their product.

A.5. Composition
The next formula shows that majorant series behave well under composition.

Proposition A.5. Let U be an open neighborhood of a in E, let f be an analytic
map from U to F, and let g be another analytic map from a neighborhood of f(U)
to G. Let F and G in R{t} be such that [f], < F and [glr@ = G. Then g o f is
analytic on U and

[go fla=Go(F—F(0).

Proof. The proof is based on writing an explicit expression for D*h, where
h := go f, and on bounding the norms of each summand. The explicit expression
is provided by the multivariate version of Faa di Bruno’s formula (see, for instance,
[10], which also deals with the infinite-dimensional case). Let u € EX,

k

Dh(@)w) =YY" D'e(f@) (D™ f@)py, @), ..., DM f@)py ),

i=l N
where the second sum is taken over all the partitions N = {Nj, ..., N;} of the set
{1, ..., k} and the py, are the same as in the proof of the previous proposition. It
follows that
k .
ID*R@)l < Y3 1D g(f@)IID™! f@) - 1D f(a)]
i=l N
k .
< Z Z G(l)(O)F(INlD(O) . F(\Nx\)(o)
i=l N
= (G o (F — F(0))*(0). O

Corollary A.6 (For Geometric Majorant Series). If we have [ f — f(a)], <Ast/
(1= ps1). [g — §(f @)y < Aot /(1 — pyt),and h = g o f then

At
1—pt’

and f(B(a, 1/p)) € B(f(a), 1/pg).

A

[h = h(a)], =

where X :=Afkg, P = pr+Arp,,

Proof. The majorant series for & follows from the previous proposition via simple
calculations. The ball inclusion follows from evaluating the majorant series of f
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via Proposition A.3: for any z € B(a, 1/p) we obtain

A
1£ ) = f@] < 1_"—/” =

1/p,. O
prlp ¢

A.6. Inversion
The next formula gives a majorant series for linear map inversion.

Lemma A.7. Let U be an open neighborhood of 1d in L(F; F) containing only
invertible linear maps, and let f denote the analytic map from U to L(IF; F)
mapping x to x . Then one has

1

[f]ld=:~

Proof. A straightforward induction gives

D*F@) ... u0) = (=D Y F@toy f (e - f (o f ),

forallk > 1andallu; € L(F; F), where the sum is taken over all the permutations
o of the set {1, ..., k}. We deduce || D* f(Id)|| = k!, which corresponds to the
claimed formula. O

Combined with Proposition A.5 we deduce:

Proposition A.8. Let U be an open neighborhood of a in &, and let f be analytic
Sfrom U to L(F; F) suchthat f(a) = 1d. Let F € R{t} be such that[f], < F, then
one has

U = o = F
In addition, the radius of convergence of 1/(1 + F(0) — F(t)) is at least
p:=sup(s < p: 1+ FQO)— F(r) >0, forallr € [0, s]),
where p denotes the radius of convergence of F .
Proof. For any z € B(0, p), the triangular inequality and F > 0 imply
NI+ FQO) - F@I=1-|F&) - FOI|=1-F(z)) + F(©O) >0,

which means that z — 1 + F(0) — F(z) does not vanish in B(0, p), whence the
formula for the radius p. O
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A.7. Differentiation

If G is a subspace of E, we write D f|g for the restriction of Df to G.

Proposition A.9. Let G be a subspace of E, f an analytic map defined in a
neighborhood of a € E, and let F € R{t} be such that [f], < F, then

a

[Dficla < F'.
Proof. Since [Dficla < [Df],. itis sufficient to consider the case when G = E,

IDX(Df)(a)ll = sup  [DX(Df)(@ui ... ug

lurll=-=llurl=1

= sup sup [[(DX(Df)(@)ui ...upv]| = D f(a)].

lurll=-+=lul|=1llvl=1
Observe that the choice of the norm for multilinear maps is crucial here. O
Corollary A.10 (For Geometric Majorant Series). Letm > 1 and j > 0 be two

integers. If [ f — f(a)], < A" /(1 — pt) with p > 0, then, for any integer k > 1
and any R > p,

[D* f1a ! Pk s At
<A i+k mtt
K= 2 p 1 R

i=max(0,m—k)

where

k—1 s=1 k,
A = rpf St <£> R/ and soi= | L 1.
k R R—0p

Here [7] denotes the smallest integer larger than or equal to the real number r.

Proof. Thanks to the previous proposition, it is sufficient to consider the case
f = At"/(1 — pt). Then, a straightforward computation yields

®) (k)
fk'(t) — A(Zpitm-H)

i>0

m-+i\ . .
A 2 ltl+m—k
) < k )'0
i>max(0,k—m)

K40\
= A z+k—mtz.
2 ( k )p

i>max(0,m—k)




308 M. Giusti, G. Lecerf, B. Salvy, and J.-C. Yakoubsohn

Fixing an index j, it becomes a matter of bounding the sum

k+l i+k—m i
23 ()

i>j+1

by a geometric series of type At/*1/(1 — Rt). There is some amount of freedom
since we can choose both the initial value (the final A) and the ratio (the final
R). By taking logarithms, we see that our problem is equivalent to ensuring the
following inequality:

k+i . R A .
IOg k fllog ; +10g W , lz]+1

In view of the asymptotic behavior for large i, it is necessary that R > p.
Then we consider the function of i defined by its graph as the union of the

k+i k+i+1
segments [(i,log( :l)), i+ l,log< +Il<+ ))] for i > 0. This is a con-

cave piecewise linear function, the segment between abscissas i and i + 1 has
slope log(1 4+ k/(i 4+ 1)). Because the graph of the function in the right-hand side
of the previous inequality is a straight line with positive slope, then, for a given R,
the smallest possible value for A is obtained by making this line tangent to the
concave piecewise linear function ati = s — 1 with s as given in the statement of
the corollary and this leads to the announced value for A.

A.8. Translation
The next formula shows that majorant series also behave well under translation.

Proposition A.11. Let U be an open connected neighborhood of a in E, let f
be an analytic map from U to I, and let F € R{t} be such that [ f], < F. Then,
for any b € U such that ||b — al| is less than the radius of convergence of F, we
have [ f1, < F(lla — bl +1).

Proof. Forany k > 0, successively applying Propositions A.3 and A.9, we obtain
| D* £ (B)||/k! < F®(|la — b||)/k! and therefore

FO(la —b
1= Y0 P = Bl — i+, O
k>0 :

Corollary A.12 (For Geometric Majorant Series). Let U be an open connected
neighborhood of a in E, let f be an analytic map from U to F, and let A, > 0 and
pa = 0 be such that
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Then, for all b € B(a, 1/p,) N U, we have

Apt

Lf = fB)], < 1_7/%,
with A, :=Ae/(1 — palla — bl and p, == pa/(1 — palla — bl}).

Proof. 'We apply the previous proposition and check that A,z/(1 — p,t) yields
Aalla = b|/(1 = palla — b|) + Apt/(1 — ppt) when evaluated at |la — b|| +¢. O
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